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ABSTRACT 

LEAH. C BOURQUE. Home Care Aides: How Client Loss Translates to Burnout, Turnover 
Intentions, and Financial Insecurity Over Time 

(Under the direction of DR. JILL YAVORSKY) 
 

Home care aides provide critical support to a rapidly growing older adult population, yet 

their occupation is marked by generally low wages, unstable hours, a lack of benefits, and high 

turnover rates. Client loss, whether due to death, hospitalization, or transfer to another facility, is 

common and introduces inherent precarity in the job. Drawing on Conservation of Resources 

(COR) theory, this study examined whether client loss predicts changes in home care aides’ 

financial insecurity, burnout, job satisfaction, and turnover intentions over time. 

Using Prolific survey data across three time points from home care aides in the United 

States, conditional latent growth curve models were estimated for each outcome. Models 

indicated substantial between-person differences in baseline levels, with little average change 

over time, except for a modest decline in job satisfaction, and between-person differences in 

change trajectories for intentions to leave. Contrary to hypotheses, neither time-specific nor 

cumulative client loss predicted within-person change in the study outcomes. Additional 

indicators of loss (i.e., number of clients lost, hours lost, and income loss) were also not 

associated with outcomes. 

Baseline organizational and supervisor support, however, demonstrated consistent 

positive main effects. Across all time points, organizational support was associated with lower 

turnover intentions and higher job satisfaction, while supervisor support was positively 

associated with job satisfaction. Older workers reported higher job satisfaction and lower 

intentions to leave than younger workers, and higher hourly pay and income were associated 

with lower financial insecurity. 
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Findings suggest that instances of client loss are not a primary driver of worker well-

being in home care. Instead, workers appear to operate within chronically resource-constrained 

environments, where specific loss events (i.e., client loss) may have limited incremental impact, 

perhaps if workers are conditioned to such loss. Structural conditions, including wages and 

income, appear to play a more central role in shaping well-being. These results complicate COR 

theory by highlighting how resource loss processes unfold differently in precarious occupational 

contexts and underscore the importance of structural reforms to strengthen economic, supervisor, 

and organizational supports for workers. 
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CHAPTER 1: INTRODUCTION 

The healthcare industry is one of the most polarized industries in terms of income 

(Appelbaum and Leana 2011; Kalleberg 2011; Levanon 2009; Osterman 2019). While doctors, 

surgeons, and other higher-status healthcare positions are in the upper-income quintiles, lower-

status healthcare positions, like home care aides, are often in the lowest quintiles (Appelbaum 

and Leana 2011; Kalleberg 2011; Levanon 2009; Osterman 2019). In fact, home care aides are 

the lowest-paid healthcare workers in the United States (Franzosa et al., 2018). In addition to 

low pay, home care aides face high schedule instability in their jobs, as they have little autonomy 

over their schedules. Primarily working in nursing homes or older adult clients’ homes, these 

workers face instability in who they are caring for, which can affect their work shifts. For 

example, clients may die (Findlay and Robertson, 2024; Tsui et al., 2022) or be transferred to 

hospice or another medical unit like a hospital (Tate et al., 2020). Home care aides’ dependency 

on clients can result in workers not having ample shifts to work and, thus, limited income 

(Sterling et al., 2018). Furthermore, even though both high-paying and low-paying healthcare 

positions offer essential care to vulnerable populations (i.e., older adults), the latter garners 

substantially less respect due to its lower perceived status (Appelbaum and Leana 2011; 

Kalleberg 2011; Levanon 2009; Osterman 2019). 

Unsurprisingly, home care aides have low retention rates (and high turnover rates) (Hsu 

and Yang 2022; Stone et al., 2017), poor well-being (Hernandez et al., 2024), and negative job 

attitudes (e.g., low job satisfaction) (Appelbaum and Leana 2011; Levanon 2009; Osterman 

2019; Brady, 2016; Findlay, 2024). Because of a lack of compensatory job benefits (e.g., high 

pay, fringe benefits; Silver and Boiana, 2019), home care aides have high intentions to quit, and 

thus, high turnover rates. Indeed, home health workers have some of the highest turnover rates in 
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the healthcare industry (Hsu and Yang, 2018). There is evidence of high levels of burnout among 

home care aides (e.g., Findlay et al., 2024; Tsui et al, 2022). Home care aides experience high 

levels of emotional exhaustion when caring for clients with a plethora of physical and emotional 

needs (D’Astous et al., 2019; Franzosa et al., 2018; Osterman, 2019). Additionally, lacking the 

proper resources to offset such effects, such as money, schedule stability, and interpersonal 

support, can lead to further emotional exhaustion (Franzosa et al, 2019). Finally, when a worker 

has a close relationship with a client, this can also take an emotional toll on workers (Dijxhoorn 

et al., 2023; England, 2005).   

Since home care aides have low pay and unpredictable hours, there are implications for 

financial insecurity (Despard et al., 2023; Schweid, 2021). Financial insecurity is seldom 

explored as an outcome of interest for home care aides, despite their low wages (Silver and 

Boiano, 2019). On top of this, there is little connection in the literature linking financial 

insecurity to client loss. Although the loss of a client due to client death and transference is 

inevitable, it often causes clients to lose significant portions of hours and, thus, a reliable stream 

of income (Schweid, 2021).  

Although there is some research on home care aides and burnout, turnover intentions, job 

satisfaction, and financial insecurity (e.g., Dill et al., 2016; Morgan et al, 2015; Boakye and 

Morgan, 2025), even less research directly examines the effects of involuntary client loss. 

Involuntary client loss includes the death of a client, transference of the client to another facility, 

or a worker being fired by a client. Further, the available research on home care aides and client 

loss is usually around the client’s death (e.g., Dijxhoorn et al., 2023; Gershater et al., 2024). 

Although important to study, and extremely common in the job, only examining client loss due 

to death does not capture other common situations that lead to losing a client and associated 
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shifts. For instance, workers often lose clients when they are transferred to hospice, the hospital, 

or another facility, or because the client fires them (Sterling et al., 2018). Since most studies are 

around client death, most of the research on worker outcomes, such as burnout and turnover 

intentions, is specific to grief and coping with death (e.g., Gleason et al., 2016; Boerner et al., 

2016; Tsui et al., 2020; Sterling et al, 2018; Tsui et al, 2022). Although important, the link is less 

clear between more general client loss and the aforementioned attitudes and well-being 

indicators. It should also be noted that primarily focusing on grieving processes leaves little 

room to explore the financial implications of client loss.  

Furthermore, this study is among the first to capture broader quantitative trends on how 

home care aides experience the repercussions of client loss over time. The greater majority of 

studies on home care aides (and other lower-level healthcare jobs who take care of older adults, 

such as nursing assistants) and client loss are analyzed with qualitative data, typically using 

interviews (e.g., Gershater et al., 2024; Tsui et al., 2021; Tsui et al., 2022). Although qualitative 

data is unarguably important for capturing detailed participant information, it does not capture 

broader quantitative trends from larger, more generalizable sample sizes (Brannen, 1992). It also 

does not allow for more in-depth analyses such as moderated regression or structural equation 

modeling (Brannen, 1992). Further, by using a longitudinal design, this study examines the 

cumulative effects of client loss on varying job attitudes, burnout, and financial insecurity, all of 

which can vary or change over time.  

From a theoretical lens, the current study calls on the Conservation of Resources (COR) 

theory, which asserts that individuals have certain needs that are fulfilled by resources, and in the 

absence of such resources, can experience burnout and negative well-being (Hobfall, 1989; 

Hobfall et al., 2018). This theory has wide applicability to workplace contexts; however, it has 
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lesser application to lower-level healthcare jobs compared to higher-quality healthcare jobs. 

According to Holmgreen and colleagues, COR theory is very useful for the application of 

healthcare jobs, particularly occupational burnout (2017). Accordingly, this study is also among 

the first to apply COR theory to occupations such as home care aides (and many other lower-

level healthcare positions), particularly in a job in which resource loss (client) and instability 

(scheduling) are inherent (Nisbet and Morgan, 2019; Schweid, 2021).  

Conservation of Resources Theory asserts that resource loss is more impactful than 

resource gain and can have a cumulative effect over time (Hobfall et al., 2018). Applied to home 

care aides, losing a client (resource loss) might have more detrimental costs than the gains 

associated with new clients, especially if that loss is repeated. Indeed, Conservation of Resources 

theory scholars stress the importance of using longitudinal data, especially if outcome variables 

can vary and accumulate over time (Hobfall et al., 2018).  

Finally, COR theory asserts that resource loss/gain does not exist in a vacuum (Hobfall, 

2002; Hobfall et al., 2016; Hobfall et al., 2018). Rather, some resources are highly 

interconnected, referred to as resource or risk factor caravans (Hobfall, 2002; Hobfall et al., 

2016; Hobfall et al., 2018). Generally speaking, this means that upon the loss or gain of one 

resource (i.e., client loss), it is more likely that other, highly interrelated resources are to be lost 

or gained (i.e., shifts, income). Further, certain environments are more or less conducive to 

resource loss (or gain) (Hobfall et al., 2018), called resource caravan passageways (Hobfall, 

2002; Hobfall et al., 2016; Hobfall et al., 2018). Specific to this study, healthcare institutions, 

including nursing homes and assisted living facilities, often vary in terms of organizational and 

supervisor support (Hobfall et al., 2018). For example, some home care aides lack support and 

available resources from supervisors or the broader organization when they are grieving a client. 
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Some lack of support also exists at the broader level, such as a lack of government monetary 

assistance (i.e., recent decreases in funding for Medicare and Medicaid) (American Healthcare 

Association, 2025; Osterman, 2019). Nevertheless, elder care institutions, based on varying 

degrees of organizational support, may help or hinder home care aides’ resource attainment. 

Thus, I tested for a moderated effect on this relationship by asking workers about their perceived 

organizational support (POS) after losing a client (Gleason and Miller, 2021; Palesey, 2016). I 

asked about perceived supervisor support (PSS) as there is evidence that supervisor support can 

help buffer some negative outcomes associated with client loss and other negative outcomes in 

home care (Gleason et al., 2016; Gleason and Miller, 2021).  

In conclusion, to my knowledge, no study has examined the effects of repeated client loss 

and its effect on the previously mentioned variables over time. Thus, I surveyed home care aides 

who work in nursing homes and provide in-home care over three time points. I use Prolific to 

gain a sample of between 300 to 400 workers. After data collection, I used latent growth curve 

modeling (LGCM) to analyze the cumulative effects of client loss on home health aides over 

time. In this dissertation, I contribute to the literature on home health aides by 1) highlighting the 

effects of client loss beyond death on various outcomes such as burnout, job satisfaction, 

turnover, and financial insecurity, 2) uncovering the cumulative effects of client loss over time, 3) 

contributing to COR theory through my analysis of an occupation where resource (i.e., client) 

loss is arguably inherent and potentially acts as a risk factor caravan, and 4) examining how 

contextual factors help or hinder outcomes based on client loss.  
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CHAPTER 2: LITERATURE REVIEW 

2.1. Who are Home Care Aids, and What Do They Do? 

Home care aides are considered a broader term for two main types of direct care workers: 

personal care aides and home health aides (HHAs) (Osterman, 2018). Both personal care aides 

and home health aides do very similar work, typically providing in home care (and sometimes in 

nursing and assisted living facilities)  provide assistance or full services to older adult clients in 

daily living activities (e.g., cooking, cleaning), provide physical care (e.g., helping a client get 

dressed, assistance when using the restroom), and provide companionship for a client (e.g., 

emotional support) (Hunter, 2000; Kelly et al., 2013). Home health aides typically have a bit 

more required training (75 hours) and, in addition to emotional and physical care, are allowed to 

carry out minor medical-related tasks (e.g., administering medication) (Kelly et al., 2013; Bureau 

of Labor Statistics, 2025; Osterman, 2018). Personal care aides vary in training requirements by 

state, with some requiring around 40 hours of training (Kelly et al., 2013; Bureau of Labor 

Statistics, 2025). Some other related research includes nursing assistants, e.g., CNAs in home 

care work; however, for clarity in this study, and implications of credentials in CNAs, we focus 

on personal care aides and home health aides. 

Home care aides also carry out very similar responsibilities to nursing assistants in 

nursing homes (Franzosa et al., 2018); however, they are more restricted in terms of medical 

assistance for clients (Appelbaum & Leana, 2011; Hunter, 2000; Osterman, 2019). Many of 

these daily tasks are highly undesirable. Home care aides often take on physically and mentally 

laborious work outside the job description of doctors and/or nurses (Schweid, 2021). For 

example, some hygiene-related tasks are considered undesirable, such as helping clients use the 
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restroom, showering, or cleaning a client after an unintentional defecation or urination (Musu et 

al., 2019).  

Lower-level healthcare positions like home care aides are some of the fastest-growing 

jobs in the world and are projected to be the most in-demand occupations by 2050 (Appelbaum 

& Leana, 2011; Osterman, 2019). These positions will continue to be in high demand as the 

Baby Boom generation ages, marked by high birth rates after World War II (Hunter, 2000; 

Osterman, 2019). Additionally, with medical advancements and better living conditions, people 

are living longer than in years past (AARP Public Policy Institute, 2025). According to the 

American Association of Retired Persons (AARP) Public Policy Institute, the current caregiver 

ratio is 4 to 1, which is the number of working-age adults per older adult. This 4 to 1 ratio is a 

stark difference from the 1990s to 2010s, with about 7 to 1 (2025). The caregiver ratio is also 

“projected to decrease from 4.1 to 2.9 between 2030 and 2050, when all Baby Boomers will 

enter the high-risk years of late old age” (p.3) and is predicted to decrease even more into 2050 

(AARP Public Policy Institute, 2024). This means that there will be fewer available caregivers 

for the growing, aging population (AARP Public Policy Institute, 2024). Older adult clients often 

need a wider base of help, coming from both family members and medical staff, due to their 

deteriorating physical and mental states (AARP Public Policy Institute, 2025). 

However, despite the undeniable need for more home care aides, their jobs are of low 

quality, resulting in low job satisfaction, high levels of burnout, financial insecurity, and high 

turnover intentions (Appelbaum & Leana, 2011; Osterman, 2019). The forthcoming sections 

explain factors that contribute to home care aides’ low job quality (e.g., low pay, schedule 

instability), why home care aides garner low respect and arguably low job quality from 

theoretical and empirical lenses, common outcomes of home care aides and related occupations 
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(e.g., nursing assistants) and how the current study leverages COR theory as a lens through 

which resource (client) loss and its psychological effects can be examined over time. 

2.2. Context of Home Care Aide Work 

Home care aides typically work for home care agencies, as well as nursing 

homes/assisted living facilities, as full-time or part-time employees. They can also work for 

some facilities as a temporary worker under a temporary work agency, or independently, where 

the client pays them directly. Under these agencies, home care aides typically attend to clients’ 

homes; however, in some cases, they can also attend to clients in nursing homes or assisted 

living facilities. However, unless the home care aide is working as an independent contractor, the 

home care aide gets paid by the client indirectly (Schweid, 2021). More specifically, the client 

pays the home care agency/nursing home, which takes a certain cut before paying the home care 

aide. Clients can pay the institution out of pocket, but more commonly come from funds like 

Medicaid (Prusynksi et al., 2024). 

CNAs (certified nursing assistants), in-home nurses, and other frontline healthcare 

positions also offer some of this care. However, home care aides are typically tied to specific 

clients. This is different from nursing assistants or registered nurses who more often work in 

hospitals or nursing homes by shift rather than by client (e.g., Snyder et al., 2023; Zeng et al., 

2022). The dependency on consistent clients introduces issues of precarity that many healthcare 

jobs (or jobs in general) do not have. As explored more in the next section, this hyper-

dependency has implications for various issues for home care aides, such as unstable schedules 

and inconsistent streams of income. 
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2.3 Issues Contributing to the Low Job Quality OF Home Care Aides 

2.3.1 Income/Financial Issues for Home Care Aides. Despite the importance of lower-

level healthcare jobs, home care aides are the lowest-paid healthcare workers (Silver and Boiano, 

2019). Home care aides have a national average of $16 an hour and can make as little as $9 an 

hour (U.S. Bureau of Labor Statistics, 2024). The median salary for a home care aide is just 

$33,530 a year (U.S. Bureau of Labor Statistics, 2024). CNAs, who often overlap in their job 

responsibilities with home care aides, do not fare much better, making a national average of $19 

an hour and can make as little as $16 an hour (U.S. Bureau of Labor Statistics, 2024). Some 

home care aides are on government financial support, or even facing homelessness (Schweid, 

2021). By comparison, doctors have a median salary of $230,000, surgeons at $239,000 a year, 

dentists at $170,000 a year, and pharmacists at $139,00 a year (U.S. Bureau of Labor Statistics, 

2024). Even some highly specialized jobs, such as anesthesiologists, have a median salary of 

$400,000, almost 12 times the amount of the average home care aide (U.S. Bureau of Labor 

Statistics, 2024). 

Currently, the national minimum wage is still $7.25 an hour (U.S. Department of Labor, 

2025). Although some states, such as Washington D.C., have minimum wages as high as $17.50 

an hour (U.S. Department of Labor, 2025), many states exploit this low national standard. One 

solution is establishing an industry-specific minimum wage for home care aids. Industry-specific 

minimum wages can offer greater protections to systematically underpaid occupations (U.S. 

Department of Labor, 2025). However, this has not yet occurred for home care aides or other 

lower-level healthcare positions (U.S. Department of Labor, 2025).  

Additionally, home care aides seldom get fringe benefits, including health insurance, 

despite fringe benefits being an important indicator of job satisfaction for home health aides 
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(Yoon and Khan, 2020). This means that health insurance and medical expenses are paid out of 

the worker’s pocket, taking money from an already low income. There is evidence that the few 

home care aides who do get health insurance have a lower intent to leave their jobs (Yoon and 

Khan, 2020). Conversely, most the higher-paid healthcare occupations listed above have fringe 

benefits and even investment opportunities (Clemens et al., 2018; Kalleberg, 2011). Lacking 

healthcare can also have negative effects on one’s health, such that if health issues go 

unattended, they can get increasingly worse, creating more health issues (Castaneda and Meryem 

Saygili, 2016; Woolhandler and Himmelstein, 2018). This can hinder one’s ability to work and 

effectively recover, which is reflected in low-income, uninsured individuals having higher 

mortality rates than those with insurance. According to Woolhandler and Himmelstein, the 

uninsured have higher mortality rates, with the odds of dying among the insured relative to the 

uninsured being 0.71 to 0.97 (2017). 

2.3.2 Scheduling Instability for Home Care Aides. Home care aides are also plagued 

by high rates of scheduling instability (Appelbaum & Leana, 2011; Franzosa et al., 2018; Hunter, 

2000; Nisbet & Morgan, 2019; Osterman, 2019). As prefaced earlier, home care aides are paid 

hourly. This presents yet another stark contrast in job quality from other high-paying medical 

positions like dentists and dermatologists, which are not only salaried but have greater schedule 

flexibility.  

Typically, home care aides are employed by a nursing home or a temporary hiring 

agency.  Workers are tied to specific clients for shifts and thus have a high dependency on them 

for income (Schweid, 2021; Tsui et al, 2020). Workers can switch clients they regularly attend to 

and accumulate client bases (Schweid, 2021). Sometimes, workers can also “pick up” shifts for 

clients if a co-worker cannot work a shift (Schweid, 2021). If a worker works for a temporary 



 11 

employment agency, they may work for various nursing homes. Some workers may also attend 

to clients off-site, who hire a nursing home or temporary agency’s services to come to their 

homes (Schweid, 2021). 

Older adult clients have specific needs that require workers to be available at odd hours 

(e.g., in the early morning or late at night) and over varying lengths of time (e.g., shifts as short 

as one to two hours, or 12+ hour shifts) (Appelbaum & Leana, 2011; Franzosa et al., 2018; 

Lathren et al., 2020; Osterman, 2019). Older adult clients’ needs often change based on physical, 

mental, and emotional needs (Appelbaum & Leana, 2011; Osterman, 2019). Clients may also 

cancel shifts if family, friends, or alternative care is available, it is a holiday, or if a worker is 

working overtime since they are required to pay home care aides overtime pay (usually time and 

a half). Ultimately, the discretion of the schedule is up to the client and/or supervisor, or 

scheduling manager.  

Due to the older age of clients, home care aides often lose clients and can have a difficult 

time keeping a consistent client pool (Schweid, 2021). Home care aides lose clients due to 

transference to hospice, the hospital, rehabilitation centers, or death (Franzosa et al., 2018; 

Osterman, 2019; Tate et al., 2020). According to the Health and Human Services, which did a 

projected long-term care analysis of nursing home residents for 2021-2025, about 1/5 of adults 

will need long-term care for more than 5 years, with 70% of people aged 65 and older needing 

some form of long-term care during their lifetime (2024). Furthermore, the average duration of 

care for women is predicted to be 3.6 years, with men being only 2.5 years (Health and Human 

Services, 2024). However, some patients only reside at nursing homes for a few weeks or 

months. With the loss of a client, not only do home care aides face emotional distress (Lathren et 
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al., 2020), but it may take time to find a new client to cover lost hours and shifts, and thus loss of 

consistent and often livable pay.  

Sometimes, an individual client will drop a home care aide from services completely, 

essentially firing them (Sterling et al., 2018). This can be attributed to multiple reasons but is 

typically due to some interpersonal disagreement between the worker and client (Schweid, 

2021), such as going against the client's wishes (Sterling et al., 2018). Clients may also choose to 

get permanent care from another institution or may not be able to afford continued care 

(Schweid, 2021). Either way, the involuntary loss of a client erodes a worker’s income, at least 

temporarily (Schweid, 2021; Tsui et al., 2020). Due to the positions’ low income, time is of the 

essence to find new clients and shifts.  

2.3.3 Lack of Mobility. To make matters worse, home care aides are rarely mobile into 

higher-paying positions (Appelbaum and Leana, 2011; Kalleberg, 2011; Levanon, 2009; 

Osterman, 2019). First, these workers often do not have the time or money to get a certification 

or degree (Dill and Hodges, 2019). Some organizations offer training and education for home 

care aides (Osterman, 2019). However, even when lower-level healthcare workers get certified 

or get a more advanced degree, their pay is rarely significantly higher than before (Dill and 

Hodges, 2019). The main route that a lower-level healthcare worker can take for upward 

mobility is by moving into a credentialed healthcare job, such as nursing (Dill and Hodges, 

2019). Unfortunately, getting a degree in nursing takes time, for example, becoming a certified 

nursing assistant takes 4 to 12 weeks, a licensed practical nursing (LPN) degree takes 12 to 18 

months, a registered nursing (RN) degree takes 2 to 4 years, and a bachelor’s in nursing (BSN) 

usually takes 4 years (American Nursing Association, 2024). These degrees can also be very 

costly, for instance, according to the American Nursing Association, the average in-state yearly 
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tuition for a bachelor’s in nursing student attending a public university is around $9,600, with 

out-of-state residents often paying over $100,000 in total for their degree (2024).  

Another issue that contributes to a lack of mobility is the physical separation of lower-

level healthcare workers from nurses and doctors while working (Appelbaum and Leana, 2011; 

Hunter, 2000; Kalleberg, 2011; Levanon, 2009; Osterman, 2019). This prevents home care aides 

from learning more advanced, technical skills and/or terminology that could be helpful for 

future, higher-status jobs (Appelbaum and Leana, 2011; Hunter, 2000; Kalleberg, 2011; 

Levanon, 2009; Osterman, 2019). In fact, research shows that lower-level healthcare workers are 

often taught entirely different terminology from nurses and doctors, which can lead to 

communication breakdowns and a lack of practical, technical learning (Appelbaum and Leana, 

2011; Hunter, 2000; Kalleberg, 2011; Levanon, 2009; Osterman, 2019). Learning new skills 

from different but related jobs is defined as “cross-training” (Hedges et al., 2019). Cross-training 

can be helpful for employees who want to learn relevant skills for different jobs. Without the 

opportunity to learn more advanced technical skills, these workers miss out on useful skills that 

can transfer to higher-paying jobs (Dill and Hodges, 2019). Some organizations have work teams 

in which healthcare workers from varying levels work together, which allows lower-level 

healthcare workers to be cross-trained and gain familiarity with higher-level skills (Dill and 

Hodges, 2019). However, this is not the norm at most nursing homes and assisted living facilities 

(Osterman, 2019).  

2.4 Why Does Society Undervalue Home Care Aides? 

2.4.1 Care Work Perspectives. Home care aides are underpaid, undervalued, and are 

overall low-quality occupations, in part, because these jobs require care. Care work consists of 

work that directly interacts with individuals to meet their needs or promote their well-being in 
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some capacity (Appelbaum and Leana, 2011; Kalleberg, 2011; Osterman, 2019). Care work can 

range from jobs on the lower end of the socioeconomic spectrum, such as home care aides and 

certified nursing assistants (CNAs), to the high end of the socioeconomic spectrum, such as 

doctors, nurses, and even occupational therapists (Appelbaum and Leana, 2011; Kalleberg, 2011; 

Levanon, 2009; Osterman, 2019).  

In general, care work is undervalued in our society, but particularly in feminized, lower-

level care work occupations. There are multiple potential social, organizational, and 

interpersonal reasons for this. England (2005), as well as Levanon (2009), assert that care work 

is undervalued because of its association with women, the culturally “lower status” gender. 

Relatedly, care work consists of skills that are supposedly “inherent” to women, who heavily 

occupy lower-level healthcare positions. Specifically, being caring, patient, and having good 

interpersonal skills are expected of women and thought to be naturally occurring traits within 

women and thus perceived as less deserving of rewards that typically stem from accumulated 

human capital based on developed skills and/or training (England, 2005; Levanon, 2009). These 

beliefs are due to the stereotyping of women over time, as well as inequality regimes reinforcing 

these expectations by clustering women in low-status care jobs (Acker 2006). Additionally, 

gendered organizations explain that we tend to value more typically “masculine” traits in 

conjunction with the “ideal worker norm”, like assertiveness, analytical skills, and leadership 

(Acker, 2004). Since high interpersonal and care skills are 1) expected of women on a daily basis 

and 2) are not in conjunction with what we expect in an ideal worker, these skills are 

undervalued and underappreciated. This can be seen in the vastly low pay, dearth of benefits, and 

low mobility that characterize these jobs (Appelbaum and Leana, 2011; Hunter, 2000; Kalleberg, 

2011; Levanon, 2009; Osterman, 2019).  
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 Additionally, as briefly mentioned before, care work is seen as a public good (England, 

2005). A public good is a resource that is intended to benefit society in some way. Unfortunately, 

a public good is hard to objectively measure. For example, a nursing assistant may help nurse an 

older adult client back to health, but this may take years at a time. Due to our society placing 

more importance on efficiency, and typically measuring efficiency with tangible goods (e.g., 

technological advances, products), it is hard to gauge what the actual contribution of the care 

worker is, at least based on normative models of productivity and job rewards (England, 2005). 

Acker explains this as the dichotomy of “reproductive labor” versus what is considered 

“productive labor” (2006). Thus, since society cannot easily measure care workers’ productivity, 

the work is compensated less.  

 England also asserts that care workers are often “prisoners of love” (2005). This is 

especially common among women workers, who often enter a care work occupation with 

altruistic desires (England, 2005). In fact, care workers often develop real friendships and 

emotional bonds with their clients, contributing to their emotional burnout (Dijxhoorn et al., 

2023; England, 2005). The “love” they feel for their clients makes it difficult for them to 

withhold their skills or affection, because they would not want harm done to their clients.  

Accordingly, it makes their bargaining power weak for bartering for higher wages if they are not 

willing to withhold care for workers.  

 Furthermore, our society commodifies care work (England, 2005). More specifically, we 

take advantage of and exploit populations that disproportionally occupy lower-level care work 

positions (Dill et al., 2022; England, 2005). Women of color, particularly Black and Hispanic 

women, dominate lower-level care positions (Dill et al., 2022; Hodges, 2020). Many immigrant 

populations occupy care-oriented jobs since they do not necessarily have to speak English. 



 16 

Hispanic women often leave their home country to financially provide for their families (Hodges, 

2020). Since employers know that immigrants often get paid substantially less in their home 

countries, they can employ low-road tactics by paying them very little (Hodges, 2020). This 

issue is exacerbated more when immigrants are illegal. Additionally, due to the general stability 

and low barriers to entry to care work, care workers often accept this poor treatment and are 

undervalued (Hodges, 2020). Men of color face this issue as well, more so in non-nurturant care. 

Men of color dominate non-nurturant care positions, such as janitorial or sanitary staff. Like their 

women counterparts, immigrant men often take low wages and a lack of benefits in return for a 

sense of stability (Hodges, 2020). They also tend to be less mobile compared to their white 

counterparts outside of these job-level positions, due to differences in accessibility to education 

and resources for Black individuals (Hodges, 2020). Black individuals, and people of color in 

general, tend to choose stability over mobility in jobs due to these barriers of entry, but also from 

fear of not having employment at all (Dill and Hodges 2019; Hodges 2020).  

2.4.2 Credentialism in Healthcare (and Beyond). Credentialism also contributes to 

differences in job quality among healthcare jobs. Credentialism theory suggests that jobs that 

require more credentials, such as a college degree or certification, pay more than those that 

require fewer credentials (Dill et al., 2022; Henly et al., 2021; Kalleberg, 2021). Home care aides 

do not have a formal certification; however, they can sometimes be required to get smaller pieces 

of training on issues like Alzheimer’s awareness (American Nursing Association, 2024). A 

common vertical jump for home care aides is to pursue their certified nursing assistant 

certification. CNAs obtain certification after completing courses for 4-12 weeks, with some 

taking up to 6 months (According to the American Red Cross, 2024). Courses include multiple 

exams and clinical practice hours and are offered at community and/or technical colleges 
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(American Red Cross, 2024). Some nursing homes or assisted living facilities themselves offer 

certified nursing assistant programs; however, this is not always available. Additionally, CNAs 

must often renew their certification, depending on state requirements. For example, according to 

the North Carolina (NC) Health Care Personnel Registry, CNAs must renew their certification in 

the state of North Carolina every two years (2021). That being said, even with the certification 

that a CNA holds, it is still not as highly regarded as a college degree (Dill and Hodges, 2019). 

So, even if a home care aide decides to become a certified nursing assistant, the jump in income 

or status is not drastic. 

Essentially, the higher quality and quantity of credentials typically translate to better jobs 

(Dill and Hodges, 2019). The undervaluation of jobs without high credentials translates to lower 

pay, fewer benefits, and lower job quality in general (Henly et al., 2021; Kalleberg, 2021). 

Again, this creates a large pay gap within the healthcare industry, with highly credentialed 

positions like doctors and surgeons making six-figure salaries (Dwyer, 2013) and lower-level 

healthcare positions, such as home care aides, averaging around $35,000 a year (Bureau of Labor 

Statistics, 2023).  

2.4.3. Neo-liberalization of the U.S. economy. Finally, from a broader theoretical 

perspective, work in the United States is arguably more “flexible” and unstable due to our shift 

to a neoliberal economy (Kalleberg 2000, 2011, 2021). Neo-liberalization of an economy means 

that a market has more managerial and organizational flexibility around organizational policies, 

as well as broader deregulation of capital markets and trade barriers (Kalleberg, 2011). This 

generally promotes more of a free market economy with reduced government involvement and 

fewer organizational regulations, often saving businesses time and money; however, it poses a 

risk for workers in terms of safety and fair work practices. (Kalleberg, 2011). On an 
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organizational level, this can be reflected positively in that many organizational leaders and some 

workers are afforded flextime (i.e., choose what time you work) and flex space (i.e., choose 

where you work). This is more advantageous for white-collar workers who are afforded this 

flexibility (Kalleberg 2011; Rosenfeld 2021).   

Unfortunately, jobs at the lower end of the socioeconomic spectrum, like retail, service 

work, and lower-level healthcare workers, tend to have more unstable schedules than ever before 

due to increased managerial discretion (Henly 2021; Lambert 2020). This includes limited 

advanced and last-minute scheduling, as well as other unfair practices like day volatility or 

“clopening,” in which service workers work a night and morning shift back-to-back (Henly 

2021; Lambert 2020). Finally, due to mass deregulation, there is less support for employee 

protections, like fair scheduling legislation and occupational standards (Kalleberg, 2011). 

Overall, the neo-liberalization of the market advantages privileged positions, leaving lower-level 

positions, like home care aides, subject to the consequences of more managerial and 

organizational flexibility.  

2.5 Negative Outcomes for Home Care Aides 

Unsurprisingly, due to the low pay, high schedule instability, and overall low respect for 

home care aides, these workers are vulnerable to a wide array of negative outcomes. Most 

notably, there is evidence that home care aides have low job satisfaction (Chamberlain et al., 

2016; Findlay, 2024; Squires et. al, 2015), high instances of burnout (Baek et al., 2025; Boerner 

et al. 2017; D’Astous et al., 2019; Osterman, 2019; Rachel and Francesco, 2018; Woodhead et 

al., 2016), high financial insecurity (Desperad et al., 2023; Schweid, 2021) and high turnover 

intentions (Hsu and Yang, 2022; Jang et al., 2017; Dill et al., 2013; Gandhi et al., 2021; Lee, 

2021, Miller et al., 2023). The following sections review the available literature around home 
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care aides and psychological outcomes and address the missing link between client loss and the 

mentioned outcomes over time.  

2.5.1 Job Satisfaction. Job satisfaction is generally defined as a subjective evaluation of 

the goodness or quality of one’s job (Bowling et al., 2018). Job satisfaction can be assessed from 

a global or facet satisfaction perspective. Global job satisfaction is defined as a more general 

assessment of job satisfaction (Bowling et al., 2018). In other words, if being asked on a survey, 

a scale might ask, “Overall, how satisfied are you with your job?”. Some examples of global 

satisfaction questionnaires include the Michigan Organizational Assessment Questionnaire 

(MOAQ) (Cammann 1979, 1983). Alternatively, facet satisfaction surveys will gauge certain 

aspects or “facets” of one’s work, beyond an overall assessment (Bowling et al., 2018). For 

example, facet satisfaction scales may include but are not limited to areas of pay, opportunities 

for advancement or development, interpersonal relationships (with boss, coworkers, etc.), 

stability, autonomy, control, skill utilization, and more (Bowling et al., 2018).  

Job satisfaction is important to study as it has real implications for employee well-being, 

retention, organizational commitment, and other work attitudes (Bowling et al., 2018). From the 

facet job satisfaction perspective, there is evidence that workers in lower-paid jobs have 

components of job satisfaction that are more important to them, compared to workers in higher-

paid positions. Although all workers value income and stability to an extent, Hu and colleagues 

(2010) discuss how workers in lower-level jobs value financial stability more than anything. This 

is likely because when lower-level needs like pay are not satisfied, workers have less bandwidth 

to pay attention to other factors like autonomy or opportunities for advancement (Bowling et al., 

2018). 
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Unfortunately, the available literature on home care aides and job satisfaction is lacking, 

particularly pertaining to client loss. However, the available research shows that home care aides 

have generally low job satisfaction (Morgan et al., 2010). Pay (or lack thereof) is an indicator of 

job satisfaction among nursing assistants in nursing homes (Brady, 2016). This is logical as their 

pay is already quite low. Furthermore, Wilhelm and colleagues found that benefits like health 

insurance improve home health aide job satisfaction (2015). However, as discussed earlier, it is 

rare for home care aides to receive health insurance through their employer (Yoon and Khan, 

2020). Further, there is evidence that organizational and supervisor support helps improve job 

satisfaction for home health aides (Yoon et al., 2016; Gleason and Miller, 2021). Finally, a study 

interviewing 13 home health aides in New York found that workers were working more hours 

than they were paid for, negatively impacting their job satisfaction (Shotwell et al., 2024).  

When connecting home care aides’ job satisfaction to client loss, Findlay found that a 

lack of support for a worker post-client death led to decreased job satisfaction (2024). However, 

there is a lack of research on job satisfaction and client loss in general, and particularly in 

specific contexts of client loss, such as being fired or temporarily losing a client due to 

transference to another unit. This is problematic, as the loss of a client (Findlay, 2024), coupled 

with unstable work hours (Kim, 2020), has major implications for lower job satisfaction. 

More importantly, though, a connection is missing in terms of how client loss affects job 

satisfaction over time. It is important to examine this as job satisfaction, and particularly facets of 

it such as satisfaction with pay, stability, or autonomy, can vary over time (Boswell et al., 2009; 

Spangnoli et al., 2012). By measuring this relationship over time, scholars can better understand 

how repeated client loss more clearly compounds or changes a home care aide’s satisfaction, 

which, as prefaced earlier, is a pivotal indicator of other outcomes such as staying in one’s job. 
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Additionally, this study uses a facet satisfaction scale (Bowling et al., 2018). The scale more 

clearly articulates what aspects of the job (Bowling et al., 2018) home care aides are (un)satisfied 

with, resulting from client loss.  

2.5.2 Burnout. Home care aides are vulnerable to burnout. Burnout as defined by the 

Oldenberg Burnout Inventory, consist of two dimension, including emotional exhaustion, which 

is a “state of intense physical, affective, and cognitive strain, resulting from prolonged exposure 

to job demands”, (p.3, 2001)  and disengagement, which is defined as “distancing oneself from 

work in general, developing negative attitudes toward the work object, the work content, and 

one’s job”. (p. 3, 2001). Burnout is a very common outcome of emotional labor, as evidenced in 

many stress-related theories such as Conservation of Resources (COR) theory and Job Demands 

Resources (JDR) theory (Bakker et al., 2023). Conversely, workers can also experience job 

engagement. This is generally defined as the “harnessing of organization members’ selves to 

their work roles; in engagement, people employ and express themselves physically, cognitively, 

and emotionally during role performances” (Kahn, 1990, p.694). In other words, engagement is 

when a worker experiences an “energetic and effective connection with their work, and they look 

upon their work as challenging, as opposed to stressful and demanding” (Bakker et al., 2014, p. 

391). There is definitive evidence that job engagement leads to positive work outcomes such as 

job commitment and job satisfaction (Bakker et al., 2014). However, the available research 

shows that home care aides are extremely vulnerable to burnout as opposed to job engagement 

(D’Astous et al., 2019; Franzosa et al., 2018; Osterman, 2019). 

 One major reason why home care workers experience burnout is due to large amounts of 

emotional labor (D’Astous et al., 2019; Franzosa et al., 2018; Osterman, 2019). Home care aides 

are required to tend to many physical needs of older adult clients, such as cooking, cleaning, 
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hygiene-related services, and basic medical care (D’Astous et al., 2019; Franzosa et al., 2018; 

Osterman, 2019). Clients also have substantial psychological and emotional needs. For example, 

many clients suffer from dementia (D’Astous et al., 2019). Dementia, according to the National 

Alzheimer’s Association, is defined as “a general term for loss of memory, language, problem-

solving, and other thinking abilities that are severe enough to interfere with daily life. 

Alzheimer's is the most common cause of dementia.” (2025). Dementia often leads to physical 

and emotional deregulation, and sometimes, even arguably abusive behavior toward workers 

(Franzosa et al., 2018; Hunter, 2000; Osterman, 2019; Schweid, 2021). Other clients suffer from 

loneliness, depression, and other psychological and mental symptoms (Tan et al., 2023). On a 

final note, workers often form close personal connections with clients, as Allison Pugh coins 

“connective labor” (2025). In her book, “Last Human Job”, Pugh points out that attending to 

multiple clients and/or work duties can sometimes impede this process of connectedness. This 

makes the relationship between the worker and client feel more transactional, taking away from 

potential organic connections, increasing burnout (2025). 

All these physical and emotional demands require the worker to be patient and 

empathetic towards their clients (D’Astous et al., 2019; Franzosa et al., 2018; Osterman, 2019). 

Home care aides often put their own emotional needs aside to tend to their clients’ needs, 

essentially “surface acting”, which means that one fakes an emotional display under job 

requirements (Han et al., 2018). There is ample research showing that consistent displays of 

surface acting on a job lead to higher levels of burnout over time (Xanthopoulou et al., 2017). 

Another way to enact emotional labor is through deep acting, which is when someone tries to 

align their real, internal emotions with their emotional display. This is different from surface 

acting, where the emotional display is more or less “faked” (Xanthopoulou et al., 2017). There is 
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research that deep acting can reduce the effects of burnout and general work recovery; however, 

it is not always possible for a worker to deep act (Xanthopoulou et al., 2017).  

 Relatedly, most healthcare aides are women (Osterman, 2019). Women often enact more 

emotional labor than men due to expectations of women to be caring, patient, and docile 

(Wingfield, 2021). Women of color, who disproportionately hold lower-level care work jobs, 

may face even higher rates of emotional labor than their white counterparts because they often 

must combat the “angry black woman” stereotype (Wingfield, 2021). Additionally, Hispanic 

women may enact high degrees of emotional labor to combat stereotypes of being too “sassy” or 

incompetent (Wingfield, 2021). Hispanic women may also face discrimination due to their 

potential immigration status (Dill et al., 2022). These biases compound when home care aides of 

color interact with older adults. Although not all older adults are racially discriminatory, some 

are, potentially because they come from past generations where racial discrimination was 

rampant (Travers et al., 2020; Truit and Sydner, 2020). Thus, some Baby Boomers and other 

older generations tend to have less progressive attitudes toward people of color, as well as 

individuals of any historically underrepresented or marginalized group (Travers et al., 2020; 

Truit and Sydner, 2020). 

Some research on home care aides and burnout is related to worrying about the client’s 

health and well-being. For example, Holmberg and colleagues, who conducted end-of-life care 

interviews with nursing assistants who tended to older adult clients, found that workers worry 

about clients’ well-being, including a sense of dignity at the end of their lives (2019). Other 

studies examined elements of burnout relating to client death, but more specifically to managing 

grief (e.g., Boerner et al., 2017; Dijxhoorn et al., 2023; Rachel and Francesco, 2018). Similarly, 

Findlay and colleagues found that client death can lead to home care aide burnout and 
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subsequently expressed concerns about lacking organizational support after client death (2024). 

From a more positive lens, Baek and colleagues, using a cross-sectional survey, found that high-

quality relationships between a worker and their clients reduced worker burnout (2024).  

Home care aides can also experience burnout due to high levels of schedule instability 

(Appelbaum & Leana, 2011; Franzosa et al., 2018; Hunter, 2000; Osterman, 2019; Nisbet and 

Morgan, 2019). Oftentimes, consistent hours for shift workers matter more than the actual 

amount of hours worked (Lu et al., 2022). Overall, stable scheduling leads to positive 

psychological outcomes and increased productivity (Lu et al., 2022). Since workers often have 

little autonomy over hours worked, they are often negotiating hours or shifts with clients and/or 

supervisors (Lu et al., 2022). The combination of inconsistent hours and frequent enactment of 

emotional labor undoubtedly lead to home care aide burnout.  

Despite some research on burnout and client loss, there is a lack of research on burnout as 

a result of involuntary patient loss beyond death and grief. Although repeated deaths of clients 

are undoubtedly emotionally taxing, losing clients in other capacities also has implications for 

burnout. For example, being fired by a client that comprised the majority of a worker’s schedule 

has major implications for a worker’s stress and well-being (Boyd, 2023).  

 There is a dearth of research on the effects of burnout from client loss over time. Many 

available studies on home care aide burnout and/or client loss are qualitative in nature, and if the 

study uses surveys, most use cross-sectional data (e.g., Baek et al., 2024), meaning that data was 

only collected at one time point. This can make it challenging to measure/capture burnout, as 

there is ample evidence that burnout is actually an accumulation of emotional exhaustion over 

time (Guthier et al., 2020). In extreme circumstances, burnout can be particularly high and last 

long periods, called chronic burnout (Guthier et al., 2020). This study examines a healthcare 
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setting, which is considered “extreme” in terms of vulnerability to burnout. Overall, a better 

understanding of client loss over time on home care aides’ burnout is necessary. 

2.5.3 Financial Insecurity. As prefaced earlier, home care aides make very little money 

and seldom have benefits (Hunter, 2000; Osterman, 2019). They also have low probabilities of 

upward mobility, and even with upward mobility, they usually do not make much more than 

their previous positions (Dill and Hodges, 2019). Finally, their stream of income can be 

unpredictable due to schedule instability. Like other jobs with low income, benefits, little 

mobility, and income precarity, this can leave home care aides with little financial stability.  

This has implications for home care aides’ financial insecurity (FIS), which is defined as 

difficulties in “… (1) consistently covering expenses for basic needs, (2) managing debt; and (3) 

saving money” (Despard et al., 2023, p.125). Home care aides are vulnerable to each aspect of 

financial insecurity. Low pay makes it difficult to manage basic needs, particularly in a single-

earner household (Despard et al., 2023). Furthermore, in order to cover basic expenses, workers 

may go further into debt, such as credit card debt, as they often lack the necessary net income 

(Despard et al., 2023). Finally, low pay and lacking benefits make it nearly impossible to save 

money, leaving these workers without a financial safety net and in a constant state of financial 

insecurity (Despard et al., 2023).  

Financial insecurity is important to study in general and has implications for various 

psychological and even physical outcomes (Odle-Dusseau et al., 2018; Weinstein and Stone, 

2018). For example, financial insecurity, or being in a precarious financial state has evidence of 

leading to depression and anxiety (Weinstein and Stone, 2018). Furthermore, financial insecurity 

can lead to physical issues from chronic stress such as high blood pressure or chronic physical 

pain (Odle-Dusseau et al., 2018; Weinstein and Stone, 2018).  
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However, like the other mentioned outcomes, there is a dearth of research connecting 

financial insecurity in home care aides resulting from client loss. It should be noted that there are 

other jobs that are inherently precarious in nature, such as gig work, temporary work, or 

independent contracting. Oftentimes, in gig work, for example, workers who do food delivery 

service face a degree of uncertainty in terms of the availability of customers; however, they 

usually do find some availability with the help of an app or platform (Montgomery et al., 2021). 

Additionally, independent contractors can take some measures into their own hands to find new 

clients and have autonomy over who their clients are (Brown, 2024). Independent contractors 

also often have potential for higher-paying clients, offering them potential for high take-home 

pay (Brown, 2024). However, home care aides typically depend on the home care agency to find 

them a new client, which can sometimes take weeks. Further, even if workers do find new 

clients, clients may not give them enough new hours to comprise a full work week. 

Related to research on lower-level healthcare jobs, healthcare workers without college 

degrees, particularly those working in home health, had the highest instances of financial 

insecurity (FIS) (Despard et al., 2023). Tsui and colleagues also acknowledge how client 

attainment is uniquely tied to income (Tsui et al. 2020). The closest study to investigate financial 

insecurity in home care aides was a study on frontline healthcare workers by Despard and 

colleagues (2023), and they found that FIS is directly related to job satisfaction and intentions to 

leave, particularly when low pay is paired with lacking benefits. However, the authors did not 

clearly differentiate outcomes between home health aides, nursing assistants, and personal care 

aides, and used cross-sectional survey data. Financial insecurity, in itself, is a phenomenon that is 

commonly studied over time due to fluctuations when/if ample resources resurface. Financial 

insecurity can further compound due to prolonged periods of unstable or even absent work 
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(Depared et al., 2023). Indeed, research shows that the longer an individual is without work, the 

more likely they are to continue to become more financially insecure, depressed, anxious, and 

even physically unhealthy (Odle-Dusseau et al., 2018; Weinstein and Stone, 2018). Thus, it is 

important to examine how repeated client loss links to a home care aide’s financial well-being. 

This analysis can better highlight the financially precarious nature of a home health aide.  

 2.5.4 Turnover Intentions. Research indicates that home care aides have high turnover 

rates, thus, coupled with higher turnover intentions (Dill et al., 2013; Gandhi et al., 2021; Lee, 

2021; Gleason and Miller, 2021; Shotwell et al., 2024). In the broader healthcare literature, there 

is more research on the turnover intentions of nurses or other healthcare roles, such as nurse 

practitioners and physician assistants. For example, Lee found that job satisfaction is a predictor 

of turnover for nurses (2021). Furthermore, Gandhi and colleagues found high turnover rates of 

nurses in nursing homes (2021). 

Some research suggests that high turnover intentions are partially attributed to high levels 

of burnout (Dreher et al., 2019). Miller and colleagues state that nurse aides have turnover at a 

“staggering rate” (2023). Additionally, Cottrell found that the highest turnover rates are among 

nursing assistants; however, the study was in a hospital context (2023). Some research also 

shows that CNAs in nursing homes are more likely to leave due to low job satisfaction (Dill et 

al., 2013) and low emotional well-being (Rosen et al., 2011). Findings from the National Nursing 

Home Survey show that higher pay and benefits reduced intentions to leave (Temple et al., 

2009). Furthermore, Berridge and colleagues looked at the empowerment and retention of 

nursing assistants and found that hours and union membership predicted turnover, but from the 

perspective of nursing home administrators (2020).  
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Related to home care aides specifically, Shotwell and colleagues found that lack of 

compensation and benefits, and wage stagnation (typically due to lack of shifts) contributed to 

intent to leave (2024). Hsu and Yang found that when home health aides feel engaged in their 

jobs, they are less likely to quit (2022). Other factors that influence turnover rates are job 

satisfaction, consistent patient assignment, health insurance, and on-the-job injuries (Stone et al., 

2017). Stone and colleagues conducted one of the few available studies that looked at scheduling 

consistency versus solely client death (2017).  

However, relating to the loss of clients, most of the available research connected client 

loss to turnover is again, around actual client death (e.g., Gleason et al., Tsui et al. 2023; Tsui et 

al., 2022), and lacks longitudinal data. Some research shows that turnover intentions do vary 

over time and are dynamic (Chen et al., 2011). With multiple time points, this study better 

pinpoints the dynamics (e.g., client loss and subsequent hour and pay loss) that influence 

turnover intentions of a home care aide over time. From a standpoint of practicality, better 

gauging a worker’s turnover intentions and reasons for such fluctuations may help managers and 

organizational leaders retain home care aides. This can also help us gauge the average frequency 

of client loss, and potentially better anticipate when workers may be vulnerable to absence from 

work. 

2.6 Theoretical Frameworks 

Conservation of Resources Theory is a useful theory to illustrate how resource loss in 

home care aides could influence job attitudes and well-being. As an overview, Conservation of 

Resources Theory explains that individuals strive to find, obtain, maintain, and protect resources 

in their lives, particularly at work (Hobfall 1989; Hobfall et al, 2018). Conservation of Resources 

Theory typically categorizes resources into four main types of resources: energy (e.g., time, 
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money, physical energy), personal characteristics (e.g., self-efficacy, specialization), physical 

resources (e.g., having a home(s), car(s)), as well as their current status (e.g., being employed 

versus unemployed, the status of the occupation itself). Individuals tend to be in a state of 

homeostasis when they have ample resources (Hobfall 1989; Hobfall et al, 2018). However, 

Conservation of Resources Theory explains that individuals resort to more vulnerable states if 

they 1) lose resources, 2) have a real or perceived threat of losing resources, or 3) do not have 

enough or high enough quality resources to combat further resource loss (Hobfall 1989; Hobfall 

et al, 2018).  

 One of the key assumptions of Conservation of Resources theory is that resource loss is 

more impactful on the individual than resource gain (Hobfall 1989; Hobfall et al, 2018). 

Although resource gain can have a positive effect on individuals, the actual strength of the 

relationship between resources and well-being is stronger in the event of resource loss. 

Additionally, resource loss is more detrimental in that it can have a cumulative disadvantage 

over time, meaning that repeated resource loss can have a compounding effect on well-being 

(Hobfall et al, 2018). Specifically, if one experiences the repeated loss of money, well-being may 

get increasingly worse.  

Sometimes, these cumulative disadvantages result in a “resource loss spiral” (Hobfall 

1989; Hobfall et al. 2018). A resource loss spiral is defined as a situation in which an individual 

has already lost or is lacking in valuable resources, making them more vulnerable, often resulting 

in further resource loss. There are also “resource gain spirals”, but they typically are slower in 

momentum (Hobfall 1989; Hobfall et al. 2018). Conversely, if one has ample resources, they are 

more likely to gain more resources. Thus, one can see why obtaining and maintaining resources 
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at a job is important for one’s well-being, especially due to its cumulative nature (Hobfall 1989; 

Hobfall et al. 2018). 

As Conservation of Resources theory developed, scholars started to realize that resources 

do not exist in a vacuum and are often contextually based (Halbesleben et al., 2014). 

Specifically, certain resources are more likely to flourish (or diminish) in the context of other 

resources, called resource caravans (Halbesleben et al., 2014; Hobfall, 2002; Hobfall et al., 

2016). For example, when individuals have schedule flexibility (i.e., time resource), this may 

also impact other resources, such as a sense of control or self-efficacy (i.e., personal resource) 

(Hobfall, 2002; Hobfall et al., 2016; Halbesleben et al., 2014). Conversely, when certain 

resources are lost, like income, their interconnected nature with other resources can lead to 

further resource loss like physical assets (Hobfall, 2002; Hobfall et al., 2016; Halbesleben et al., 

2014).  

Further, certain work environments, such as healthcare contexts, make resource loss more 

likely and/or more salient (Hobfall et al., 2016; Hobfall, 2018). These broader environmental or 

organizational conditions are called resource caravan passageways, in which the accumulation of 

resource caravans is helped or hindered (Hobfall et al., 2016; Hobfall, 2018). For example, a 

worker may lose a shift, and thus, time and money as a resource. In the context of an 

unsupportive work environment, these issues are more likely to occur. However, in a supportive 

social environment, individuals may be able to deal with this resource loss when supported by 

bosses or coworkers (Hobfall et al., 2018). Ultimately, organizational contexts can affect what 

resources are lost and how extreme the effects are (Hobfall et al., 2018).  
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2.7 Applying Conservation of Resources Theory to Home Care Aids 

Home care aides lack all four resource types in the Conservation of Resources model. 

Despite the hard work that home care aids engage in, the occupation itself lacks status resources 

like respect (Appelbaum and Leana, 2011; Kalleberg, 2011; Levanon, 2009; Osterman, 2019). 

This is because lower-level care work is undervalued in society due to its emphasis on “soft 

skills”, such as patience and emotional agility (Appelbaum & Leana, 2011; England, 2005). 

Lower perceived status can lead to a lower sense of self-efficacy and self-esteem, translating into 

lacking personal resources. Lacking pay, benefits, and an inability to save money can also lead 

home care aides to lack physical resources like a decent living residence.  

For the main purposes of this paper, I focus mostly on energy-oriented resources. In 

particular, home care aides lack time as a resource in terms of stability and amount. As prefaced 

above, home care aides have exceptionally unpredictable and unstable schedules (Franzosa et al., 

2018; Osterman, 2019). Without predictable schedules, it is hard to utilize their time to plan 

outside activities such as work and family obligations, recreational activities, or even get ample 

sleep (Franzosa et al., 2018; Osterman, 2019). 

Additionally, unstable and often lacking hours translate directly into another lacking 

energy resource: money. Compounding on the fact that these workers already have a lower 

hourly rate, they often lack the hours needed to make a livable wage (Appelbaum & Leana, 

2011; Franzosa et al., 2018; Osterman, 2019). In fact, home care aids, as well as shift workers in 

general, tend to prefer more hours on their schedule than less (Appelbaum & Leana, 2011; 

Franzosa et al., 2018). Lacking a substantial income also has implications for feelings of 

financial security.  
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Arguably, losing a client for home care aides could be framed as a risk factor caravan. 

Some studies on the loss of employment or unstable employment find that individuals are more 

likely to lose more future resources without financial stability (Hobfall et al., 2008; Hobfall et 

al., 2018).). Applied to home care aides, these workers are uniquely tied to clients, which thus 

leads to a loss of shifts and then income. Loss of clients can also lead to loss of relationships due 

to a high-quality emotional bond with a client. Thus, the loss of clients and their 

interconnectivity to other lost resources might compile and make workers more vulnerable to 

future resource loss and negative psychological outcomes (Boerner et al., 2017). Specifically, the 

compilation of resource loss should lead to burnout. COR research asserts that when workers are 

feeling burnt out over time, it can leave workers feeling that the best option is to quit (Wright 

and Hobfall, 2004; Hobfall et al., 2018).  

Reflecting on the aforementioned issues, it should not be surprising that home care aides 

also have low job satisfaction, on average (Appelbaum and Leana 2011; Levanon 2009; 

Osterman 2019; Brady, 2016; Findlay, 2024). Most notably, without stable clients as resources, 

this leads to the diminishment of other resources (i.e., shifts and thus a steady stream of income). 

COR research shows that lacking ample resources at work leads to low job satisfaction (Jin et al., 

2018).  In turn, job satisfaction is also related to the other previously mentioned outcomes, such 

as turnover intentions, burnout, and other negative psychological outcomes (Jin et al., 2018). 

Thus, according to the principles of Conservation of Resources theory, a lack of energy-

oriented resources should inevitably lead to burnout, lower job satisfaction, high financial 

insecurity, and high turnover intentions. Further, the loss of clients in the context of home care 

aide work can be framed as a risk factor caravan, since clients are so tightly bound to shifts and 

thus income. Conversely, gaining clients can then be framed as a resource factor caravan, since 
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new clients lead to an increase in shifts, and thus a somewhat regular stream of income. Thus, 

they should have higher job satisfaction and lower rates of turnover intentions, burnout, and 

financial insecurity. 

Additionally, there is a lack of longitudinal data in healthcare research specific to home 

care aides and client loss, and how repeated resource loss has a compounding negative effect 

over time (Hobfall et al., 2018). This is problematic as COR theory discusses the potential of the 

cumulative effects of resource loss leading to chronic stress and other negative outcomes 

(Hobfall et al., 2018). Even worse, consistent resource loss leaves individuals with little ability to 

cope and a lower likelihood of gaining helpful resources in the future. Available research is not 

fully solidified on the average frequency of client loss. However, research finds that home care 

aides commonly experience repeated client loss. Home care aides can lose clients within a few 

weeks or months, while some workers can tend to clients for a few years (American Nursing 

Association, 2024). With higher frequencies of client loss, this introduces more schedule and 

income instability. Furthermore, with less time to cope between clients and even more 

inconsistent streams of income, home care aides may suffer the cumulative effects of client loss. 

Conversely, if workers gain new clients, this can provide income to meet basic needs like rent 

and groceries, particularly if a home care aide is the single earner in their household. This can 

also provide a sense of stability and control for workers, which may combat some of the negative 

consequences of previously lost clients. This paper uses 60 days as a general time gap between 

time points, so that the gap is long enough for clients to actually lose clients, but not long enough 

so that they forget their relationship with said client, and that the effects of burnout and other 

outcomes can be more closely tied to recent client loss.  
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As prefaced before, home care aides are not salaried, and their entire stream of income is 

based on the shifts they work (Schweid, 2021). There are implications that these effects can be 

exacerbated if the number of clients, and thus cumulative hours lost, pile up. In fact, some home 

care aides report working less than 10 hours a week due to a lack of client availability (Schweid, 

2021). Insufficient pay combined with the loss of reliable hours can translate to worsened 

psychological outcomes, particularly financial insecurity. This also highlights how the severity of 

the resource loss can impact a worker. In light of these assumptions and the fact that home care 

aides lose clients quite frequently, this led to the following hypotheses: 

H1:  Post recent client loss (within 60 days of client loss), home care aides experience 

  higher levels of burnout, lower job satisfaction, higher financial insecurity, and higher 

  turnover intentions at each time point. Additionally, home care aides will experience 

  worse outcomes based on the quantity of clients lost and the corresponding hours lost. 

H2: Client loss across the three time points has a cumulative effect on home care  

  aides ‘outcomes. More specifically, if workers experience client loss at both time 1 and 

  time 2,  these effects compound and result in higher burnout, higher turnover intentions, 

  lower job satisfaction, and higher job insecurity as compared to workers who only lose 

  clients at one time point. 

 I also plan to advance Conservation of Resources Theory by examining how contextual 

factors, specifically perceived organizational and supervisor support, help or hinder home care 

aides post-client loss. There are some criticisms in the Conservation of Resources literature that 

there is a dearth of research on contextual factors, including meso and macro-level factors 

contributing to resources, or how resources are often at the meso/macro level themselves, yet are 

understudied (Hobfall et al., 2018). This is problematic, as resources often directly come from, 
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are influenced, or are hindered by organizations, as echoed by the idea of resource caravan 

pathways.  

From an organizational lens, public nursing homes funded by the government tend to be 

of lesser quality than private nursing homes (Hunter, 2000; Osterman, 2019). For public nursing 

homes in particular, home care aides get paid when the government reimburses clients through 

Medicare, which is federal health insurance for United States citizens aged 65 or older 

(Osterman, 2019). However, due to the low investment in care work from the federal and state 

governments, the pay is quite low. Alternatively, at private nursing homes, clients pay directly 

out of pocket (Hunter, 2000; Osterman, 2019). These nursing homes tend to pay higher hourly 

rates.  

Assisted living facilities and nursing homes vary in their support for home health aides, 

particularly at the organizational and employer policy level. It should be noted that some lack of 

organizational support (e.g., such as fair hours, reimbursement for hours lost), which might be 

due to a lack of government support, as listed above (Osterman, 2019). Without government 

support, organizations can be short on necessary resources. Private institutions are more likely to 

offer in-house training and educational opportunities for healthcare workers to advance their 

careers (Osterman, 2019). Some nursing homes also vary in how much support they offer clients 

post-client loss, although this is usually measured from the standpoint of client death. Some 

studies show that home health aides feel isolated after client loss and are left with little time and 

organizational support, like mental health resources, to process client loss (Ghesquiere and 

Bagaajav, 2020; Boerner et al., 2016; Tsui et al., 2023). Tsui and colleagues expressed the 

importance of providing support to clients, particularly after long periods of care with clients 

(Tsui et al., 2023). Thus, from a theoretical lens, nursing homes and assisted living facilities can 
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be thought of as resource caravan passageways, particularly in terms of organizational support. 

Specifically, with an organization that has high organizational support, there is potential for 

some of the negative effects of client loss to at least be buffered. Some examples of 

organizational support that might buffer these effects are trainings and counseling for client loss, 

scheduling resources for attaining new clients, or temporary financial support between lost 

clients. Organizational support can also be fostered with supportive supervisors (Gleason et al., 

2016; Gleason and Miller, 2021). Some research suggests that home health aides look to 

supervisors for support during client loss (Gleason et al., 2016; Gleason and Miller, 2021; Tsui et 

al., 2022). Supervisors can be pivotal in providing interpersonal support but also assistance when 

looking for newer clients (Tsui et al., 2022) Finally, perceived support from supervisors may also 

be able to buffer some of the lacking, broader organizational support. Thus, I anticipated that 

perceived organizational support and supervisor support would act as a partial buffer between 

client loss and negative outcomes, and asserted the following hypotheses: 

H3: Perceived organizational support moderates the relationship between recent client 

  loss and outcomes at each time point. Specifically, workers who have low perceived 

  organizational support experience even higher instances of burnout, lower job  

  satisfaction, higher intentions to quit, and higher financial insecurity, post-client loss, 

  compared to those with high instances of perceived organizational support. 

H4: Supervisor support moderates the relationship of recent client loss and outcomes at   

each time point. Specifically, workers who have low perceived organizational and   

supervisor support experience even higher instances of burnout, lower job satisfaction,   

higher intentions to quit, and higher financial insecurity, post-client loss, compared to   

those with high instances of supervisor support. 
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CHAPTER 3: METHODOLOGY 

3.1 Data Collection 

3.1.1 Data and Sample. I collected survey data over three time points from home care 

aides (including both personal care aides and home health aides) across multiple nursing homes, 

assisted living facilities, and/or homes. I used two power analysis methods to estimate sample 

size. First, I used Dr. Daniel Soper’s SEM calculator (2025), which indicated a minimum of 288 

participants, while a Monte Carlo analysis suggested at least 300, with optimal results closer to 

400. Based on these findings, my target was a minimum of 300 participants. I met this target 

with 316 total participants. 

3.1.2 Recruitment and Screening of Sample. To find participants for the surveys, I 

utilized Prolific, which is a crowdsourcing platform for individuals to take and get paid for the 

completion of the surveys (Douglas et al., 2023). Prolific was an appropriate method of 

recruitment for home care aides to take the survey due to its wide availability to tens of 

thousands of active, working participants residing in the United States, specifically since 

recruitment takes place online. Additionally, Prolific is shown to have lower levels of dishonest 

behavior from respondents compared to another online survey platform called MTurk (Douglas 

et al., 2023), to ensure the reliability of responses. Prolific also has features that allow 

participants to easily take follow-up surveys, which is necessary for longitudinal data collection. 

Finally, Prolific allows researchers to easily link survey platforms (e.g., Qualtrics, 

SurveyMonkey), thus, once survey responses were approved, participants were paid almost 

immediately. 
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Before implementing the first main survey, I sent out a screening survey to participants 

on Prolific to ensure that they were qualified to take the survey (home care aides working in their 

position for at least 6 months in the United States). Questions included “Are you 18 years or 

older?”, “Do you currently live in the United States?”, “Are you employed as a home care aide 

(either as a personal care aide, OR a home health aide), on a part time or full time basis?”, 

“Have you worked at your current home care job for at least 6 months?:, as well as one attention 

check item stating “Please select “agree” for this question”.  The survey was estimated to take 1 

to 2 minutes, so participants were paid $0.40 for completion (abiding by $12/hour 

recommendations on Prolific) (Prolific, 2024). A total of 1,171 participants filled out the 

screening survey, with an average completion of the screening survey at 66.95 seconds or 1.12 

minutes, consistent with predictions. 

After filtering out those who did not qualify for the survey, I ensured that respondents 

were coming from reliable sources. Specifically, to verify that participants were in the United 

States, IP addresses were screened using Scamalytics, using a conservative risk threshold of 20 

or below (Scamalytics, 2024). To further ensure that I was getting reliable responses, I also 

included two attention checks per survey time point (six across the whole main study), and 

participants were excluded from analysis if they missed more than one attention check. Finally, 

using Prolific, I excluded participants who completed the survey at unusually fast rates, as 

flagged by the platform. Completion times substantially below the average may indicate that 

respondents were not carefully reading the questions and were instead rushing through their 

responses. 

In addition, all survey items were written at the average reading level of adults in the 

United States (approximately seventh grade; National Center for Education Statistics, 2022). 
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This approach was intended to ensure accessibility and comprehension across a broad range of 

respondents (National Center for Education Statistics, 2022). To achieve this, I conducted 

research on typical U.S. reading levels and adapted item wording accordingly. After manually 

refining the items, I also cross-referenced them using multiple AI-based language tools (e.g., 

ChatGPT, Claude) to further enhance clarity and readability. 

Original estimates for my survey were between 15 and 20 minutes. Again, using the 

guidelines of $12/hour, I paid participants $4 for completion of each survey (Prolific, 2024). In 

actuality, the surveys averaged 11.48 minutes at Time Point 1, an average of 13.42 minutes at 

Time Point 2, and an average of 10.16 minutes at Time Point 3 (average across time points = 

11.69 minutes). Thus, most participants were paid above the average recommended rate.  

3.1.3. Survey Content. Before the start of the actual surveys, I assured participants that 

the information provided is protected and only available to the primary investigator of the study, 

myself. As for the questions asked on the survey, I asked socio-demographic questions, including 

one’s race/ethnicity, gender and gender identity, age, educational level, total family income, and 

number of children or dependents. It is important to ask about race because many lower-level 

healthcare workers are people of color, and may have unique experiences compared to white 

individuals, such as racial bias, and thus corresponding job attitude and indicators of well-being 

(Dill and Hodges, 2019). Indeed, research suggests that people of color in lower-level healthcare 

positions earn lower wages than white individuals and are less likely to be rewarded for getting a 

certification (Dill and Hodges, 2019).  It is also important to ask about gender. In the past, most 

home care aides were women; however, the population is becoming increasingly more male 

(Kelly et al., 2018). Research shows that men in lower-level healthcare positions have higher on-

average weekly earnings than women (Dill et al., 2022). Finally, it is important to ask about age. 
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Home care aides tend to be younger (Kelly et al., 2018), but some workers are older themselves. 

This could uniquely affect a worker’s experience; for example, older workers may experience 

higher burnout if not equipped with the physical aptitude of younger workers (Chao and Lu, 

2020). Alternatively, some research shows that older workers often have better coping skills than 

younger workers when faced with occupational stressors, so this could mitigate well-being and 

result in better job attitudes (Carstensen, Isaacowitz, & Charles, 1999; Ng & Feldman, 2010).  

 I also asked questions about one’s position (whether or not they are a home care aide, 

either a personal care aide or a home health aide), how long they have been in the current 

position, years of experience in their particular field, current hourly pay, type of institution they 

currently work for, and whether or not they are a part-time or full-time permanent employee, or 

are a temporary worker. I requested that participants have been in their current position for at 

least 6 months to ensure well-being and job attitudes are direct indicators of their current job, and 

not recent, prior occupations. I also asked for their current scheduled hours by day, since there is 

often variation between working days.  

For the main purposes of this study, I asked workers if they have lost an older adult client 

due to transference to hospice or another facility, death, or being terminated in the last 60 days. I 

also asked about the number of clients lost, as well as the corresponding weekly hours lost. I also 

ensured that workers know their clients for at least a week to establish some form of emotional 

bond. COR theory does acknowledge that certain resources are of more value to individuals than 

others, potentially worsening the effects of resource loss (Hobfall et al., 2018). Further, I asked 

clients about perceived organizational and supervisor support (also using a pre-validated scale). 

Finally, for the outcomes of interest, I used pre-validated measures on job satisfaction, 

burnout, financial insecurity, and turnover intentions. I randomized the order of these scales in 
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the survey. Since I collected data over three time points, the latter two surveys included all 

questions except for the initial screening and demographic questions, I spaced the 3 surveys apart 

by 60 days. Spacing of 60 days was ideal as it allowed for enough time for significant work 

changes to occur (e.g., loss of a client), while not allowing enough time to pass in which the 

effects of a client loss may be attributed to other factors over longer periods of time. Allowing 

too much time to pass could also make participants more vulnerable to memory biases (Simons 

and Chabris, 2012).  

In the second and third surveys, I started with a question asking if the worker is still 

employed in their current position. If a worker left their position from Time Point 1 or Time 

Point 2 upon survey administration, I had a question available to them (via forced choice logic), 

asking the workers why they quit their jobs. This question included pre-written options (e.g., was 

fired, quit) but also had an “other” option for qualitative responses. Including this question for 

workers who left their occupation was an interesting addition to the survey, as it was exploratory 

in nature and gave further insight into turnover intentions and actual turnover of home care aides. 

I explored common themes related to why workers left their jobs in the latter part of the study 

results section. When survey respondents selected the option that they did leave their job, they 

were compensated with $4 for completion of that survey. However, when respondents left their 

position at Time Point 2 (the position they held at Time Point 1), they were not sent the third 

time-point survey. 

3.2 Survey Measures of Dependent Variables 

It should also be noted that, due to model fit reasons, the reliabilities reported below are 

representative of the new constrained 170 sample of people who completed data across all three 

time points. This decision was made to preserve a better model fit, to increase the reliability of 
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result interpretations, rather than prioritizing a large sample size with poor model fit. See Tables 

1 -7 for all validated survey measures (including reverse-coded items) and Table 8 for all study 

reliabilities.  

(insert Tables 1-8 about here) 

3.2.1 Burnout. For burnout, I used the Oldenberg Burnout Inventory, created by 

Demerouti (1999), that focuses on both disengagement and exhaustion as components of burnout 

Sample items for disengagement include “I always find new and interesting aspects in my work” 

(reverse coded), and “It happens more and more often that I talked about my work in a negative 

way”. Example items of exhaustion include “There are days when I feel tired before I arrive at 

work” and “When I work, I usually feel energized” (reverse coded).  The scale has 16 items on a 

4-point scale, ranging from (1) strongly disagree to (4) strongly agree.  Previous studies indicate 

reliability scores of alphas ranging from 74–.87 for exhaustion and .65–.82 for disengagement.  

In the current study, after removing three items with poor loadings (items 9, 13, 14), both 

burnout subscales also demonstrated acceptable to good reliability across time points. For 

exhaustion, Cronbach’s alpha was α = .76 at Time Point 1, α = .72 at Time Point 2, and α = .73 at 

Time Point 3. For disengagement, reliability was somewhat higher and remained stable, with α = 

.83 at Time Point 1, α = .78 at Time Point 2, and α = .80 at Time Point 3, reflecting acceptable to 

good internal consistency. Overall, both burnout composites showed stable and acceptable 

reliability across waves. It should be mentioned that items were dropped not only for 

methodological reasons but also for theoretical reasons, consistent with previous literature findings 

on issues with the same items. Specific details about particular items dropped are available in the 

results section on confirmatory factor analyses. 
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3.2.2 Job Satisfaction. For job satisfaction, I used the Michigan Organizational 

Assessment Questionnaire-Job Satisfaction Subscale (MOAQ-JSS; Cammann et al., 1979). Items 

include “All in all, I am satisfied with my job”, “In general, I don’t like my job”, and “In general, 

I like working here”. The scale has 3 items on a 6-point scale, ranging from (1) strongly disagree 

to (6) strongly agree. In prior research, the scale has demonstrated good reliability (α ≈ .80–.90).  

For the current study, internal consistency reliability was examined for job satisfaction 

measures at each wave using Cronbach’s alpha.  Job satisfaction demonstrated good reliability 

across all time points (α = .87 at Time 1, .83 at Time 2, and .87 at Time 3). 

3.2.3 Turnover Intentions. For turnover intentions, I used The Anticipated Turnover 

Scale (ATS), which is commonly used for healthcare professionals (Hinshaw et al., 1987). The 

scale has 12 items on a 7-point scale, ranging from (1) strongly disagree to (7) strongly agree.  

Some example items include: “I intend to stay in my current job for some time” and “I am almost 

certain that I will leave my job in the near future”. In a meta-analysis of the reliability and 

validity of the ATS across studies of registered nurses in the U.S., Barlow and Zangaro found an 

overall reliability score of .89 (2010).  

Internal consistency reliability was again examined at each wave using Cronbach’s alpha 

for the two-factor model. Internal consistency reliability for turnover constructs was consistently 

strong across all time points. For intention to leave, Cronbach’s alphas indicated good to 

excellent reliability across time points, from α = .84 at Time Point 1 to α = .88 at Time Point 2 

and α = .90 at Time Point 3. For intention to stay, internal consistency was consistently excellent, 

with α = .90 at Time 1, α = .92 at Time 2, and α = .94 at Time 3. Reliabilities improved 

particularly after removing items 4, 7, and 9, consistent with prior research recommendations. 

Again, items were dropped consistent with theoretical and consistent with previous literature 

https://link.springer.com/article/10.1007/s10869-021-09739-2#ref-CR16
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findings, and issues with the same items. Specifics about particular items dropped are available 

in the results section on confirmatory factor analyses. 

3.2.4 Financial insecurity. For financial insecurity, I used a 5-item financial security 

scale, created by Munyon (2008) and adapted by Lawrence and colleagues (2013). Responses 

were recorded on a 7-point scale, which ranged from (1) strongly disagree to (7) strongly agree. 

Sample items include “I have enough savings for an emergency” and “I have financial stability.” 

According to previous studies, the scale has an internal consistency reliability of .77. I reverse-

coded all items since my study measures financial insecurity, rather than security. Further, 

financial insecurity showed excellent reliability (α = .94 at Time 1, .93 at Time 2, and .93 at 

Time 3).  

3.3. Independent Variables  

 3.3.1.  Client Loss (Binary) Per Time Point. As for client loss, I asked whether a worker 

lost a client in the past 60 days. I also asked about the actual number of clients lost to death or 

transference, but the actual quantity is later included as an interaction term. Client loss was 

coded as a binary variable: 0 = no loss; 1 = loss. This was used in Hypothesis 1 to measure if 

client loss at particular time points predicted outcome variables at specific time points. 

 3.3.2 Cumulative Client Loss. For Hypothesis 2, cumulative client loss was 

operationalized as the sum of client loss (binary; 0 = no loss, 1 = loss) across time points up to 

and including the current wave. Specifically, cumulative client loss at Time Point 2 was 

calculated by summing client loss at Times 1 and 2, and cumulative client loss at Time Point 3 

was calculated by summing client loss across Times 1, 2, and 3.  

 3.3.3. Quantity of Clients Lost (Per Time Point).  I included the quantity of clients lost 

(per time point) as a moderator. For the number of clients lost, workers could indicate that they 
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lost anywhere from no clients to up to 3 clients. Having a limit of 3 clients lost was implemented 

for two main reasons. First, although the research is not quite solidified on the exact frequency of 

client loss, the available research does not show that it is very common to lose more than 3 

within 60 days. Later results show that only 5 participants at time point 1 actually lost 3 clients 

within a 60-day period. Second, asking participants if they lost more than 3 would result in the 

survey arguably being longer than the 20-minute estimated time of completion. This variable was 

thus coded as continuous, while the binary loss or gain variables are coded as 1=yes, 1=no. It 

should be noted that this was the base variable before the cumulative quantity of clients lost 

across all time points is created, which is described in the next subsection. 

 3.3.4. Hours Lost Per Client. For hours lost, survey questions asked participants the 

average number of hours lost on a weekly basis by each client. Thus, this question was only 

presented if workers actually lost clients. At the end, the cumulative number of hours lost was 

calculated. Hours were also coded as continuous variables. 

3.4. Moderators/Interaction Variables 

3.4.1. Perceived Organizational Support. I used a single-item measure adapted from 

the perceived organizational support (POS) literature (e.g., Eisenberger et al., 1986), which has 

been widely used in prior research. Single-item measures of POS have been shown to correlate 

strongly with multi-item scales, supporting their validity in applied research contexts. The item 

states: “I felt like my organization was very supportive of me”; however, I changed the time 

tense to “I feel…”. The measure is on a 7-point scale from strongly disagree (1) to strongly agree 

(7). Studies show that the single-item measure correlates strongly with other organizational 

support scales (r ≈ .70–.85). Only POS scores from time point 1 were used as a time-invariant 

variable because using organizational support across all time points could result in 
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overcontrolling variables. Specifically, because organizational and support may change in 

response to workplace experiences, including POS at later time points, could attenuate 

relationships of interest, meaning that they would seem weaker than they actually are. 

3.4.2. Perceived Supervisor Support. Perceived supervisor support (PSS) was assessed using a 

single-item measure developed by Fisher, Matthews, and Gibbons: “I can count on my 

supervisor/manager for support when I need it.” Responses were recorded on a 7-point Likert 

scale ranging from strongly disagree (1) to strongly agree (7). Consistent with prior research, this 

single-item measure has demonstrated strong correlations with multi-item supervisor support 

scales (r ≈ .70–.85), supporting its convergent validity. 

To align with the conceptualization of supervisor support as a relatively stable contextual 

resource, PSS was treated as a time-invariant variable. Specifically, scores were averaged across 

available time points to create a single composite indicator of supervisor support. This approach 

reduces the risk of overcontrolling for variance that may overlap with time-varying predictors in 

the latent growth models, while also improving reliability by minimizing the influence of 

transient fluctuations at any single measurement occasion. 

However, the decision to only test for organizational sand supervisor support at Time 

Point 1 introduces certain limitations. Averaging across time obscures within-person variability 

and prevents examination of how changes in support may relate to changes in study outcomes. 

Additionally, as a single-item measure, PSS and POS do not allow for the assessment of internal 

consistency and may not capture the full breadth of the construct. Despite these limitations, this 

approach is justified given the study’s focus on broader patterns of change over time. Treating 

PSS as a stable, averaged construct is consistent with prior research and provides a 

representation of support as an enduring, contextual resource. 
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3.5 Control Variables and Covariates 

3.5.1 Age. First, I controlled for the worker’s age as a continuous variable. As prefaced 

before, there are implications of differing experiences of satisfaction and well-being by older 

workers compared to younger workers (Chao and Lu, 2020). I keep this question in an open-

response format. Age was centered on the grand mean because it makes the intercept more 

interpretable, and it can also reduce multicollinearity when age is included alongside other 

predictors. Due to the short time span of survey administration (120 days from time point 1 to 

time point 3), age was only used from Time Point 1 (i.e., time-constant) 

 3.5.2 Race. I also controlled for race. In the survey, I asked participants to select one or 

more of the following categories: American Indian or Native Alaskan, Asian Indian, White (non-

Hispanic),  Black or African American, Hispanic or Latino/a, Native Hawaiian  Pacific Islander, 

Middle Eastern, Southwest Asian, or North African, Guamanian or Chamorro, Samoan, 

Japanese, Chinese, Korean, Filipino, Vietnamese, Other Asian (for example, Hmong, Laotian, 

Thai, Pakistani, Cambodian, and so on), Other Pacific Islander (for example, Fijian, Tongan and 

so on, and Other Race (please specify).  

 For descriptive statistics, race was condensed across some categories, coded as White = 0, 

Black or African American = 1, Hispanic or Latino/a = 2, American Indian or Native Alaskan = 

3, Asian = 4, and Mixed=5. However, for the latent growth curve models, race was dummy 

coded, such that White is the reference group, and people of color are coded as 1=people of 

color, 0=not people of color. This choice was optimal because adding more racial categories 

resulted in poor model fit, possibly due to overparameterization of study variables. 

3.5.3 Gender. I controlled for respondents’ gender and gender identity. In the survey, I 

asked the following categories: Man, Woman, Trans Male/Trans Man, Trans Female/Trans 
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Woman, Genderqueer/Gender non-conforming, and Not listed (Please specify). Again, there is 

evidence that women tend to have lower-quality experiences, including lower pay, in lower-level 

healthcare jobs compared to men (Dill et al., 2022). Gender was dummy coded, with men as the 

reference group, women coded as 1, and genderqueer, gender non-conforming, and/or whose 

gender was not listed as 2. Genderqueer, gender non-conforming, and those whose gender was 

not listed were separate categories in the survey, but for analysis purposes, the categories were 

combined. The Trans Male/Trans Man and Trans Female/Trans Woman categories were 

excluded from the analysis because no participants identified with them.   

3.5.4. Children/Dependents I controlled for a home care aide’s number of children 

and/or dependents. The question included a text entry option. The variable was coded as a 

continuous variable. 

3.5.5. Total Family Income. Total family income was included as a control variable and 

collected via an open-ended (text entry) response format. The variable was treated as continuous. 

In the latent growth curve models, total family income was log-transformed prior to analysis, as 

the inclusion of raw income values resulted in poor model fit. Assessing total family income, 

rather than hourly wages alone, allowed for a more comprehensive capture of financial 

resources, including additional income sources not reflected in wage-based measures. 

The log transformation was applied due to the positive skew typically observed in income 

data and to better meet the assumption of normally distributed residuals. This transformation 

reduces the influence of extreme values by compressing higher-end outliers while enhancing 

variability among lower-income values, resulting in a more normalized distribution and 

improved model estimation. 
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3.5.6. Hourly Pay. Hourly pay was also used as a control variable. Pay was measured as 

a continuous variable and was log-transformed for analysis, as including the original large values 

resulted in poor model fit. Including hourly pay was appropriate, as the majority of home care 

aides are paid hourly.  

3.5.7. Total Amount of Clients (time point 1). Only the total number of clients per 

worker at Time 1 was controlled for. This is because including the total number of clients at 

Time Points 2 and 3 could result in overcontrolling for factors that influence the total number of 

clients per worker over time (e.g., client loss or gain at later time points). 

 3.5.8. Client Gain.  I also asked whether workers lost or gained clients, as well as the 

number of clients gained, as controls. I used whether workers gained a client as a covariate, but 

not as a main predictor variable. I did not ask about how many hours or how much money was 

gained. I coded gain as a binary variable similar to loss, such that gain=1, no gain=0.  I included 

this variable because, as client loss is investigated, it was important to also consider how client 

gain might offset such losses (e.g., net loss vs net gain).  

 3.5.9. Cumulative Client Gain. For Hypothesis 2, like client loss, cumulative client gain 

was operationalized as the sum of client gain (binary; 0 = no gain, 1 = gain) across time points 

up to and including the current wave. Specifically, cumulative client gain at Time 2 was 

calculated by summing client gain at Times 1 and 2, and cumulative client gain at Time 3 was 

calculated by summing client gain across Times 1, 2, and 3.  

3.6 Other Study Demographics  

Below are variables that were originally going to be included as control variables; 

however, they were removed from models due to multicollinearity with other study variables or 
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overparameterization. Although these variables are not in the main study analyses, they are 

included in descriptive statistics. 

3.6.1 Institution Type. Participants indicated whether they worked for a public or a 

privately owned institution. To do so, I gave participants the option to select their institution type 

as “Private”, “Public”, or “I don’t know”.  In the survey, when asking participants this question, I 

define private institutions as: “nursing homes or assisted living facilities that are not owned or 

operated under a state or federal government entity” (Center for Medicare Advocacy, 2025) and 

public institutions as “nursing homes or assisted living facilities that operate and are owned by a 

government entity” (Center for Medicare Advocacy, 2025).  I also provided examples of each 

type of institution. Some examples of public nursing homes and assisted living facilities are 

Sunrise Senior Living and Wyoming Retirement Center (Center for Medicare Advocacy, 2025). 

Some examples of private nursing homes are the Ensign Group, Sacred Heart Residences, 

Genesis Healthcare, LifeCare Centers of America, and Home Instead (Center for Medicare 

Advocacy, 2025). Institution type is coded as public=0, private=1, and I don’t know=2. 

3.6.2 Education Level. I also asked participants their education level, including the 

following options: Less than a high school diploma, High school, diploma or GED, Some 

college, without degree, Trade/technical/vocational training, Associates degree (for example: 

AA, AS), Bachelor’s degree (for example: BA, BS), Master’s degree (for example: MA, MS, 

MEng, Med, MSW, MBA), Professional degree (for example: MD, DDS, DVM, LLB, JD) and 

Doctorate degree (for example: PhD, EdD).  

3.6.3 Weekly Income Lost. In supplementary analyses, regression models examined the 

association between the quantity of client loss and weekly income loss. These analyses were 

conducted both concurrently at each time point and with lagged models. Weekly income loss 
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was assessed at the end of each wave, such that participants who reported losing one or more 

clients were asked to indicate the amount of income lost as a result. Accordingly, income loss 

estimates were only available for participants who experienced client loss. 

3.7 Method of Data Analysis 

For my main method analysis, I used a longitudinal structural equation model (SEM), 

called Latent Growth Curve Modeling (LGCM), with R and R Studio. RStudio is ideal for 

structural equation modeling, particularly for more complicated analyses such as using 

continuous and binary variables for moderators (Rosseel, 2012). LGCM is one method of 

analysis for change (across individuals or groups) over time (Preacher, 2018). LGCMs have both 

measurement and structural components. The measurement component includes a measure of the 

latent variable being studied (Preacher, 2018). In the current study, I used multiple scale items to 

measure burnout, financial insecurity, job satisfaction, and turnover intentions. To measure this 

construct reliability, the model runs a confirmatory factor analysis (CFA), essentially confirming 

whether the items effectively capture the underlying construct. Some models run exploratory 

factor analyses (EFAs) if the construct is understudied or there is no pre-validated scale for it. 

 The structural component of the model measures the proposed relationships (Preacher, 

2018). Both growth curve and latent growth curve models measure variables and group them 

based on the time at which they were collected, essentially a form of multilevel modeling in 

which cases are nested by time (Preacher, 2018). More specifically, at level one of analysis 

(within unit), I examined the occasions of measurement over time, essentially the three-time 

points of survey administration. The level two of analysis (between units) then becomes the 

individual level (Preacher, 2018). I used within and between cluster variables to predict the 

initial status of my dependent variables at time 0 (i.e., the intercept) and then measure change at 
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each time cluster. As for the proposed interaction effects of perceived supervisor support (PSS), 

perceived organizational support (POS), the quantity of hours lost/number of clients lost, and the 

closeness of the client to the worker, I kept moderation at the individual unit of analysis.  

Latent growth models are unique in that they capture the cumulative or gradual effect of the 

variables of interest on outcomes over time, which is necessary for this study (Preacher, 2018). 

There are other types of analyses, like latent change score models, which also measure change 

over time. However, latent change score models measure both the direct and the reciprocal 

relationship between a dependent variable on the independent variable at the next time period 

(Preacher, 2018). This analysis is useful for some studies, for example, where a study seeks to 

examine how a change of an IV at certain time points directly impacts the DV at the same time 

point. However, these models change discretely, rather than measuring cumulative effects of IVs 

on DVs over time. 

The present study employed latent growth curve modeling (LGCM) as the primary 

analytic framework to examine longitudinal change in outcomes. LGCM offers several 

methodological and conceptual advantages that make it well-suited to the goals of this particular 

study, especially when compared to alternative approaches such as hierarchical linear modeling 

(HLM) and repeated measures ANOVA. 

First, LGCM provides a rigorous evaluation of overall model fit, allowing researchers to 

assess how well the proposed model represents the observed data. Specifically, global fit indices 

such as the chi-square statistic, root mean square error of approximation (RMSEA), standardized 

root mean square residual (SRMR), and Tucker–Lewis Index (TLI) offer multiple criteria for 

evaluating adequacy of model specification (Preacher, 2018). This is a key advantage over HLM, 

which does not provide comparable global fit indices at the model level. The availability of these 
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indices also enables systematic comparison of competing models (e.g., linear vs. non-linear 

growth, constrained vs. unconstrained parameters), facilitating the identification of the most 

parsimonious and best-fitting representation of change over time. 

Next, LGCM accommodates variability in the timing of data collection. Although the 

study design specified equal intervals between measurement occasions (60 days), participants 

completed surveys on different calendar days. LGCM allows for this type of individually varying 

time structure, as well as unequal intervals between observations, without compromising model 

estimation (Preacher, 2018). While HLM can also accommodate time variability, LGCM 

integrates this flexibility within a structural equation modeling (SEM) framework that 

simultaneously models measurement and structural components. 

Beyond these methodological strengths, LGCM is well-aligned with the substantive aims 

of this study. Importantly, the goal was not just to test whether outcomes changed over time, but 

to model individual trajectories of change. Unlike repeated measures ANOVA or basic mixed-

effects models, LGCM explicitly estimates latent intercepts (initial levels) and slopes (rates of 

change), as well as variance in these parameters across individuals. This allows for direct 

examination of whether employees differ in their starting points and in how they change over 

time. 

Moreover, LGCM enables simultaneous modeling of both between-person differences 

and within-person change. In the present study, predictors such as client loss were examined in 

relation to both intercepts (e.g., initial burnout levels) and slopes (e.g., changes in burnout over 

time), including cumulative exposure effects. This distinction is difficult to capture cleanly in 

repeated measures ANOVA or standard HLM. LGCM, by contrast, provides a clear and 

interpretable framework for disentangling these processes.  
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Finally, the use of baseline moderators (e.g., organizational and supervisor support at 

Time 1) is conceptually and analytically straightforward within LGCM. These variables can be 

specified as predictors of both intercepts and slopes, allowing for clear interpretation of whether 

support influences initial levels, rates of change, or both. In contrast, moderation in repeated 

measures ANOVA is more difficult to interpret and does not readily distinguish between effects 

on baseline levels versus trajectories of change. Although HLM can model cross-level 

interactions, LGCM provides a more integrated and interpretable framework for examining how 

baseline characteristics shape developmental trajectories. In sum, LGCM was the optimal 

analytic approach. 

3.8 Missing Data and Attrition 

Before conducting the main analysis, missing data patterns and attrition across the three 

waves of data collection were examined at both the item and wave levels in R Studio. A Missing 

at Random (MAR) test was conducted to ensure that any missing data was indeed random, and 

not due to a systematic reason, which could introduce bias. All longitudinal models were 

estimated using full information maximum likelihood (FIML) with robust standard errors 

(MLR), which retains all available data and produces unbiased estimates under Missing at 

Random (MAR) assumptions (Schafer & Graham, 2002).  

Patterns of missing data were examined at the item, scale, and wave levels prior to model 

estimation. Across baseline (Time Point 1) variables, missingness was generally low for main 

study outcomes, controls, and predictors. Most outcome scale items exhibited less than 2% 

missing data at Time 1. Demographic variables (e.g., age, income, education, gender, race, 

hourly pay, dependents) similarly demonstrated low levels of missingness, typically below 2%. 
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Perceived organizational support and supervisor support also showed low levels of missingness 

at baseline (less than 2%). 

As expected, attrition increased across time. Approximately 29% of participants were 

missing outcome data at Time Point 2, and approximately 44% were missing outcome data at 

Time Point 3. Despite this attrition, Little’s MCAR test found no strong evidence that dropout 

was systematically (non-randomly) related to the primary study variables. Moreover, bivariate 

correlations among repeated outcomes were moderate to strong (e.g., r values ranged from .45 to 

.75 for turnover intentions, financial insecurity, job satisfaction, and burnout dimensions), 

indicating temporal stability.  

To further evaluate whether attrition was associated with key outcome variables, baseline 

outcomes were correlated with later-wave missingness indicators. Associations were generally 

small in magnitude, suggesting that participants with higher or lower initial levels of turnover 

intentions, financial insecurity, job satisfaction, or burnout were not substantially more likely to 

drop out during future surveys. In addition, client loss and client gain variables demonstrated 

weak correlations with outcomes (generally r < .20), indicating that missingness in later waves 

was unlikely to be caused by client loss. 

3.9. Confirmatory Factor Analysis  

Confirmatory factor analyses (CFAs) were conducted for each multi-item construct. This 

includes turnover intentions as a two-factor model (intentions to leave and stay), financial 

insecurity, job satisfaction, and burnout as a two-factor model (emotional exhaustion and 

disengagement). Model fit was evaluated using multiple indices (χ², CFI, TLI, RMSEA, and 

SRMR). As noted in the reliability section, the confirmatory factor analyses are based off of the 

reduced subsample that completed surveys across all time points (n=170). Confirmatory factor 
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analyses (CFAs) were conducted at Time Point 1 on turnover intentions, financial insecurity, job 

satisfaction, and burnout before estimating growth models. All models were estimated using 

maximum likelihood with robust standard errors (MLR) and full information maximum 

likelihood (FIML) to handle missing data. Finally, it should be noted It should be noted that 

model fit was evaluated using multiple indices, including the comparative fit index (CFI), 

Tucker–Lewis index (TLI), root mean square error of approximation (RMSEA), and 

standardized root mean square residual (SRMR). Following conventional guidelines, values of 

CFI and TLI ≥ .90 indicate acceptable fit (≥ .95 good), RMSEA ≤ .08 indicates acceptable fit (≤ 

.06 good), and SRMR ≤ .08 indicates acceptable fit (Hu & Bentler, 1999; Kline, 2016). 

See Table 9 for confirmatory factor analysis model fit indices and Table 10 for factor 

loadings. 

(Insert Tables 9 and 10 about here) 

Confirmatory factor analyses (CFAs) were conducted using robust maximum likelihood 

estimation (MLR) with full information maximum likelihood (FIML). For turnover intentions, 

the Anticipated Turnover Scale (ATS) was specified as a two-factor construct, distinguishing 

between intentions to leave and intentions to stay. The initial model demonstrated poor to 

borderline acceptable fit, with several indices falling below recommended thresholds (e.g., CFI 

and TLI < .90, RMSEA > .08, and SRMR approaching or exceeding .08). 

Inspection of factor loadings indicated that several items demonstrated weak or non-

significant loadings (λ < .40), particularly those reflecting ambiguity or job tenure. Consistent 

with prior research, Items 4, 7, and 9 were removed. Following item removal, model fit 

improved to acceptable levels, suggesting that the misfit observed in the initial model was 
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largely attributable to these poorly performing items rather than issues with the underlying factor 

structure. 

The retained items demonstrated stronger and more consistent factor loadings on their 

respective factors, supporting the distinction between leave intentions and intention to stay. This 

two-factor structure is consistent with prior literature demonstrating improved fit for models that 

differentiate these components (e.g., χ²(19) = 48.43, p < .001, CFI = .95, TLI = .93, RMSEA = 

.095, SRMR = .040). 

Accordingly, the refined two-factor operationalization was retained. The scale 

demonstrated good internal consistency across time points, and the distinction between leaving 

and staying intentions aligns with both theoretical perspectives and empirical evidence 

suggesting these are related but distinct constructs. Given the applied nature of the study, this 

approach was deemed both theoretically and empirically justified. 

 Further, job satisfaction was modeled as a single factor and was just-identified (df = 0); 

all items loaded strongly (λ = .73–.94), supporting unidimensionality. Next, the financial 

insecurity model demonstrated acceptable fit, χ²(5) = 19.89, p = .001, CFI = .97, TLI = .94, 

RMSEA = .132 (90% CI [.086, .180]), SRMR = .025, with strong loadings (λ = .82–.94). Finally, 

burnout was modeled as two correlated factors (exhaustion and disengagement). After removing 

three items (9, 13, 14), This might lead to questions about validity… the model demonstrated 

acceptable fit, χ² (64) = 156.97, p < .001, CFI = .86, TLI = .82, RMSEA = .09, SRMR = .08, 

with all retained items loading above .50. 

3.10. Main Results Overview. 

 Unconditional latent growth curve models (LGCMs) were estimated separately for each 

outcome to examine within and between-person variability in baseline levels (at time point 1) of 
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outcomes of interest (intercepts), as well as the rates of change (slopes) across the three time 

points. Each model specified a latent intercept and linear slope factors, with slope loadings fixed 

at 0, 1, and 2, to reflect equal spacing between waves. Ultimately, these models established 

whether outcomes exhibited systematic change over time before assigning the study predictors 

(i.e., client loss) to the models.  

Fourth, conditional LGCMs were estimated separately for each outcome. Only one 

outcome was included in each model to avoid over-controlling due to correlations between some 

predictors (multicollinearity), as well as over-parameterization of the models. In these models, 

client loss was introduced as a predictor of the latent slope factor, with client gain as a control to 

account for resource gain that might offset or buffer loss, to test whether loss experiences were 

associated with change in outcomes over time. Demographic and job-related controls (age, 

gender, race/ethnicity, education, income, hourly pay, and total clients at baseline (Time Point 1) 

were included as predictors of the latent intercept to account for baseline individual differences. 

See the results section for conceptual diagrams.  

Fifth, moderation hypotheses were tested by adding interaction terms between client loss 

and proposed moderators, organizational support and supervisor support. Both organizational 

and supervisor support were predictors of the latent slope factor, used at the first time point only. 

Organizational support and supervisor support may indeed change over time, which could be a 

small study limitation. However, surveys ensured that clients were at the same organization as in 

previous surveys, minimizing the potential for drastic changes in support. 

Overall, this analytic strategy allowed for a rigorous examination of (a) average 

trajectories of worker outcomes, (b) whether client loss predicts within-person change over time, 



 59 

and (c) whether characteristics of loss or organizational/supervisor support shape worker 

outcomes. 
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CHAPTER 4: RESULTS 

4.1 Descriptive Statistics 

4.1.1. Demographic and Job Characteristics. Participants averaged 39.20 years of age 

(SD = 11.09; range = 19–77). Mean annual household income was $80,160. 37 (SD = 71, 

601.47), though this variable was highly positively skewed, indicating substantial variability. 

Average hourly pay was $23.08 (SD = 11.68). At baseline, workers served an average of 3.29 

clients (SD = 3.94) and reported an average of 1.49 dependents (SD = 1.38), and 73 (23%) of 

workers reported receiving government assistance. See Table 11. 

(Insert Table 11 about here) 

With respect to gender, 117 (37.6%) identified as men, 191 (61.4%) as women, and 3 

(1%) identified as genderqueer, gender non-conforming, and/or whose gender was not listed. 

Although trans male/trans man and trans female/trans woman were additional options, no 

participants identified with those gender identities. See Table 11. 

As for race, roughly 40% of the sample identified as people of color, with 187 (60.1%) 

identifying as White, 63 (20.3%) as Black or African American, 16 (5.1%) as Hispanic or 

Latino/a, 2 (.6%) as American Indian or Native Alaskan, 14 (4.5%) as Asian, and 29 (9.3%) 

identified as mixed. See Table 11. 

For highest level of education obtained, 1 (0.3%) participant had less than a high school 

education, 27 (8.5%) had a high school diploma or GED,  23 (7.3%) had trade or technical 

training, 52 (16.5%) had some college, 48 (15.2%) had an associate’s degree, 119 (37.7%) had a 

bachelor’s degree, 34 ( 10.8%) had a master’s degree, 5 (1.6%) had a doctorate degree, and 2 

(0.6)% had a professional degree. Finally, 89 (28.3%) reported working for a public agency, 

whereas 214 (68.2%) reported working for a private agency. All descriptives and frequencies for 



 61 

the original sample of 316 are available in Table 11, and the same descriptive statistics for the 

subgroup of 170 are available in Table 12. 

(insert Table 12 here) 

4.1.2. Descriptive Statistics for Main Study Outcomes. The sample consisted of 316 

home care aides who participated at baseline (Time Point 1). Of these participants, 223 

completed the Time Point 2 survey, and 178 completed the Time Point 3 survey. Thus, retention 

rates were approximately 71% from Time 1 to Time 2, and 56% from Time 1 to Time 3.  Thus, 

attrition was consistent with prior longitudinal research, particularly workforce-based samples. 

Overall rates often range from 30% to 70% as the number of waves increases (Gustavson et al., 

2012). Importantly, studies involving workers with generally lower wages and high turnover 

often experience elevated attrition due to job instability, irregular schedules, and economic strain 

(Dill et al., 2013). Thus, within this study context, the observed retention of 56% by Time 3 is 

comparable to longitudinal research concerning vulnerable labor populations. See Table 13. 

(Insert Table 13 about here) 

Across the three waves, turnover intentions were moderate and were generally stable. At 

Time 1, the mean turnover intention score was 3.43, on a 7-point scale (SD = 1.00), increasing 

slightly to 3.45 (SD = 1.05) at Time 2 and 3.48 (SD = 1.16) at Time 3. Essentially, there was 

little variability in turnover intentions over time. See Table 13. 

Financial insecurity was also stable over time. The mean level of financial insecurity was 

3.70 (on a 7-point scale) (SD = 1.62) at Time 1, 3.81 (SD = 1.59) at Time 2, and 3.75 (SD = 

1.59) at Time 3. Interestingly, financial insecurity scores were modestly positively skewed, and 

standard deviations were generally large, suggesting that while some workers reported lower 

insecurity, a substantial sub-portion experienced high levels of financial strain. See Table 13. 
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Job satisfaction was relatively high at Time Point 1 and demonstrated a modest decline 

across waves. At Time Point 1, the mean job satisfaction score was 4.60 (on a 7-point scale) (SD 

= 1.07), and then decreased to 4.46 (SD = 1.06) at Time 2 and 4.43 (SD = 1.17) at Time 3. 

Distributions were negatively skewed, indicating that most workers reported moderate to high 

job satisfaction. See Table 13. 

Both dimensions of burnout showed low-to-moderate levels and little change over time in 

burnout over time. Emotional exhaustion averaged 2.21 (on a 4-point scale) (SD = 0.50) at Time 

1, 2.22 (SD = 0.47) at Time 2, and 2.19 (SD = 0.51) at Time 3. Disengagement averaged 2.47 

(SD = 0.55) at Time 1, declined slightly to 2.40 (SD = 0.49) at Time 2, but increased slightly to 

2.42 (SD = 0.54) at Time 3. Distributions for both measures were approximately normal. All 

descriptive statistics for the original 316 sample are available in Table 13, and descriptions of the 

subsample of 170 are available in Table 14. 

(Insert Table 14 about here) 

4.1.3. Descriptive Statistics for Client Loss and Client Gain. Client loss was common 

across waves. At Time 1, approximately 32% of the Time Point 1 sample of workers reported 

losing at least one client, 18% of the Time Point 2 sample, and 21% of the Time Point 3 sample. 

Client gain was also frequent: 40% of workers reported gaining a client at Time 1, 28% at Time 

2, and 25% at Time 3. See Table 15. 

(Insert Table 15 about here) 

Among workers who actually lost clients at Time Point 1 (n=86), the conditional mean 

was 1.24 clients lost (70 participants lost 1 client, 11 participants lost 2 clients, and 5 participants 

lost 3 clients). At Time Point 2 (n=29), the conditional mean was 1.04 clients (27 participants 
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lost 1 client, 2 participants lost 2 clients), and 1.03 clients (29 participants lost 1 client and 1 

participant lost 2 clients) at Time Point 3 (n=30).  

Of workers who actually gained clients, the conditional mean was 1.73 clients gained at 

Time Point 1 (66 participants gained 1 client, 29 participants gained 2 clients, 16 participants 

gained 3 clients, 3 participants gained 4 clients, and 4 participants gained 5 or more clients). At 

Time Point 2, the average conditional mean was 1.82 clients gained (28 participants gained 1 

client, 13 participants gained 2 clients, 4 participants gained 3 clients, and 5 participants gained 5 

or more clients). Finally, at 1.8 (17 participants gained 1 client, 13 participants gained 2 clients, 2 

participants gained 3 clients, 1 participant gained 4 clients, and 2 participants gained 5 or more 

clients) at Time Point 3.  

By Time Point 3, workers had experienced an average of 0.56 cumulative client losses 

(SD = 0.74; range = 0–3 clients lost total) and 0.73 cumulative client gains (SD = 0.88; range = 

0–3 clients gained total). The average cumulative quantity of clients lost over time was 0.63 (SD 

= 0.88; range = 0–4), and workers reported losing an average of 5.79 cumulative weekly hours 

from client loss (SD = 11.43; range = 0–80). For the cumulative total loss for individuals who 

actually lost clients, the conditional mean was 1.1 clients lost, and the cumulative total gain 

conditional mean was 1.78 clients gained. See Table 16 for descriptives of the subgroup.  

(insert Table 16 about here) 

4.1.4. Descriptive Statistics for Organizational and Supervisor Support Workers 

generally reported high levels of perceived organizational support, with a mean of 5.16 (SD = 

1.39), and mean supervisor support was 5.22 (SD = 1.37) on 7-point scales. Both distributions 

were negatively skewed, meaning that many workers perceived their organizations and 

supervisors as generally supportive.  
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4.1.5. Bivariate Associations. As expected, leave intentions were strongly positively 

associated with stay intentions (r = .67, p < .001) and moderately positively related to financial 

insecurity (r = .24, p < .001), exhaustion (r = .43, p < .001), and disengagement (r = .45, p < 

.001). In contrast, job satisfaction was negatively associated with leave intentions (r = −.51, p < 

.001) and stay intentions (reverse coded as intent to not stay) (r = −.63, p < .001), and was also 

negatively related to financial insecurity (r = −.21, p < .001), exhaustion (r = −.45, p < .001), and 

disengagement (r = −.41, p < .001). Financial insecurity was positively associated with stay 

intentions (again, reverse coded as intent to not stay) (r = .31, p < .001), exhaustion (r = .24, p < 

.001), and disengagement (r = .34, p < .001). Finally, exhaustion and disengagement were 

strongly correlated (r = .67, p < .001), suggesting these burnout dimensions are closely related 

but distinct. See Table 17. Associations of outcome variables and client loss at each time point 

are also available in Table 18, and tables depicting the association of control variables with main 

study variables are also available in Tables 19, 20, 21, and 22. 

(Insert Tables 17-22 about here) 

4.2. Unconditional Latent Growth Curve Models    

 Unconditional latent growth curve models (LGCMs) were estimated for turnover 

intentions (intentions to leave and stay), financial insecurity, job satisfaction, and burnout 

(emotional exhaustion and disengagement) across three waves using full information maximum 

likelihood with robust standard errors (MLR). Each model specified two latent factors: an 

intercept factor representing individuals’ initial levels of the outcome and a slope factor 

representing linear change over time. The intercept factor was defined with equal loadings fixed 

at 1 across all time points, while the slope factor was specified with loadings fixed at 0, 1, and 2 

across Time 1, Time 2, and Time 3, respectively, reflecting a linear trajectory. 
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The means of the intercept and slope factors were freely estimated to capture average 

baseline levels and average change over time, and their variances were estimated to assess 

individual differences in both initial status and trajectories. The covariance between the intercept 

and slope was also estimated to examine whether initial levels were associated with subsequent 

change. Observed outcome intercepts were fixed to zero so that all mean structure was 

represented by the latent growth factors. 

Model fit was evaluated using χ², CFI, TLI, RMSEA, and SRMR. Unconditional models 

provide important baseline information by indicating whether outcomes change over time 

independent of predictors, thereby informing the interpretation of subsequent conditional models. 

All models were estimated using the constrained analytic sample. 

Overall, results indicated minimal change over time across most constructs, except job 

satisfaction. For turnover intentions, both leave intentions and intentions to stay demonstrated 

good to excellent model fit. In both cases, intercepts were significant, indicating moderate 

baseline levels, while slopes were not significant (bs = 0.08–0.11, ps > .05), suggesting no 

meaningful change over time. Significant variability in intercepts, and, for leave intentions, 

slopes, indicated individual differences in baseline levels and, to a lesser extent, trajectories. 

However, because intention to stay did not demonstrate meaningful change, it was not included 

in subsequent conditional models. 

A similar pattern emerged for financial insecurity, which demonstrated good fit and 

moderate baseline levels (M = 3.68, p < .001), but no significant change over time (b = 0.03, p = 

.550). While individuals differed in baseline levels, there was no variability in change, and 

financial insecurity was therefore excluded from further analyses. Burnout showed a comparable 

lack of change. Exhaustion demonstrated good model fit and a significant intercept but a non-
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significant slope, indicating stable levels over time. Disengagement, however, demonstrated poor 

fit and estimation issues (e.g., negative slope variance) and was not interpreted further. Given the 

absence of meaningful change and model concerns, burnout was excluded from conditional 

analyses. 

In contrast, job satisfaction demonstrated excellent model fit and was the only outcome to 

exhibit significant change over time. Baseline levels were high (M = 4.69, p < .001), with a small 

but significant decline across waves (b = -0.13, p = .002). Although individuals differed in 

baseline levels, there was no variability in change trajectories. Accordingly, job satisfaction and 

turnover intentions (leave intentions) were retained for subsequent conditional models, as they 

demonstrated either meaningful change or theoretical relevance. See Table 23 for model results 

and Figures 1 and 2 for trajectory visualizations. 

(insert Table 23, Figure 1, and Figure 2 about here) 

4.3. Conditional Latent Growth Curve Models 

Following the estimation of unconditional latent growth curve models, conditional latent 

growth curve models were estimated only for outcomes that exhibited average change 

trajectories (i.e., job satisfaction) or individual change trajectories (i.e., intention to leave). 

Across all models, latent intercepts represented baseline levels at Time 1, and latent slopes 

represented linear change across three waves. Models again used full information maximum 

likelihood (FIML) with robust standard errors (MLR). Age, gender, race, education, total family 

income, hourly pay, and total number of clients at Time 1 were included as controls predicting 

the intercept in all conditional models. Client gain (time-specific or cumulative, depending on 

model) was included as a covariate predicting the slope to account for resource acquisition 

processes. The latent intercept and slope were allowed to covary.   
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4.3.1 Hypothesis 1: Time-Varying Client Loss and Effects on Study Outcomes. 

Hypothesis 1 predicted that recent client loss would be associated with worse outcomes at each 

time point, including higher turnover intentions and lower job satisfaction. See Table 24 for 

results and Figure 3 for a conceptual diagram.  

(Insert Figure 3 and Table 24) 

Overall, results did not support this hypothesis. Across models, client loss was not a 

significant predictor of either leave intentions or job satisfaction at any time point (ps > .19), 

indicating that recent client loss was not consistently associated with changes in worker 

outcomes. 

For leave intentions, the model demonstrated excellent fit, χ²(27) = 33.79, p = .17, CFI = 

.97, RMSEA = .038, SRMR = .028. However, neither client loss nor client gain significantly 

predicted leave intentions at any time point. Similarly, for job satisfaction, although the model 

demonstrated acceptable fit, χ²(27) = 50.57, p = .004, CFI = .89, RMSEA = .063, SRMR = .034, 

client loss and gain were not significant predictors. Instead, job satisfaction showed a small but 

significant decline over time (b = -0.14, p = .021), suggesting that changes in job satisfaction 

may reflect broader temporal trends rather than the immediate impact of client loss. 

To further examine whether more objective indicators of work disruption were associated 

with outcomes, additional models were estimated using total hours lost and number of clients 

lost. Results were largely consistent with the primary analyses. Neither hours lost nor number of 

clients lost significantly predicted job satisfaction at any time point (ps > .20), although job 

satisfaction continued to decline over time (bs ≈ -0.14, ps < .01). For leave intentions, hours lost 

was associated with higher intentions to leave at Time 2 only (b = 0.016, p = .030), but this effect 

was not observed at other time points, and number of clients lost was not a significant predictor. 
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Across models, age emerged as a consistent predictor, with older workers reporting lower leave 

intentions (b ≈ -0.03, p = .001) and higher job satisfaction (b ≈ 0.02, p = .004). Additionally, 

genderqueer, gender nonconforming, or unspecified individuals reported higher leave intentions 

compared to men (bs ≈ 0.90–0.97, ps ≤ .001), though this finding should be interpreted 

cautiously given the small subgroup size. 

Taken together, these findings provide little support for Hypothesis 1. Neither subjective 

(client loss) nor objective (hours or clients lost) indicators of work disruption were consistently 

associated with worker outcomes, suggesting that short-term client loss may not have the 

immediate impact on well-being and turnover intentions that was hypothesized. 

4.3.2 Hypothesis 2: Cumulative Loss and Effects on Study Outcomes. Hypothesis 2 

predicted that cumulative client loss across time would be associated with worse outcomes. See 

Table 25 for results and Figure 4 for a conceptual diagram.  

(Insert Figure 4 and Table 25) 

Overall, results did not support this hypothesis. Cumulative client loss and gain were not 

significant predictors of either leave intentions or job satisfaction at any time point (ps > .49), 

indicating no evidence of compounding effects of client loss over time. 

For leave intentions, the model demonstrated excellent fit, χ²(27) = 31.50, p = .25, CFI = 

.98, RMSEA = .03, SRMR = .03; however, cumulative loss was not associated with changes in 

leave intentions, and the slope remained non-significant (b = 0.08, p = .34). Similarly, for job 

satisfaction, although the model demonstrated acceptable fit, χ²(27) = 37.96, p = .078, CFI = .93, 

RMSEA = .05, SRMR = .03, cumulative loss and gain were not significant predictors. Instead, 

job satisfaction continued to decline over time (b = -0.18, p = .006), consistent with prior models. 
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Age remained a significant predictor of job satisfaction, with older workers reporting higher 

levels (p < .01). Taken together, these findings provide no support for Hypothesis 2 and suggest 

that client loss does not accumulate in a way that exacerbates worker outcomes over time. 

4.3.3 Hypothesis 3: Organizational Support as a Moderator of Client Loss. 

Hypothesis 3 predicted that organizational support would moderate the relationship between 

client loss and outcomes, such that higher support would buffer negative effects. See Table 26 

for results and Figure 5 for a conceptual diagram.  

(Insert Figure 5 and Table 26) 

Results did not support this hypothesis. Organizational support did not significantly 

moderate the relationship between client loss and either leave intentions or job satisfaction at any 

time point (ps > .11). 

For leave intentions, the model demonstrated excellent fit, χ²(33) = 42.04, p = .13, CFI = 

.96, RMSEA = .040, SRMR = .027. Although no moderating effects were observed, 

organizational support demonstrated a strong and consistent main effect, with higher baseline 

support associated with lower leave intentions across all time points (b = -0.42 to -0.34, ps < 

.001). See Figure 6. A similar pattern emerged for job satisfaction, where organizational support 

was positively associated with higher job satisfaction across all time points (b = 0.31 to 0.38, ps 

< .001) but did not interact with client loss. See Figure 7. 

(insert Figures 6 and 7 about here) 

These findings suggest that organizational support functions as a promotive resource, 

associated with improved worker outcomes overall, but does not buffer the specific effects of 

client loss. Thus, Hypothesis 3 received limited support. 
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4.3.4 Hypothesis 4: Supervisor Support as a Moderator of Client Loss. Hypothesis 4 

predicted that supervisor support would moderate the relationship between client loss and 

outcomes. See Table 27 for results and Figure 8 for a conceptual diagram.  

(Insert Figure 8 and Table 27 for results) 

Results did not support this hypothesis. Supervisor support did not significantly moderate 

the relationship between client loss and either leave intentions or job satisfaction. Although 

marginal interaction effects were observed for leave intentions at Time Points 1 and 2, these 

effects were not consistent across time and therefore do not provide reliable evidence of 

moderation. 

The model for leave intentions demonstrated excellent fit, χ²(33) = 40.92, p = .16, CFI = 

.97, RMSEA = .038, SRMR = .025. Supervisor support demonstrated strong main effects, with 

higher support associated with lower leave intentions across all time points (b = -0.39 to -0.30). 

See Figure 9. 

Similarly, for job satisfaction, supervisor support was positively associated with higher 

job satisfaction across time (b = 0.24 to 0.33, ps < .01), but no moderating effects were observed. 

See Figure 10.  

(insert Figures 9 and 10 about here) 

Overall, these findings indicate that supervisor support, like organizational support, 

functions as a promotive rather than protective resource, improving outcomes generally but not 

altering the impact of client loss. Thus, Hypothesis 4 received limited support. 

4.4. Supplementary Analyses  

4.4.1 Income Loss and Study Outcomes. Supplementary analyses were conducted to 

examine whether objective income loss was associated with any of the study outcomes (burnout-
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exhaustion, financial insecurity, turnover intentions, both intentions to leave and stay, and job 

satisfaction). Across all outcomes, income loss was not a significant predictor at any time point. 

For leave intentions, income loss was not significantly associated with outcomes at Time Point 1 

(b = 0.000, p = .296), Time Point 2 (b = 0.001, p = .106), or Time Point 3 (b = 0.001, p = .176). 

Similarly, income loss did not predict intention to stay (ps = .25–.80), job satisfaction (ps = .48–

.98), financial insecurity (ps = .10–.73), or exhaustion (ps = .17–.78). 

In contrast, several control variables demonstrated consistent relationships with 

outcomes. Age was associated with lower leave intentions (b = -0.028, p = .001) and lower 

exhaustion (b = -0.010, p < .001), as well as higher job satisfaction (b = 0.018, p = .003). Income 

level was associated with lower financial insecurity (b = -0.916, p < .001), lower exhaustion (b = 

-0.134, p = .009), and lower intention to stay (b = -0.262, p = .048). Hourly pay was also 

associated with lower financial insecurity (b = -0.987, p = .002). Additionally, individuals 

identifying as genderqueer, gender nonconforming, or not specifying gender reported higher 

leave intentions (b = 0.944, p = .001), higher financial insecurity (b = 2.147, p < .001), and 

higher job satisfaction (b = 0.411, p = .038), as well as lower intention to stay (b = -0.552, p = 

.041) compared to men. Tables are available upon request. 

4.4.2. Income Loss and Client Loss. Supplementary analyses confirmed that client loss 

was strongly and consistently associated with income loss across all time points (bs ≈ 184–237, 

ps < .001), indicating that each additional client lost corresponded to significant reductions in 

earnings. Specifically, each client lost was associated with an average of $237 weekly earnings 

lost at Time Point 1, $236 at Time Point 2, and $184 at Time Point 3. However, despite this clear 

financial consequence, income loss was not associated with changes in job satisfaction or 

intentions to leave. This pattern suggests that although clients are a meaningful economic 
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resource loss, their effects may be absorbed or mitigated within a broader context of chronic 

financial precarity, limiting their impact on worker well-being. Tables are available upon 

request. 

4.5. Summary of Qualitative Responses to Reasons for Leaving  

In surveys two and three, participants were asked, “Since the last survey, are you still 

working in the same role (personal or home health aide) for adults 65+?” and “Have you 

switched agencies/employers since the last survey?” If participants selected “No” for the first 

question or “Yes” to the second question, skip logic presented them with the following question: 

“Sorry you no longer qualify for the main study. However, you will still be compensated for this 

survey. Please indicate why your employment situation has changed” and then were presented 

with the following options “Quit (please explain more)”, “My employer/institution fired me 

(please explain more)”, “Other reason” (please explain more”, and “I do not wish to share”.  

Financial concerns were one of the most common reasons for leaving the job. Participants 

from Time Point 2 directly stated: “Financial stress and low wages,” and “My hours got cut, so I 

ended up having to put more hours into my other job to make up for the loss of wages.” At Time 

Point 3, one participant stated they left because “I found a new job with better pay and hours,” 

and another stated, “I got offered a new position with higher pay.”  These responses indicate that 

compensation was either insufficient or unstable, and it is notable that they did not just cite 

“better pay,” but specifically referenced needing to compensate for lost wages or reduced hours. 

This suggests both low resource attainment (low wages) and opportunity for further resource 

growth (higher-paying positions elsewhere).  

 Several responses also referenced instability in employment structure and hours. From 

time point 2, participants stated they left because: “The position wasn’t needed anymore, so I had 
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left.”, one participant was “Transferred to a sister facility.”, while another’s “hours got cut…”. 

Relatively, at Time Point 3, a participant stated, “My employment status changed due to a recent 

role transition and reduced work hours.” These responses indicate that turnover was not 

necessarily voluntary but related to organizational restructuring, like the elimination of roles or 

reduced hours. Reduced hours appear connected to financial strain, reinforcing how structural 

instability may motivate turnover.  

Work-related stress and burnout were also common issues, particularly at Time Point 2. 

A participant at Time Point 3 indicated leaving because the job “was very stressful”. A different 

participant from Time Point 2 indicated: “I was responsible for training new hires as part of my 

role. However, the turnover rate was so high that I was having to spend a massive amount of 

time training new hires on top of my daily duties. I got burnt out and had to make a change.” The 

stress described appears organizational rather than interpersonal. It reflects structural issues that 

are apparent in the quantitative analysis.  

Some responses emphasized not just dissatisfaction, but upward mobility or improved 

circumstances outside of their current job, for example, one participant at Time Point 3 stated: “I 

found a new job with better pay and hours.” Another participant stated, “I got offered a new 

position with higher pay.” These responses suggest that there is a pull to look externally for 

better work options, perhaps because of poor job quality in home care.  

 Finally, a smaller subset of responses reflected life events rather than job dissatisfaction: 

one participant at Time Point 3 stated, “I married and moved”, while another stated, “I went for a 

break.”. Notably, however, a good portion of participants selected “I do not wish to share” as an 

option. Overall, across Time Points 2 and 3, the most consistent themes were: Financial strain 



 74 

(specifically low wages), reduced hours and job instability, burnout and excessive workload, and 

leaving for better job opportunities. 
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CHAPTER 5: DISCUSSION 

Drawing on Conservation of Resources (COR) theory (Hobfoll, 1989, 2001), the present 

study examined whether consistent client loss predicts changes in home care aides’ financial 

insecurity, job satisfaction, turnover intentions, and burnout over time. The study also tested 

whether characteristics of loss or workplace resources buffer or amplify these relationships. COR 

theory posits that individuals strive to obtain and protect valuable resources (e.g., income, stable 

employment, energy, social support), and that stress occurs when resources are threatened, lost, 

or lack opportunities for replenishment (Hobfoll, 1989, 2001; Hobfoll et al., 2018). Further, COR 

theory emphasizes that chronic resource loss contexts can shape how individuals experience 

specific stressors and their overall well-being, 

Across models, results revealed little temporal change across most outcomes, with job 

satisfaction showing a modest, consistent decline over time, and turnover intentions showing 

individual variability in change trajectories. Contrary to study predictions, time-specific client 

loss, cumulative client loss, and additional indicators of loss (i.e., number of clients lost, hours 

lost, and income loss) were not consistently associated with within-person changes over time. 

These findings suggest that client loss does not function as a discrete shock that alters short-term 

well-being and job attitudes. Instead, the results implicate a broader context of chronic structural 

precarity in which resource threat is ongoing, which may explain the lack of incremental impact 

of individual loss events. 

Descriptive statistics add nuance to this argument, such that at baseline, workers reported 

moderate levels of turnover intentions, financial insecurity, emotional exhaustion, and 

disengagement, with surprisingly higher job satisfaction. Correlations between variables were 

stable across waves, which align with COR theory, such that higher burnout and financial 
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insecurity are often correlated with higher turnover intentions and lower job satisfaction (Hobfall 

et al., 2018). These patterns indicate that home care aides endure conditions that are defined by 

constraint and constant resource loss, which may limit the degree to which additional or 

continuous stressors produce any meaningful differences in change. Higher hourly pay and 

income in additional models were indeed related negatively to financial insecurity, highlighting 

the prevalence of a steady income (i.e., energy resources) in home health aide well-being 

(Hobfall et al., 2018). Relatively, the study confirms that client loss is indeed strongly tied to 

income loss. 

Further, older workers reported higher satisfaction, which might allude to healthcare 

workers who enjoy their job staying longer, differing generational attitudes around work, or 

better coping skills from older workers (Carstensen, Isaacowitz, & Charles, 1999; Ng & 

Feldman, 2010). individuals identifying as genderqueer, gender non-conforming, and/or whose 

gender was not listed had higher financial insecurity. This confirms research that gender 

minorities (Stamarski & Son Hing, 2015; Hackett et al., 2024) still experience great levels of 

structural inequity that results in worsening well-being and job attitudes. 

5.1 Stability of Various Outcomes in a Precarious Occupation 

Home care work in the United States is characterized by generally low wages, unstable 

hours, limited benefits, and a lack of worker protections (Boris & Klein, 2012; Montgomery et 

al., 2005; Paraprofessional Healthcare Institute, 2023). National studies document high levels of 

financial insecurity, stress, and turnover intentions among home care aides (Campbell et al., 

2014; Howes, 2008; Stone & Bryant, 2019). The moderate baseline levels of financial insecurity, 

burnout, and turnover intentions observed in this study, and higher job satisfaction, are somewhat 

surprising compared to traditional home care literature. One potential explanation for this might 
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be that the sample is from generally supportive or higher-quality facilities. Alternatively, perhaps 

pushes for higher pay and organizational reforms have come to fruition in certain home care 

agencies. However, less surprising is the general decline in job satisfaction over time, as well as 

the importance of organizational and supportive support for well-being, links of hourly wages 

and income to financial security, and dependency on clients for income.  

From a COR perspective, these findings indicate that home care aides operate within 

environments in which losses (i.e., clients) are frequent. Thus, stress seems to be chronic rather 

than distinguishable by certain events (i.e., client loss), and workers may experience a form of 

resource depletion that is generally stable, if not expected, over time. This helps explain why 

most of the study outcomes did not exhibit much change. Overall, home care aides remain 

embedded in a persistently precarious resource context. i.e., a resource caravan (Hobfall, 2001; 

Hobfall et al., 2018). However, there is also a possibility that client loss was offset by client gain, 

which was included in all models as a control variable. Approximately 32% of the Time Point 1 

sample of workers reported losing at least one client, while 18% reported losing a client at Time 

Point 2, and 21% at Time Point 3. However, since client gain was also frequent, with 40% of 

workers reporting gaining a client at Time 1, 28% at Time 2, and 25% at Time 3, this could have 

offset some negative effects of client loss.  

Moreover, client loss may represent a relatively common, ongoing stressor rather than a 

significantly stressful event. Workers may often expect client loss due to hospitalization, 

transfer, or death (Dill et al., 2016; Stacey, 2011). As a result, home care aides may come to view 

client loss as a routine feature of their job. Some COR theory suggests that when losses are 

expected, negative psychological impact can be reduced (Hobfoll, 1989; Hobfoll et al., 2018).  

This normalization of instability smooths out the psychological and economic consequences of 
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individual loss events over time and helps explain why client loss did not predict change in 

outcomes over time.  

Furthermore, the surveys were spaced 60 days apart. Thus, instances of client loss and/or 

gain could have taken place any time within the 60-day time periods. Perhaps, client loss may 

present very short, temporary job attitudinal and well-being changes, resulting in these four 

outcomes “leveling out” quite quickly due to home care aides, particularly if a worker is “used 

to” client loss. Further, within that 60-day time period, it is also possible that participants may 

have lost clients but had rapid reassignment afterwards. Higher job satisfaction and lower 

turnover intentions of older workers might also indicate that when workers are accustomed to the 

precarious nature of the job, well-being and job attitudes “smooth out”. Alternatively, initial 

client loss might be more shocking for younger or less experienced home care workers. 

 That being said, among the outcomes examined, job satisfaction was the only outcome 

that demonstrated an average decline over the three time points. Research suggests that home 

care workers frequently report strong intrinsic motivation from helping clients (i.e., prisoners of 

love (England, 2005), even when they may simultaneously have dissatisfaction with pay, 

workloads, and lack opportunities for advancement (Baines, 2017; Montgomery et al., 2005; 

Stacey, 2011). Over time, the accumulation of frustrations with poor pay and other issues with 

the job may start to outweigh the intrinsic rewards of caregiving, which might explain the 

erosion of job satisfaction over time.  

COR theory offers insight into this pattern. Specifically, job satisfaction can reflect 

emotional states, as evidenced by the relatively close relationships workers reported having with 

their clients. Job satisfaction, however, also includes workers’ evaluations of whether their jobs 

provide resource returns, especially when their intrinsic motivation and effort are high (Hobfoll, 
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1989; Hobfoll et al., 2018). As deficits of essential energy resources persist, like low wages, 

workers may become frustrated with their jobs, resulting in lower job satisfaction.  

Moreover, organizational support and supervisor support did predict increasing job 

satisfaction over time. Supportive supervisors, as well as respect and feeling valued by 

employers, are some of the strongest predictors of job satisfaction and intention to stay in direct 

care and healthcare work (Bishop et al., 2009; Dill et al., 2016; Stone & Bryant, 2019). 

Reflecting on COR theory, organizational and supervisor support might function as gains, or 

alternatively, operate as more supportive resource caravans, that increase positive job attitudes, 

even when other unfavorable conditions persist. Higher levels of perceived support were also 

moderately correlated with lower burnout and lower turnover intentions, reinforcing their role as 

critical to home care aide satisfaction and retention.  

Finally, it should be noted that average turnover intentions followed an overall stable 

trajectory; there was notable between-person variability in change over time. Ultimately, this 

means that individuals with different baseline intentions to leave had differing patterns of change 

across time points. This suggests that workers did not respond in a uniform fashion to potentially 

negative work conditions. Thus, people differ in their intentions to leave over time. 

From a COR perspective, this variability may reflect differences in workers’ access to 

and accumulation of resources. Individuals with more stable income or more support may be 

able to maintain or reduce. this mirrors the argument that variability in turnover intentions over 

time may be driven more by structural and economic conditions (e.g., income stability, family 

income support) than by specific events of loss, such as client loss. 

5.2 Demographic Patterns 
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Significant relationships between outcome variables and demographic variables emerged. 

First, older workers consistently reported lower turnover intentions, lower exhaustion, and higher 

job satisfaction at baseline. This pattern is consistent with some prior studies on older workers, 

suggesting that they possess greater occupational stability, emotional regulation skills, and 

coping resources that buffer work-related stressors, compared to younger workers (Carstensen, 

Isaacowitz, & Charles, 1999; Ng & Feldman, 2010). Older aides may also have more realistic 

expectations about home care work and its inherent precarity/instability. 

Next, individuals identifying as genderqueer, gender non-conforming, and/or whose 

gender was not listed reported higher financial insecurity, intentions to leave, and exhaustion 

compared to men. These patterns are consistent with evidence that gender minorities experience 

higher workplace stress due to structural inequalities and workplace marginalization (Badgett, 

Durso, & Schneebaum, 2013; Kalleberg, 2011; Levanon, 2009; Osterman, 2019). However, only 

three individuals were in this category, so the results may be limited in generalizability.  

5.3 Why Did Characteristics of Client Loss Not Matter? 

Hypotheses predicted stronger effects of client loss when workers lost more clients, more 

hours, or experienced greater financial disruption. However, these expectations were not 

supported. Across multiple model types including time-varying, cumulative, and objective 

indicators of loss (hours lost, number of clients lost, and income loss), results show no consistent 

effects on job satisfaction and turnover intentions. 

These findings suggest that loss and characteristics of loss do not meaningfully alter 

worker outcomes in this context. Again, workers may become accustomed to repeated exposure 

to loss and develop coping strategies over time (Stacey, 2011; Wingfield, 2019). COR theory 

suggests that individuals in chronically resource-poor environments may shift toward 
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conservation strategies (like cognitive reframing) that stabilize well-being and job attitudes 

(Hobfoll, 1989; Hobfoll et al., 2018). 

5.4 Support Promotive of Well Being 

Organizational and supervisor support did not moderate the effects of client loss, but both 

demonstrated important main effects on turnover intentions and job satisfaction at each time 

point. This pattern suggests that support operates primarily as a promotive resource, improving 

overall well-being rather than buffering specific stressors. Some research on low-wage service 

work finds that supportive cultures enhance morale but cannot compensate for larger structural 

disadvantages (Bishop et al., 2009; Dill et al., 2016). In COR theory, this aligns with evidence 

that resource gains are most powerful when they offset substantial or more life-altering losses, 

but less impactful gains may not make a significant difference in structurally precarious contexts 

(Hobfall 1989, 2001; Hobfall et al, 2018). Even supportive supervisors may be limited in their 

capabilities to offset lost income, unstable schedules, and other precarious issues with home care 

work.  

5.5. Structural Inequality of Home Care Work 

Across models, income and hourly pay consistently predicted baseline levels of well-

being. In contrast, income loss, despite being directly tied to client loss and reflecting substantial 

reductions in earnings, was not associated with changes in outcomes. These findings suggest that 

stable economic conditions (i.e., income level and pay) are more influential for worker well-

being than short-term fluctuations in earnings. 

These patterns align with COR theory, which emphasizes that individuals embedded in 

chronic resource scarcity (i.e., poor resource caravans) are shaped more by stable resource 

availability than by discrete loss events. In such contexts, workers may already be operating near 
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resource depletion, such that additional losses do not produce meaningful changes in well-being. 

Thus, structural features of home care work, including low wages or lacking income, appear to 

exert stronger and more consistent effects on worker well-being than client-level events. 

5.6 Income Loss and Client Loss 

Supplementary analyses provide evidence that client loss is significantly associated with 

income loss among home care aides. Across all study waves, losing clients was associated with 

steep reductions in weekly income. Specifically, for each additional client lost, home care aides 

lost approximately $184–$287 weekly. These results highlight the direct and immediate financial 

consequences of client turnover within home care work, emphasizing the structural dependence 

of maintaining stable client assignments for steady income.  

Thus, this introduces a complex relationship between resource loss and study outcomes 

for home care aides. Study findings suggest that income loss is indeed associated with client loss; 

however, client loss was not meaningfully associated with study outcomes. Again, a reasonable 

explanation for this is that home care aides might “expect” periodic income loss. Further, 60 

days may be too long of a time period to capture an individual’s immediate financial insecurity 

(or other well-being indicators) that follow client loss. Sixty days may be ample time to have 

clients reassigned or give workers time to recover from initial financial insecurity. This might 

explain why income and hourly wages are associated with financial insecurity, and client loss is 

associated with income loss, but client loss did not impact reported well-being.  

From the perspective of Conservation of Resources (COR) theory (Hobfoll, 1989; 

Hobfoll et al., 2018), these findings somewhat complicate client loss as a resource loss event. 

COR theory posits that resource loss is particularly impactful when it threatens individuals’ 

ability to maintain stability or meet basic needs (Hobfoll, 1989; Hobfoll et al., 2018). The strong 
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and consistent association between client loss and income loss observed in this study suggests 

that client loss constitutes a meaningful depletion of financial resources for home care aides, but 

not necessarily attitudinal or well-being indicators.  

Thus, these results suggest that the income loss triggered by client loss may be relatively 

contained or expected, rather than setting off continual resource loss spirals. Again, workers may 

be able to offset or recover from these losses, either through reassignment to new clients or 

through other external financial resources. This is logical, as individuals with higher total family 

income and higher waves reported higher well-being.  Thus, while client loss clearly initiates 

resource loss in the form of reduced income, the lack of downstream effects on worker well-

being suggests that this loss may be a temporary and/or anticipated component of home care 

work.  

5.7 Policy Implications 

The study findings carry important public policy and organizational practice implications. 

Findings reinforce substantial evidence of the structural issues that home care workers face. 

Although client loss can be an emotionally and economically impactful event, its effects appear 

to be particularly unique within a setting of high precarity. Thus, policy efforts should focus on 

improving the economic foundations of home care work. Some examples include minimum 

working hours per week, increased access to benefits, and higher reimbursement rates upon 

client shift cancellation. States that have already implemented wage pass-through policies (e.g. 

Arizona, Colorado, Minnesota ), minimum wage standards for direct care workers (i.e.; industry 

specific wage standards are passed in New York and Colorado), or collective bargaining 

arrangements (i.e., California, Illinois, Oregon, Washington) have relatively higher job quality 

and worker retention (Boris & Klein, 2012; Natonal Governor’s Association, 2022).  
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Second, the significant relationships between hourly pay, total family income being 

related to financial insecurity, as well as client loss being linked to income loss, underscoring the 

importance of better compensation for home care aides. Even supportive supervisors and 

organizations cannot fully offset the negative effects of low wages. From a COR perspective, 

material resources are pivotal, such as income and consistent working hours. Without reasonable 

compensation, workers remain vulnerable to ongoing resource loss spirals. Another avenue is 

raising Medicaid reimbursement rates, so that home care agencies have a higher budget to offer 

competitive wages (American Healthcare Association, 2025; National Governors Association, 

2022; Osterman, 2019). Policymakers should consider linking public reimbursement to 

enforceable wage standards and creating more attainable career ladders for internal mobility to 

promote long-term workforce sustainability.  

It should also be noted that stability of burnout and financial insecurity over time 

suggests that home care workers may operate under chronic strain, which raises concern for 

physical and mental health (Hobfall et al., 2018; Odle-Dusseau et al., 2018; Weinstein and Stone, 

2018). The United States healthcare system needs to implement these protections, particularly for 

vulnerable and essential workers, accordingly, including access to affordable health insurance, 

mental health services, and paid sick leave. Although organizational and supervisor support did 

not buffer the effects of client loss, both demonstrated consistent positive teffects for job 

satisfaction and reduced intentions to leave at every time point. This distinction is important, 

such that supportive work environments may not eliminate the impact of client loss but rather 

shape overall worker well-being and job attitudes. From a COR perspective, organizational and 

supervisor support function as resource gains that might raise base-level well-being, even if they 

do not fully offset other resource deficits. In this study, job satisfaction was the only outcome 
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that had negative trajectories over time, and both forms of support predicted improved job 

satisfaction over time. This suggests that relational and organizational resources are especially 

important for sustaining workers’ well-being.  

Agencies should therefore invest in supervisor training that emphasizes relational 

leadership, communication, and recognition, intentional check-ins following client loss, clear and 

structured reassignment processes, and transparent communication about scheduling and 

compensation. Given that supervisors in home care often manage many workers and receive little 

formal training (Scales, 2021), it is important to invest in home care supervisors, whether that is 

increasing the number of supervisors at an agency, providing leadership development 

opportunities, and/or increasing supervisor pay. This indirectly improves worker well-being if 

the supervisors feel supported themselves.  

Further, the insignificant findings for client loss allow to study outcomes allow us to 

reconsider how care work is conceptualized. That being said, client loss is indeed strongly linked 

to income loss. Home care agencies may benefit more from normalizing client transitions as an 

expected part of care work and can better streamline rapid client reassignment, minimizing 

economic consequences. For example, home care agencies can enact formalized protocols for 

reassignment within a defined timeframe, temporary or compensatory income guarantees 

following client loss, and grief-processing practices and resources (Boerner et al., 2015). These 

approaches align with COR theory by prioritizing protection of financial (physical) resources, 

while also recognizing the importance of providing emotional and mental health resources. 

Demographic patterns also further underscore the importance of equity-focused reforms. 

Gender minorities had higher levels of financial insecurity and turnover intentions compared to 

men. From a COR perspective, historically disadvantaged groups are less likely to be able to 
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gain necessary resources and face greater barriers for future resource gain, placing them in a 

more precarious position (Hobfoll, 1989; Hobfoll et al., 2018). Investments in home care wages 

may help alleviate some of these differences by reducing reliance on public assistance, 

improving family financial security, and even enhancing the quality of care for clients. 

Finally, it should be noted that observed variability in turnover intentions at the within-

person level suggests that a “one-size-fits-all” approach to reducing turnover may not be 

sufficient. Policies and organizational practices should indeed prioritize stabilizing core 

economic and work conditions, again, like higher wages, income consistency, predictable hours, 

and supportive supervision, while allowing for flexibility to meet workers’ differing needs. 

Custom supports for some workers may be particularly important for workers experiencing 

greater resource instability (i.e., frequent client loss), as they may be more vulnerable to 

increases in turnover intentions over time. 

Ultimately, these findings provide clarity on how worker well-being in home care should 

be conceptualized. Rather than viewing adverse events, like client loss, as primary stressors, 

evidence points toward chronic precarity (particularly economic) as the more powerful and 

persistent force. Consistent with COR theory, structural resource deficits appear to have a greater 

impact on worker well-being than isolated events. Policymakers and organizational leaders 

should therefore work towards reforming the underlying employment structure of home care 

work, such as better pay, schedule stability, and benefits, to name a few. 

5.8. Study Strengths 

The present study offers some methodological and theoretical strengths. First, the use of a 

longitudinal, multi-wave design allows for direct examination of within-person changes across 

multiple outcomes rather than relying on cross-sectional data. COR theory emphasizes that stress 
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unfolds dynamically as individuals lose or gain valued resources across time (Hobfoll, 2001). By 

analyzing survey data across three time points, the present study captures this temporal unfolding 

of resource loss and gain (i.e., client loss and gain). This allows for a deeper analysis of how 

outcomes such as financial insecurity, burnout, job satisfaction, and turnover intentions 

accumulate, stabilize, or change following client loss.  Although most results were contrary to 

expectations, important implications about decreasing job satisfaction over time, the importance 

of organizational and supervisor support across time, and clear links to client loss and income 

losses over time highlight the importance of economic and relational supports for home care 

workers. 

Second, latent growth curve modeling (LGCM) is methodologically rigorous, as it 

enables simultaneous estimation of initial status (intercept) and rate of change (slope) as latent 

constructs (Bollen & Curran, 2006). Importantly, this strategy aligns closely with COR theory’s 

emphasis of resource change over time. By modeling client loss as predictors of growth 

trajectories, the study operationalizes COR’s dynamic framework in a manner that remains 

understudied in direct care/home care work literature. 

Third, including both time-specific and cumulative predictors allows the study to 

distinguish between both the more recent effects of recent client loss and longer-term cumulative 

effects. COR theory posits that distinct resource loss events can initiate stress reactions, but 

repeated loss if particularly impactful, often eroding an individual’s capacity to offset future 

losses (Hobfoll, 1989, 2001). By explicitly modeling wave-specific and cumulative loss the 

study directly evaluates whether worker outcomes reflect short-term shocks or worsening 

trajectories. The finding that neither time-specific nor cumulative loss predicted change provides 

evidence that workers in chronically resource-poor environments may be susceptible to other 
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poor resources (resource caravans) experience stable, and are susceptible to future loss (Hobfoll, 

1989, 2001).  

Finally, examining multiple outcomes (financial insecurity, burnout, job satisfaction, and 

turnover intentions) reflects COR’s proposition that resource loss branches into multiple domains 

of a worker’s life and well-being (Hobfoll, 1989, 2001). Threats or loss of energy resources (i.e., 

income) can spill over into other resource types, causing psychological strain and occupational 

withdrawal (Pearlin et al., 2005). Testing these outcomes in a parallel fashion allows the study to 

test whether similar dynamic processes operate across economic, psychological, and attitudinal 

domains. The pattern of stability observed across most outcomes (except job satisfaction) 

strengthens the conclusion that chronic structural precarity more significantly affects worker 

well-being.  

5.9. Limitations 

Some study limitations should be considered. First, although the sample size is adequate 

for longitudinal latent growth modeling, the sample is not as representative as large, publicly 

available datasets. However, the most recent nationally representative survey data from home 

care aides in the United States (i.e., The National Nursing Assistant Survey (NNAS) and the 

National Home Health Aide Survey (NHAS)) were collected in 2004 and 2008 (National Center 

for Health Statistics, 2024). Given changes in home care work (and healthcare in general), 

including rising demand, increased privatization of agencies (Goodair & Reeves, 2024), and 

persistent labor shortages, new primary data collection is more essential than ever. 

Furthermore, the main hypotheses were tested using a constrained sample of the 170 

individuals who answered questions across all three time points, which limits sample size. 

However, models that attempted to retain all participants across time points who had missing 
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data resulted in poor model fit. Using results with poor model fit would lead to unreliable 

assumptions and conclusions based on those findings. Thus, using the constrained sample was 

methodologically sounder. 

Collecting data across three waves inevitably introduces attrition. Attrition may occur due 

to survey fatigue, personal circumstances, or job transitions (voluntary or involuntary). 

Importantly, when participants reported leaving their job, display logic was used to capture 

reasons for leaving, allowing for a nuanced understanding of employment changes. Throughout 

data collection, including reminder messages via the Prolific platform, were sent to participants 

between waves. Forced-response options were also included in critical questions to reduce 

accidental skipping of items. Overall, study attrition was moderate and comparable to other 

longitudinal survey studies. Further, latent growth curve models are well-suited for handling 

missing data under missing-at-random (MAR) assumptions (Schafer & Graham, 2002).   

Another limitation is that some of the survey questions are sensitive in nature. 

Participants were asked about job conditions, income, turnover intentions, and other questions 

that may raise concerns about anonymity or workplace repercussions (e.g., being fired). To 

address these concerns, participants were informed at the beginning of each survey that 

responses were confidential, any identifying information would only be accessible to the 

principal investigator (PI), and any published data would be aggregated and thus, extremely 

difficult to identify participants from. Professional credentials and affiliations of the study 

researchers were provided, along with contact information.  

All study variables were assessed using self-report measures, which introduces the 

possibility of different participants’ biases, such as social desirability bias or recall error 

(Podsakoff et al., 2003). Participants’ reports of client loss, and main study outcomes may reflect 
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subjective interpretations rather than objective indicators. Although self-report is well-suited for 

capturing internal states, such as stress, future research would benefit from incorporating 

multiple sources, perhaps with supervisor reports. 

Organizational support and supervisor support were assessed using single-item measures. 

Although the single-item indicators had acceptable validity, they may not capture the 

multidimensional nature of support (Fisher, Matthews, & Gibbons, 2016). Social and 

organizational support include emotional, instrumental, and informational components (House, 

1981), which might influence worker outcomes differently. Both measures predicted higher job 

satisfaction trajectories, which suggests that support is a meaningful resource for home care 

aides. Future studies should employ multi-item scales. 

Finally, the study did not ask for characteristics of specific clients that workers felt with 

them and how long they knew them). Prior research indicates that these factors, such as the 

reason for client loss, can shape emotional responses to loss (Stroebe, Schut, & Boerner, 2017). 

Because client-level information was not available, findings reflect experiences of loss from the 

worker perspective, rather than differentiated effects tied to particular client relationships or 

characteristics. Multilevel, client-specific data would examine how different client characteristics 

shape worker outcomes (Raudenbush & Bryk, 2002).  

5.10 Future Research Directions 

As prefaced earlier, the present study provides evidence that neither time-specific nor 

cumulative client loss predicted home care aides’ well-being and job attitudes over time. 

However, organizational and supervisor support emerged as promotive resources for job 

satisfaction. Further, hourly pay and income were associated with lower financial insecurity, and 

client loss is highly related to income loss. Clear demographic patterns also emerged, such that 
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gender minorities lower job satisfaction and higher turnover intentions than men. Finally, older 

workers had higher job satisfaction and lower turnover intentions. These findings refine 

theoretical expectations about how resource losses operate within inherently precarious 

occupational contexts, which provide important directions for future research. 

First, the present analyses modeled change using Latent Growth Curve modeling, and 

although these models are commonly used and appropriate for testing average trajectories 

(Bollen & Curran, 2006; Preacher, Wichman, MacCallum, & Briggs, 2008), they may not fully 

capture dynamic or nonlinear patterns. Future research should test nonlinear growth, such as 

piecewise models, to examine whether severe financial or emotional losses produce initial spikes 

in relevant study outcomes, such as burnout, that might plateau or partially recover over time 

(Bonanno, 2004; George, 1993). Modeling more dynamic patterns would provide a more 

nuanced understanding of how clients experience financial strain, job satisfaction, turnover 

intentions, and burnout following client loss. 

Second, client-related experiences in the present study were aggregated to the person 

level at each wave. While this approach is appropriate for estimating person-level trajectories, 

future research could use multilevel designs in which clients are nested within workers. 

Multilevel modeling allows for analysis of both within-person and between-person processes and 

is useful for intensive longitudinal data (Raudenbush & Bryk, 2002; Snijders & Bosker, 2012). 

Client-level modeling could more closely examine particular client relationships (e.g., those 

having greater emotional closeness or of longer relationship durations) that influence financial 

insecurity, burnout, job satisfaction, and turnover intentions beyond workers’ just loss exposure.  

Third, the present study measured client loss broadly, including losses due to death, 

hospitalization, or transfer, without specifying reasons for loss. Prior research suggests that 
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losses vary in meaning and impact based on the cause and context of loss (Bonanno & Kaltman, 

2001; Stroebe, Schut, & Boerner, 2017). For example, workers may experience grief following a 

client who passed away, whereas a client being transferred to another facility may not be as 

emotionally impactful, but might still be financially disruptive. Future studies should distinguish 

the reasons for client loss to examine how they affect worker well-being and job attitudes. 

Fourth, future research should examine the speed of client replacement following loss. 

The present findings suggest that client loss does not produce lasting declines in financial 

insecurity, turnover intentions, or burnout, which may reflect rapid reassignment processes that 

minimize temporary pay disruptions. Rapid reassignment is important for home care workers, as 

research shows that shorter instances of income interruption are associated with better mental 

health and financial outcomes (Burgard, Brand, & House, 2007; Kalleberg, 2011). Additionally, 

since the survey time points were spaced 60 days apart, client reassignment might have 

neutralized the immediate effects of client loss. 

Finally, although quantitative longitudinal modeling is essential for identifying general 

patterns, it may not fully capture how to make meaning of or cope with client loss. The present 

study included a short open-ended response in which participants reported reasons for leaving 

jobs or home health agencies. Future research would benefit from mixed method designs that 

combine longitudinal surveys with in-depth interviews or detailed open-ended survey questions 

(Creswell & Plano Clark, 2018). Qualitative data could illuminate organizational practices, 

interpersonal dynamics with clients and supervisors, and individual differences (e.g., coping 

strategies, worker personality differences) that shape responses to loss but may be difficult to 

interpret with quantitative data. Integrating qualitative and quantitative approaches would 

enhance theoretical development and methodological rigor in future research. 
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CHAPTER 6: CONCLUSION 

The present study advances critical knowledge about home care aides, who provide 

essential care to a rapidly growing older adult population, yet experience low pay, limited 

protections, and minimal respect for their hard work (Appelbaum & Leana, 2011; Kalleberg, 

2011; Levanon, 2009; Osterman, 2019). By examining client loss across time and linking these 

experiences to financial insecurity, job satisfaction, turnover intentions, and burnout, this study 

offers a comprehensive assessment of how client-based instability relates to worker well-being. 

Importantly, this study is among the first to investigate these processes longitudinally. 

Assessing change over time allowed for evaluation of whether client loss functions as a discrete 

shock on worker well-being and job attitudes, or whether worker outcomes are stable over time. 

Findings indicate most study outcomes remained stable on average, with the exception of job 

satisfaction. Time-specific and cumulative client loss, as well as loss characteristics, did not 

predict within-person change in these outcomes. These results suggest that specific instances of 

client loss do not significantly predict declining well-being in home care, but rather, worker 

outcomes are shaped more strongly by poor structural and economic conditions. 

Notably, job satisfaction showed a modest decline over time. Additionally, intentions to 

leave showed different trajectories in change across individuals. Average declines in job 

satisfaction may reflect dissatisfaction with general working conditions, like low wages, despite 

potentially positive aspects of the job or intrinsic motivation to stay (i.e. prisoners of love 

(England, 2005). Further, differing trajectories of intent to leave among individuals may reflect 

the variation in economic and/or structural resources (e.g., wages, organizational support). 

Varying resources could substantially impact turnover intentions over time, particularly if some 

individuals experience repeated instances of loss or have fewer resources to adapt to loss. 
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These findings somewhat complicate Conservation of Resources (COR) theory by 

demonstrating how resource loss affects home care workers in resource-poor contexts. COR 

theory emphasizes that well-being is compromised when individuals work in perpetually 

resource-scarce environments (Hobfall, 1989, 2001). In home health care, income and schedule 

instability (i.e., energy resources), coupled with limited organizational support, appear to 

produce the worst worker outcomes. Within such a context, client loss may be considered a 

routine resource threat, rather than an “exceptional” event. Although client loss often involves 

lost shifts and thus pay (Prusynksi et al., 2024; Schweid, 2021), its effects may not be 

particularly impactful when absorbed in a broader context of chronic resource deprivation. 

Feelings of financial insecurity may also be present following client loss; however, the client 

might experience buffers depending on the speed of client reassignment (i.e., resource gain). 

The study also adds insight into resource caravans and caravan passageways, pivotal 

propositions in COR theory (Hobfall, 1989, 2001; Hobfall et al., 2018). Organizational and 

supervisor support acted as promotors of well-being, particularly for job satisfaction, for home 

care aides. These findings highlight how both relational and organizational contexts shape 

workers’ overall experience, even if support does mitigate the negative effects of specific client 

loss. At the same time, support seemed to have limited buffering capacity across outcomes, 

which underscores how resource-constrained organizational contexts may be weak caravan 

passageways, unable to offset structural issues like poor wages and job instability. 

Further, in both practice and policy, organizational leaders should consider how to 

strengthen support for home care aides through improved supervision, respectful treatment, 

better scheduling practices, and rapid reassignment of new clients. Supervisors may also be wise 

to take individual approaches of support for workers who experience higher instances of resource 



 95 

loss, to potentially mitigate intentions to leave. Policymakers must also address the structural 

roots of precarity in home care, particularly due to the fact that client losses are clearly linked to 

income loss. These economic consequences can be offset by raising wages, increasing 

reimbursement rates, establishing scheduling protections, and expanding access to benefits. 

Finally, the clear demographic patterns highlight structural inequalities that persist in home care 

work, healthcare, and in society in general, particularly for women, gender minorities, and 

people of color.  

Overall, this study promotes policymakers and researchers to pay closer attention to 

chronic structural conditions in home care work, particularly economic conditions and those of 

organizational and supervisor support. Findings underscore that improving home care aides’ 

well-being requires transforming organizational and structural foundations of home care work, 

rather than the arguably unstable nature of the job, per se. These proposed reforms are not only 

essential for worker well-being and quality of life, but also for retaining a much-needed, stable, 

high-quality home care workforce. 
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APPENDIX A: SURVEY MEASURES, RELIABILITIES, AND FACTOR LOADINGS 

Table 1. OLBI Exhaustion Subscale Items 
# Item Reverse Coded? 
1 There are days when I feel tired before I arrive at work. No 
2 After work, I tend to need more time than in the past in order to relax and 

feel better. 
No 

3 During my work, I often feel emotionally drained. No 
4 After working, I have enough energy for my leisure activities. Yes 
5 After my work, I usually feel worn out and weary. No 
6 Usually, I can manage the amount of work well. Yes 
7 When I work, I usually feel energized. Yes 
8 I can tolerate the pressure of my work very well. Yes 

 

Table 2. OLBI Disengagement Subscale Items 
# Item Reverse Coded? 
1 I always find new and interesting aspects in my work. Yes 
2 It happens more and more often that I talk about my work in a negative 

way. 
No 

3 Lately, I tend to think less at work and do my job almost mechanically. No 
4 I find my work to be a positive challenge. Yes 
5 Over time, one can become disconnected from this type of work. No 
6 Sometimes I feel sickened by my work tasks. No 
7 This is the only type of work I can imagine myself doing. Yes 
8 I feel more and more engaged in my work. Yes 

 
Reliability. In prior research, the OLBI has demonstrated acceptable internal consistency (α typically ranging from 
.70 to .85 across subscales).  
In the present study, Cronbach’s alpha for exhaustion was .76 at Time Point 1, .72 at Time Point 2, and .73 at Time 
Point 3. For disengagement, alpha was .83 at Time Point 1, .78 at Time Point 2, and .80 at Time Point 3. 
 

Table 3. MOAQ-JSS Job Satisfaction Scale Items 
# Item Reverse Coded? 
1 All in all, I am satisfied with my job. No 
2 In general, I don’t like my job. Yes 
3 In general, I like working here. No 

 
Reliability. The MOAQ-JSS has demonstrated strong reliability in prior research (typically α > .80).  
In the present study, Cronbach’s alpha was .87 at Time Point 1, .83 at Time Point 2, and .87 at Time Point 3. 
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Table 4. Anticipated Turnover Scale (ATS) Turnover Intention Scale Items 
# Item Reverse Coded? 
1 I intend to stay in my current job for some time. Yes 
2 I am almost certain that I will leave my job in the near future. No 
3 Deciding whether to stay or leave my job is not an essential issue for 

me at this time. 
Yes 

4 I have already made the decision to stay with or leave this 
organization in the short term. 

No 

5 If I were to receive another job offer tomorrow, I would seriously 
consider it. 

No 

6 I have no intention of leaving my current job. Yes 
7 I have been at this workplace for as long as I want to be. Yes 
8 I am sure that I will stay here for awhile. Yes 
9 I have no specific idea how much longer I will stay here. No 
10 I intend to keep my job at this organization for some time. Yes 
11 I have major doubts about whether or not I will stay in this 

organization. 
No 

12 I plan to leave this job soon. No 
 
Reliability. In a meta-analysis of registered nurses in the U.S., the ATS demonstrated an overall reliability of α = .89 
(Barlow & Zangaro, 2010).  
In the present study, after dropping items 4, 7 and 9, Cronbach’s alpha for intentions to leave was .84 at Time Point 
1, .88 at Time Point 2, and .90 at Time Point 3. For intentions to stay, alpha was .90 at Time Point 1, .92 at Time 
Point 2, and .94 at Time Point 3. 

Table 5. Financial Security Scale Items 
# Item Reverse Coded? 
1 I have adequate income. No 
2 I have adequate credit. No 
3 I have financial stability. No 
4 I have enough savings for an emergency. No 
5 I have enough assets. No 

 
Reliability. Prior research reported internal consistency reliability of α = .77.  
In the present study, Cronbach’s alpha was .94 at Time Point 1, .93 at Time Point 2, and .93 at Time Point 3. 
 

Table 6. Organizational Support Scale Item 
Item Reverse Coded? 
I feel like my organization is very supportive of me. No 

 
Reliability. This was measured using a single-item indicator; therefore, internal consistency reliability is not 
applicable. 
 

Table 7. Supervisor Support Scale Item 
Item Reverse Coded? 
I can count on my supervisor/manager for support when I need it. No 
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Reliability. This was measured using a single-item indicator; therefore, internal consistency reliability is not 
applicable. 

 

 
Table 8.  Latent Variable Reliabilities Across Time Points 
 
 

Construct T1 T2 T3 

Burnout - Exhaustion 0.76 0.72 0.73 

Burnout - Disengagement 0.83 0.78 0.80 

Turnover - Intention to Leave 0.84 0.88 0.90 

Turnover - Intention to Stay 0.90 0.92 0.94 

Job Satisfaction 0.90 0.92 0.93 

Financial Insecurity 0.88 0.90 0.91 

      Note. N ≈ 170 
 

Table 9. Confirmatory Factor Analysis Fit Indices at Time Point 1 
 

Model CFI TLI RMSEA SRMR 

Burnout (2-Factor) 0.84 0.81 0.10 0.08 

Turnover (2-Factor) 0.96 0.94 0.10 0.04 

Job Satisfaction 1.00 1.00 0.00 0.00 

Financial Insecurity 0.96 0.93 0.18 0.03 
    Note. N ≈ 170 
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     Table 10.  Confirmatory Factor Analyses Item Loadings at Time 1 
 

Scale Factor Item Loading 

Burnout Disengagement Item 2 0.57 

Burnout Disengagement Item 4 0.71 

Burnout Disengagement Item 6 0.54 

Burnout Disengagement Item 8 0.80 

Burnout Disengagement Item 10 0.58 

Burnout Disengagement Item 12 0.76 

Burnout Disengagement Item 16 0.59 

Burnout Exhaustion Item 1 0.53 

Burnout Exhaustion Item 3 0.53 

Burnout Exhaustion Item 5 0.60 

Burnout Exhaustion Item 7 0.56 

Burnout Exhaustion Item 11 0.60 

Burnout Exhaustion Item 15 0.72 

Financial Insecurity  Item 1 0.85 

Financial Insecurity  Item 2 0.81 

Financial Insecurity  Item 3 0.94 

Financial Insecurity  Item 4 0.86 

Financial Insecurity  Item 5 0.88 

Job Satisfaction  Item 1 0.85 

Job Satisfaction  Item 2 0.73 

Job Satisfaction  Item 3 0.94 

Turnover Intent to leave Item 2 0.72 

Turnover Intent to leave Item 5 0.74 

Turnover Intent to leave Item 11 0.70 

Turnover Intent to leave Item 12 0.87 

Turnover Intent to stay Item 1 0.80 

Turnover Intent to stay Item 6 0.82 
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Scale Factor Item Loading 

Turnover Intent to stay Item 8 0.81 

Turnover Intent to stay Item 10 0.90 

            Note. N ≈ 170 
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APPENDIX B: STUDY DEMOGRAPHICS, DESCRIPTIVE STATISTICS, AND  
FREQUENCIES 

 
Table 11. Participant Demographic Characteristics 

 Category Summary 

Age  39.2 (11.09) 

Household Income  $80,160.37 
(71,601.47) 

Hourly Pay  $23.08 (11.68) 

Number of Dependents  1.49 (1.38) 

Gender Male 117 (37.6%) 

 Female 191 (61.4%) 

 Genderqueer / Gender Nonconforming / Different 
Identity 3 (1%) 

Race White 187 (60.1%) 

 Black or African American 63 (20.3%) 

 Hispanic or Latino/a 16 (5.1%) 

 American Indian or Native Alaskan 2 (0.6%) 

 Asian 14 (4.5%) 

 Mixed 29 (9.3%) 

Institution Type Public 89 (28.3%) 

 Private 214 (68.2%) 

Education High School Diploma or GED 27 (8.5%) 

 Some College 52 (16.5%) 

 Associate's Degree 48 (15.2%) 

 Bachelor's Degree 119 (37.7%) 

 Master's Degree 34 (10.8%) 

 Trade or Technical School 23 (7.3%) 

 Doctorate Degree 5 (1.6%) 

 Professional Degree (e.g., MD) 2 (0.6%) 

 Less Than High School 1 (0.3%) 
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 Category Summary 

Government Assistance Receiving Assistance 70 (22.7%) 
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Table 12. Participant Demographic Characteristics (Subgroup of 170) 
 

 Category Summary 

Age  40.73 (11.41) 

Household Income  74729.68 (70729.65) 

Hourly Pay  21.14 (8.39) 

Number of 
Dependents  1.41 (1.28) 

Gender Male 61 (35.5%) 

 Female 110 (64%) 

 Genderqueer / Gender Nonconforming / Different Identity 1 (0.6%) 

Race White 105 (61%) 

 Black or African American 38 (22.1%) 

 Hispanic or Latino/a 9 (5.2%) 

 American Indian or Native Alaskan 0 (0%) 

 Asian 11 (6.4%) 

 Mixed 9 (5.2%) 

Institution Type Public 50 (29.1%) 

 Private 119 (69.2%) 

 Not Sure 0 (0%) 

Education High School Diploma or GED 17 (9.9%) 

 Some College 29 (16.9%) 

 Associate's Degree 26 (15.1%) 

 Bachelor's Degree 68 (39.5%) 

 Master's Degree 14 (8.1%) 

 Trade or Technical School 16 (9.3%) 

 Doctorate Degree 1 (0.6%) 

 Less Than High School 1 (0.6%) 

Government 
Assistance Receiving Assistance 36 (21.7%) 
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Table 13. Descriptive Statistics for Outcome Variables 
 

Variable N Mean SD Min Max 

Leave Intentions (T1) 312 3.54 1.45 1.00 7.00 

Leave Intentions (T2) 223 3.58 1.47 1.00 7.00 

Leave Intentions (T3) 178 3.58 1.60 1.00 7.00 

Stay Intentions (T1) 312 2.97 1.33 1.00 7.00 

Stay Intentions (T2) 223 2.97 1.31 1.00 7.00 

Stay Intentions (T3) 178 3.07 1.52 1.00 7.00 

Job Satisfaction (T1) 313 4.59 1.07 1.00 6.00 

Job Satisfaction (T2) 223 4.46 1.06 1.00 6.00 

Job Satisfaction (T3) 178 4.43 1.17 1.00 6.00 

Financial Insecurity (T1) 312 3.70 1.63 1.00 7.00 

Financial Insecurity (T2) 223 3.81 1.59 1.00 7.00 

Financial Insecurity (T3) 178 3.75 1.59 1.00 7.00 

Exhaustion (T1) 313 2.06 0.53 1.00 4.00 

Exhaustion (T2) 223 2.06 0.49 1.00 4.00 

Exhaustion (T3) 178 2.05 0.51 1.00 4.00 

Disengagement (T1) 313 2.56 0.59 1.00 4.00 

Disengagement (T2) 223 2.63 0.50 1.00 4.00 

Disengagement (T3) 178 2.50 0.58 1.00 4.00 

 
Note. N varies due to missing data across time points. 
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Table 14. Descriptive Statistics for Outcome Variables (Subgroup) 
 

Variable N Mean SD Min Max 

Leave Intentions (T1) 172 3.37 1.42 1 7.00 

Leave Intentions (T2) 172 3.46 1.48 1 7.00 

Leave Intentions (T3) 172 3.58 1.61 1 7.00 

Stay Intentions (T1) 172 2.91 1.25 1 7.00 

Stay Intentions (T2) 172 2.88 1.31 1 7.00 

Stay Intentions (T3) 172 3.07 1.53 1 7.00 

Job Satisfaction (T1) 172 4.71 0.99 1 6.00 

Job Satisfaction (T2) 172 4.52 1.08 1 6.00 

Job Satisfaction (T3) 172 4.43 1.17 1 6.00 

Financial Insecurity (T1) 172 3.65 1.60 1 7.00 

Financial Insecurity (T2) 172 3.78 1.59 1 7.00 

Financial Insecurity (T3) 172 3.72 1.58 1 7.00 

Exhaustion (T1) 172 2.00 0.48 1 3.50 

Exhaustion (T2) 172 2.05 0.48 1 3.33 

Exhaustion (T3) 172 2.05 0.51 1 3.67 

Disengagement (T1) 172 2.53 0.55 1 3.86 

Disengagement (T2) 172 2.47 0.51 1 3.71 

Disengagement (T3) 172 2.50 0.58 1 3.86 

Note. N varies due to missing data across time points. 
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Table 15.  Descriptive Statistics for Client Loss and Moderator Variables 
 

Variable N Mean SD Min Max 

Client Loss (Time Point 1) 312 0.32 0.47 0.00 1.00 

Client Loss (Time Point 2) 222 0.18 0.38 0.00 1.00 

Client Loss (Time Point 3) 177 0.21 0.41 0.00 1.00 

Client Gain (Time Point 1) 312 0.40 0.49 0.00 1.00 

Client Gain (Time Point 2) 222 0.28 0.45 0.00 1.00 

Client Gain (Time Point 3) 177 0.25 0.43 0.00 1.00 

Clients Lost (Time Point 1) 316 0.38 0.62 0.00 3.00 

Clients Lost (Time Point 2) 222 0.18 0.41 0.00 2.00 

Clients Lost (Time Point 3) 178 0.21 0.42 0.00 2.00 

Total Hours Lost (Time Point 1) 316 3.71 8.89 0.00 72.00 

Total Hours Lost (Time Point 2) 316 1.40 5.98 0.00 80.00 

Total Hours Lost (Time Point 3) 316 0.69 3.29 0.00 35.00 

Organizational Support (Time Point 1) 312 5.16 1.39 1.00 7.00 

Supervisor Support (Time Point 1) 312 5.22 1.37 1.00 7.00 
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Table 16. Descriptive Statistics for Client Loss and Moderator Variables (Subgroup) 
 

Variable N Mean SD Min Max 

Client Loss (Time Point 1) 172 0.32 0.47 0 1 

Client Loss (Time Point 2) 172 0.18 0.39 0 1 

Client Loss (Time Point 3) 172 0.21 0.41 0 1 

Client Gain (Time Point 1) 172 0.38 0.49 0 1 

Client Gain (Time Point 2) 172 0.30 0.46 0 1 

Client Gain (Time Point 3) 172 0.25 0.43 0 1 

Clients Lost (Time Point 1) 172 0.35 0.56 0 2 

Clients Lost (Time Point 2) 172 0.19 0.42 0 2 

Clients Lost (Time Point 3) 172 0.22 0.43 0 2 

Total Hours Lost (Time Point 1) 172 2.87 6.76 0 40 

Total Hours Lost (Time Point 2) 172 2.06 7.64 0 80 

Total Hours Lost (Time Point 3) 172 1.26 4.38 0 35 

Organizational Support (Time Point 1) 172 5.21 1.33 1 7 

Supervisor Support (Time Point 1) 172 5.30 1.22 1 7 
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APPENDIX C: STUDY CORRELATIONS 

Table 17. Study Outcome Correlations at Time 1 (Subgroup) 

Variable M SD 1 2 3 4 5 

1. Leave Intentions 3.54 1.45      

2. Stay Intentions 2.97 1.33 0.67***     

3. Job Satisfaction 4.59 1.07 -0.51*** -0.63***    

4. Financial Insecurity 3.70 1.63 0.24*** 0.31*** -0.21***   

5. Exhaustion 2.06 0.53 0.43*** 0.45*** -0.45*** 0.24***  

6. Disengagement 2.56 0.59 0.45*** 0.42*** -0.41*** 0.34*** 0.67*** 

Note. N ≈ 170. Values are Pearson correlations. * p < .05, ** p < .01, *** p < .001. 
 
 
 

Table 18. Study Predictor and Controls Correlations (Subgroup) 

 

Variable Client Loss T1 Client Loss T2 Client Loss T3 

Age 0.05 0.04 -0.10 

Income (log) 0.02 0.01 0.05 

Hourly Pay (log) 0.07 -0.06 0.03 

Total Clients 0.26 0.10 0.35 

Women 0.07 0.10 -0.03 

Genderqueer -0.05 -0.04 0.15 

People of Color 0.04 -0.06 0.03 

 
Note. N ≈ 170. Values are Pearson correlations. * p < .05, ** p < .01, *** p < .001. 
 
 
 
 
 
 
 
 
 
 



 126 

Table 19. Job Satisfaction at Each Time Point and Control Variable Correlation Matrix 
 

 Age Income  Hour 
Pay 

Total 
Clients Women Gender

queer POC T1 T2 

Age —         

Income 0.03 —        

Hour Pay 0.03 0.42*** —       

Total 
Clients -0.10 0.10 0.03 —      

Women 0.13 -0.16* -0.17* -0.08 —     

Gender-
queer -0.09 -0.08 -0.07 -0.05 -0.10 —    

POC -0.11 -0.12 -0.10 -0.08 -0.02 0.10 —   

T1 0.10 -0.00 -0.03 0.03 0.09 0.02 -0.07 —  

T2 0.28*** 0.15 0.01 0.05 -0.02 0.01 0.01 0.45*** — 

T3 0.27*** 0.16* 0.04 -0.01 -0.09 -0.05 -0.06 0.46*** 0.66*** 

 
Note. N ≈ 170. Values are Pearson correlations. * p < .05, ** p < .01, *** p < .001. 
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Table 20. Turnover at Each Time Point and Control Variable Correlation Matrix 
 

 Age Income Hour 
Pay 

Total 
Clients Women Gender

queer POC Leave 
T1 

Leave 
T2 

Leave 
T3 

Stay 
T1 

Stay 
T2 

Age —            

Income  0.03 —           

Hour Pay  0.03 0.42*** —          

Total 
Clients -0.10 0.10 0.03 —         

Women 0.13 -0.16* -0.17* -0.08 —        

Gender-
queer -0.09 -0.08 -0.07 -0.05 -0.10 —       

POC -0.11 -0.12 -0.10 -0.08 -0.02 0.10 —      

Leave T1 -
0.26*** -0.04 -0.02 -0.05 -0.12 0.09 0.04 —     

Leave T2 -0.19* -0.10 -0.05 0.01 0.03 0.03 0.09 0.55*** —    

Leave T3 -0.20** -0.14 0.00 -0.01 0.11 0.10 0.14 0.47*** 0.73*** —   

Stay T1 -0.20** -0.07 0.02 -0.03 -0.12 -0.02 0.06 0.70*** 0.38*** 0.35*** —  

Stay T2 -0.13 -0.12 -0.02 -0.02 0.02 -0.02 0.02 0.39*** 0.70*** 0.53*** 0.51*
** — 

Stay T3 -0.17* -0.18* 0.01 -0.03 0.03 0.11 0.10 0.36*** 0.52*** 0.75*** 0.50*
** 

0.61*
** 

 
Note. N ≈ 170. Values are Pearson correlations. * p < .05, ** p < .01, *** p < .001. 
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Table 21. Burnout at Each Time Point and Control Variable Correlation Matrix 
 

 Age Income 
Hour 

Pay 
Total 
Clients Women Gender

queer POC Exh 
T1 

Exh 
T2 

Exh 
T3 

Dis 
T1 

Dis 
T2 

Age —            

Income  0.03 —           

Hour Pay  0.03 0.42*** —          

Total 
Clients -0.10 0.10 0.03 —         

Women 0.13 -0.16* -0.17* -0.08 —        

Gender-
queer -0.09 -0.08 -0.07 -0.05 -0.10 —       

Exh T1 -0.21** -0.09 0.01 -0.05 -0.02 -0.00 0.01 —     

Exh T2 -0.25** -0.16* 0.06 -0.03 -0.01 0.02 -0.01 0.58*
** —    

Exh T3 -0.23** -0.17* -0.06 0.01 0.04 0.07 0.03 0.58*
** 

0.54
*** —   

Dis T1 -0.22** -0.10 -0.06 0.15 0.07 0.04 -0.01 0.65*
** 

0.48
*** 

0.49*
** —  

Dis T2 -0.16* -0.15* -0.02 0.06 0.05 0.04 -0.01 0.48*
** 

0.61
*** 

0.46*
** 

0.67
*** — 

Dis T3 -0.23** -0.21** -0.06 0.08 0.08 0.12 0.10 0.40*
** 

0.46
*** 

0.67*
** 

0.60
*** 

0.67*
** 

 
Note. N ≈ 170. Values are Pearson correlations. * p < .05, ** p < .01, *** p < .001. 
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Table 22. Financial Insecurity at Each Time Point and Control Variable Correlation Matrix 
 

 Age Income Hour 
Pay 

Total 
Clients Women Gender

queer POC T1 T2 

Age —         

Income  0.03 —        

Hour 
Pay  0.03 0.42*** —       

Total 
Clients -0.10 0.10 0.03 —      

Women 0.13 -0.16* -0.17* -0.08 —     

Gender-
queer -0.09 -0.08 -0.07 -0.05 -0.10 —    

POC -0.11 -0.12 -0.10 -0.08 -0.02 0.10 —   

T1 0.05 -0.46*** -
0.36*** -0.01 0.17* 0.13 0.03 —  

T2 0.01 -0.42*** -
0.35*** -0.01 0.18* 0.11 0.01 0.75

*** — 

  T3 -0.02 -0.48*** -
0.40*** -0.03 0.15* 0.14 0.01 0.72

*** 
0.77
*** 

 
Note. N ≈ 170. Values are Pearson correlations. * p < .05, ** p < .01, *** p < .001. 
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APPENDIX D: UNCONDITIONAL MODEL 
 
Table 23. Outcome Variable Trajectories in Unconditional Model 
 

 Exhaustion Intentions to 
Leave 

Intentions to 
Stay 

Job 
Satisfaction 

Financial 
Insecurity 

Intercept Mean 2.01*** 3.37*** 2.86*** 4.69*** 3.68*** 

Slope Mean 0.03 0.11 0.08 -0.13** 0.03 

Intercept Variance 0.12*** 1.23*** 0.71*** 0.41** 1.97*** 

Slope Variance -0.01 0.38** 0.06 0.12 0.1 

Time 1 Mean 2.01 3.37 2.86 4.69 3.68 

Time 2 Mean 2.04 3.47 2.95 4.56 3.71 

Time 3 Mean 2.06 3.58 3.03 4.42 3.74 

N 172 172 172 172 172 

CFI 1.00 1.00 0.99 1.00 1.00 

TLI 1.00 1.01 0.98 1.01 0.99 

RMSEA 0.00 0.00 0.07 0.00 0.07 

SRMR 0.02 0.00 0.02 0.01 0.02 

   Note. * p < .05, ** p < .01, *** p < .001. 
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APPENDIX E: MAIN HYPOTHESES MODELS – PARAMETERS AND MODEL FIT 
 
Table 24. Hypothesis 1: Client Loss at Each Time Point and Study Outcomes 
 

          Leave Job Satisfaction 

Intercept Mean 4.91** 3.34** 

Slope Mean 0.09 -0.14* 

Intercept Variance 1.16*** 0.37* 

Slope Variance 0.43*** 0.10 

Time 1 Mean 3.37 4.71 

Time 2 Mean 3.46 4.52 

Time 3 Mean 3.58 4.43 

i ~ Age -0.03** 0.02** 

i ~ Income (log) -0.17 0.17 

i ~ Hourly Pay (log) 0.13 -0.17 

i ~ Women -0.02 0.00 

i ~ Genderqueer 0.90** 0.38 

i ~ People of color 0.10 -0.04 

Client Loss (T1) 0.02 0.17 

Client Loss (T2) 0.23 -0.05 

Client Loss (T3) 0.25 0.09 

Client Gain (T1) -0.04 -0.20 

Client Gain (T2) -0.07 -0.15 

Client Gain (T3) -0.12 -0.17 

N 170 170 

CFI 0.99 0.91 

TLI 0.98 0.87 

RMSEA 0.02 0.05 

SRMR 0.03 0.03 

    Note. * p < .05, ** p < .01, *** p < .001. 
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Table 25. Hypothesis 2: Cumulative Client Loss and Study Outcomes 
 

 

Note. * p < .05, ** p < .01, *** p < .001. 
 
 
 
 

 Leave Job Satisfaction 

Intercept Mean 4.96** 3.31** 

Slope Mean 0.08 -0.18** 

Intercept Variance 1.15*** 0.37* 

Slope Variance 0.41*** 0.09 

Time 1 Mean 3.37 4.71 

Time 2 Mean 3.46 4.52 

Time 3 Mean 3.58 4.43 

i ~ Age -0.03** 0.02** 

i ~ Income (log) -0.18 0.17 

i ~ Hourly Pay (log) 0.14 -0.17 

i ~ Women -0.00 0.00 

i ~ Genderqueer 0.99*** 0.37 

i ~ People of color 0.11 -0.04 

Cumulative Loss (T1) 0.00 0.19 

Cumulative Loss (T2) -0.03 -0.00 

Cumulative Loss (T3) -0.00 0.13 

Cumulative Gain (T1) 0.05 -0.28 

Cumulative Gain (T2) 0.12 -0.12 

Cumulative Gain (T3) 0.09 -0.08 

N 170 170 

CFI 0.98 0.93 

TLI 0.96 0.89 

RMSEA 0.03 0.05 

SRMR 0.03 0.03 
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Table 26. Hypothesis 3: Organizational Support as Moderator of Client Loss 
 

 Job Satisfaction Intent to Leave 

Intercept Mean 2.73** 5.88*** 

Slope Mean -0.33 -0.14 

Intercept Variance 0.18 0.81*** 

Slope Variance 0.06 0.37** 

i ~ age 0.01** -0.02** 

i ~ family income 0.06 -0.03 

i ~ hourly pay  -0.12 0.05 

i ~ total clients at baseline 0.01 -0.01 

i ~ women 0.01 -0.06 

i ~ genderqueer 0.99*** 0.09 

i ~ people of color -0.01 0.07 

Support → Time 1 0.31*** -0.42*** 

Support → Time 2 0.34*** -0.39*** 

Support → Time 3 0.38*** -0.34*** 

Client Loss × Support → Time 1 -0.07 0.11 

Client Loss × Support → Time 2 -0.12 0.21 

Client Loss × Support → Time 3 -0.03 0.13 

CFI 0.92 0.98 

TLI 0.87 0.96 

RMSEA 0.05 0.03 

SRMR 0.03 0.03 

Note. Values are unstandardized coefficients from latent growth curve models estimated using full 
information maximum likelihood. Intercept and slope parameters represent baseline levels and change over 
time, respectively. Time-specific coefficients (e.g., Support → Time 1–3) reflect associations between 
baseline support and outcomes at each wave. Interaction terms (Client Loss × Support) test whether 
baseline support moderates the relationship between client loss and outcomes at each time point. All 
models control for age, income (log), hourly pay (log), total clients at Time 1, gender (women and 
genderqueer/nonconforming/other), and race (person of color). * p < .05, ** p < .01, *** p < .001. 
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Table 27. Hypothesis 4: Supervisor Support as Moderator of Client Loss  
 

 Job Satisfaction Intent to Leave 

Intercept Mean 3*** 5.84*** 

Slope Mean -0.37 -0.14 

Intercept Variance 0.28* 0.89*** 

Slope Variance 0.13 0.42*** 

i ~ age 0.02*** -0.03*** 

i ~ income (log) 0.09 -0.06 

i ~ hourly pay (log) -0.19 0.13 

i ~ total clients at baseline 0.01 -0.01 

i ~ women -0.01 -0.04 

i ~ genderqueer 0.31 0.92*** 

i ~ people of color 0.01 0.02 

Support → Time 1 0.24** -0.39*** 

Support → Time 2 0.28*** -0.35*** 

Support → Time 3 0.33*** -0.3** 

Client Loss × Support → Time 1 0.24 -0.23 

Client Loss × Support → Time 2 -0.13 0.23 

Client Loss × Support → Time 3 0.02 0.19 

CFI 0.95 0.99 

TLI 0.91 0.98 

RMSEA 0.04 0.02 

SRMR 0.03 0.03 

Note. Values are unstandardized coefficients from latent growth curve models estimated using full information 
maximum likelihood. Intercept and slope parameters represent baseline levels and change over time, respectively. 
Time-specific coefficients (e.g., Support → Time 1–3) reflect associations between baseline support and outcomes 
at each wave. Interaction terms (Client Loss × Support) test whether baseline support moderates the relationship 
between client loss and outcomes at each time point. All models control for age, income (log), hourly pay (log), total 
clients at Time 1, gender (women and genderqueer/nonconforming/other), and race (person of color). * p < .05, ** p 
< .01, *** p < .001. 
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APPENDIX F: FIGURES 

Figure 1. Trajectories of All Study Outcomes Over Time  

 

 

Note: Disengagement was not included in this figure due to poor model fit. 
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Figure 2. Job Satisfaction Declining Trajectory  

 

Note: This reflects the modest decline in job satisfaction over time in the unconditional growth curve model. 
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Figure 3. Hypothesis 1: Conceptual Diagram  

  

 

Figure 4. Hypothesis 2: Conceptual Diagram  
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Figure 5. Hypothesis 3: Conceptual Diagram  
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Figure 6.  Organizational Support (Time 1) and Intentions to Leave Over Time  

 

 

Note: Organizational support was only measured at baseline and was regressed on client loss across all three time 
points.  
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Figure 7. Organizational Support (Time 1) and Job Satisfaction Over Time  

 

 

Note: Organizational support was only measured at baseline and was regressed on client loss across all three time 
points.  
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Figure 8. Hypothesis 4: Conceptual Diagram  
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Figure 9. Supervisor Support (Time 1) and Job Intentions to Leave Over Time 

 

 

Note: Supervisor support was only measured at baseline and was regressed on client loss across all three time points.  
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Figure 10. Supervisor Support (Time 1) and Job Satisfaction Over Time 

 

 

Note: Supervisor support was only measured at baseline and was regressed on client loss across all three time points.  
 

 

 

 

 

 

 

 

 

 

 


