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ABSTRACT

TIFFANY M. EHRENFRIED: Ranking the Stigma: Experimental Evidence on Hiring
Bias in Criminal Background Checks. (Under the direction of DR. LAURA STANLEY)

Criminal backgrounds and Ban The Box research have become increasingly
prevalent in recent years, as many individuals with a criminal background seek
employment. This dissertation examines how the characteristics of one’s criminal
background, specifically offense type (misdemeanor vs. felony) and offense severity
(nonviolent vs. violent), influence hiring ranking preferences, with applicant age and
gender as moderating variables. Building on seminal field experiments, stigma theory and
the theory of planned behavior, this research extends beyond simple binary distinction of
offense type and severity. Using a sample of 314 participants, respondents evaluated and
ranked 16 pre-employment criminal background check summaries. Ordinal logistic
regression was used to analyze the data. The findings indicate that both offense type and
severity significantly influenced hiring preferences, with applicants with felony and
violent convictions ranked lower. Age partially moderated these relationships, while

gender was not a significant moderator.

KEYWORDS: Criminal background checks, Hiring discrimination, Stigma theory,

Theory of planned behavior, Applicant ranking, Employment equity
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CHAPTER I: INTRODUCTION

Stigma and discrimination are faced by many individuals during the hiring
process. According to a Gallup poll, one in four Black and Hispanic workers reported
experiencing discrimination at work (Lloyd, 2021). These workers cited age, race, and
gender as common areas of workplace discrimination. Experimental research on resumes
shows strong bias based on applicant’s name, with race associated to the name
significantly influencing callback rates (Bertrand & Mullainathan, 2004). A meta-analysis
published in 2017 highlights the extensive research documenting racial discrimination in
hiring (Quillian et al., 2017). Similarly, a 2015 meta-analysis shows systemic gender
discrimination in hiring (Koch et al., 2015). Age discrimination has been well
documented, with a comprehensive review from 2007 detailing numerous examples of
bias against older applicants (Posthuma & Campion, 2007).

While these forms of discrimination stem from visible characteristics, additional
discrimination and stigma are experienced by individuals with “concealable stigmas,”
attributes that are not immediately visible and are often considered a flaw in one’s
character (Goffman, 1963; Lynch & Rodell, 2018). Individuals with concealable stigmas
face decisions about if, when, and how to disclose them, or may be forced into disclosure
if their stigma is perceived as a potential hinderance to employability (Ali et al., 2017;
Foster & Talley, 2023; Gardner et al., 2023; Hebl & Kleck, 2006; Krylova, 2018; Swann,
1987). One example is LGBT+ individuals, who may conceal their identity by often seek
supportive workplaces to mitigate stigma (Lynch & Rodell, 2018; Velez & Moradi,

2012). Another example of a concealable stigma is a criminal background (CB) (Ali et



al., 2017; Backman, 2011; Decker et al., 2015; Gardner et al., 2023; Hebl & Kleck, 2006;
Lynch & Rodell, 2018).

Each year, more than 600,000 individuals reenter society from U.S. prisons each
year, many face immediate exclusion from the labor market due to CB checks, despite
some organizations having second-chance hiring initiatives and policies (Carson &
Kluckow, 2024; SHRM, 2012). Individuals with CBs encounter numerous challenges in
their lives. Discrimination in housing, loans, relationships, and employment opportunities
is pervasive (Albright & Denq, 1996; Alm, 2017; Lam & Harcourt, 2003; Sampson &
Laub, 1990). The stigma attached to their record permeates all aspects of their existence
(Amir et al., 2014; De La Haye et al., 2023; Derous et al., 2016; Lynch & Rodell, 2018).
As they search for employment, they confront a limited number of organizations willing
to employ them due to pre-existing stigma and biases regarding their trustworthiness,
work ethic, leadership potential, and propensity for substance abuse (Albright & Dengq,
1996; Ali et al., 2017; Cullen et al., 2023; De La Haye et al., 2023; Krylova, 2018;
Levashina et al., 2017; Minor et al., 2018; Paetzold, 2008).

Organizational employment decisions are typically based on factors such as
interviews, experience, and background checks (Minor et al., 2018). To combat the
discrimination that can be faced by individuals with a CB due to selection bias, Ban The
Box (BTB) legislation and policies aim to limit the timing of when an organization can
ask a potential employee about their criminal record (Agan & Starr, 2018; Baur et al.,
2018; De La Haye et al., 2023; Derous et al., 2016; Doleac & Hansen, 2017; Levashina et
al., 2017; Rose, 2021; Shoag & Veuger, 2021). However, empirical evidence

demonstrates that individuals with a CB are frequently disqualified or subject to selection



biases, often on the basis of CB check results alone, even when the type of offense is
relatively minor, such as trespassing (Agan & Starr, 2018; Baur et al., 2018; Doleac &
Hansen, 2016; Doleac & Hansen, 2020; Shoag & Veuger, 2021). For example,
individuals with misdemeanors are often evaluated differently than those with felonies
(Agan et al., 2023; Kuhn, 2019). This is further complicated by the fact that both
misdemeanors and felonies are categorized as nonviolent or violent offenses, thus
introducing greater nuance to the stigmatization experienced by individuals with CBs
during employer pursuits (Agan & Makowsky, 2023; Chapter 14 - Criminal Law). When
employers are required to consider multiple dimensions of an applicant’s criminal history,
the cumulative effect of stigma may suffice to eliminate the individual from
consideration.

Prior scholarly efforts have primarily focused on policies such as BTB legislation
and the degree to which such measures facilitate employment opportunities for
individuals with a CB (Agan & Starr, 2018; Doleac & Hansen, 2017; Doleac & Hansen,
2020). Additional studies have explored policies that regulate the timing of inquiries into
an applicant’s criminal history during the hiring process (Ali et al., 2017; Griffith et al.,
2019; Rose, 2021). Individuals may also experience age-related stigma in employment
contexts, which further complicates hiring decisions (Derous et al., 2016; Derous, 2015).
Continually, experimental and observational studies reveal systematic bias in hiring
decisions based on the gender of the applicant, even when qualifications are held constant
(Albert et al., 2011; Lahey, 2008).

To understand the implications of criminal convictions for decisions pertaining to

hire, it is necessary to first define how crimes are classified and prosecuted. The legal



definition of crimes can be found in the North Carolina General Statutes, Chapters 14 and
15. Chapter 14 outlines a wide range of criminal offenses, providing details about each
crime and how it is classified under state law as either a misdemeanor or a felony. It also
distinguishes between nonviolent or violent offenses, which reflects the severity of the
crime (Chapter 14 - Criminal Law). These classifications determine potential penalties,
including fines, probation, or incarceration. Chapter 15 provides guidance on sentencing
including penalties, mitigating factors for sentencing, and statutory exceptions (Chapter
15 - Criminal Procedure). Sentencing also considers the offender’s prior criminal record.

The General Statutes not only guide prosecution and sentencing, but they also
determine the information that appears on an individual’s criminal record (Chapter 14 -
Criminal Law; Chapter 15 - Criminal Procedure). This information can influence future
opportunities, including decisions pertaining to hire. In accordance with the North
Carolina General Statues, this study defines two primary independent variables: type of
crime and severity of crime. For example, (Agan et al., 2023) found that not prosecuting
a nonviolent misdemeanor reduced the likelihood of an additional offense.

Stigma is not limited to a CB alone. Individuals may also experience age-related
stigma in employment contexts, which further complicates hiring decisions (Derous et al.,
2016; Derous, 2015). For instance, younger applicants may be perceived as
inexperienced, while older individuals may be viewed as less capable or adaptable
(Lahey, 2008). The age at which an applicant was convicted may play a role in how
participants rank their suitability for hire. This study will examine whether age moderates

the relationship between criminal conviction and perceived hiring suitability.



Furthermore, experimental and observational studies reveal systematic bias in
hiring decisions based on the gender (female or male) of the applicant, even when
qualifications are held constant (Albert et al., 2011; Lahey, 2008). In fact, studies have
found that female applicants are at a disadvantage in hiring and promotion decisions,
regardless of how experienced the manager is in making such evaluations (Dipboye,
1975; Marlowe, 1996). The applicant’s gender may play a role in how participants rank
their suitability for hire. Additionally, this study will examine whether gender moderates
the relationship between criminal conviction and perceived hiring suitability.

The theory of planned behavior offers insights into the selection bias and
stigma/discrimination entrenched in current employment policies (Ajzen, 1988, 1991;
Khasni et al., 2022; Paetzold, 2008). This theory elucidates how decisions can be made
regarding individuals with a CB (Ajzen, 1988, 1991; Khasni et al., 2022). Attitudes,
social norms, and perceived behavioral control influence organizational and hiring
authorities’ behaviors towards these individuals (Ajzen, 1988, 1991; Khasni et al., 2022).
I argue that hiring authorities frequently exhibit discrimination towards those with a CB,
despite their stated intentions, particularly when interacting with applicants of varying
criminal histories, ages, and genders Their attitudes and decision-making processes are
profoundly shaped by implicit biases, societal stigma, and entrenched perceptions of risk,
all of which converge to influence employment outcomes for individuals with a CB
(Agan & Starr, 2018; Ajzen, 1988, 1991; Albert et al., 2011; Ali et al., 2017; Crandall &
Eshleman, 2003; De La Haye et al., 2023; Derous et al., 2016; Doleac & Hansen, 2016;
Doleac & Hansen, 2020; Frank et al., 2014; Gardner et al., 2023; Griffith et al., 2019;

Hebl & Kleck, 2006; Hoffman et al., 2018; Jones Young & Powell, 2015; Kuhn, 2015,



2019; Mobasseri, 2019; Schaerer et al., 2023; Stacy & Cohen, 2017; Velez & Moradi,
2012).

Stigma theory pertains to how society labels’ certain individuals in a negative
light due to a difference (Goffman, 1963). Erving Goffman (1963) stated that there are
three types of stigmas: bodily, character, or tribal. Any of these three could cause an
individual to be treated differently. In this research the stigma that will be examined is
character focused, having a CB. In 2007, Copenhaver et al., completed a qualitative study
focused on four formerly incarcerated individuals and how their stigma of prior
incarceration affected their time after release. These individuals stated that there was a
state of anxiousness about their backgrounds being discovered, not only in an education
setting, but also in future job settings. They stated this hindered their ability to find
employment (Copenhaver et al., 2007).

Currently, most research has focused on experiments examining either a felony or
misdemeanor offense, but not both together (Agan et al., 2024; Agan & Starr, 2017, 2018;
Bontrager et al., 2005; Bucknor & Barbe, 2016; Chiricos et al., 2007; Kuhn, 2019; Uggen
et al., 2014; Yang, 2017). The comparison of these offense types represents an important
intersection to examine in order to better understand why hiring managers perceive one
as more hirable than the other. Similarly, nonviolent crimes have been more commonly
studied in terms of severity (Agan et al., 2023; Ali et al., 2017; Kurlychek et al., 2019;
Lageson, Denver, et al., 2018; Pager & Quillian, 2005). Much of the extant research
looks at these variables independently rather than exploring their combined influence.
Most studies have focused on male applicants and have primarily examined the role of

race (Agan & Starr, 2018; Ahmed, 2017; Bennington, 2006; Bontrager et al., 2005;



Bushway, 2016; Frank et al., 2014; Henson, 2020; Jones Young et al., 2019; Lam &
Harcourt, 2003; Sampson & Laub, 1990). Studies have seldom explored how age and
gender jointly impact applicant rankings focused on CBs in terms of hiring ranking
preference. To the best of my knowledge, this will be the first study to ask participants to
rank applicants solely based on their CB history found on a pre-employment CB check
and not based on their application or resume.

The purpose of this dissertation is to examine only applicants with CB’s because
the goal is to analyze how hiring managers differentiate among individuals within the
same stigmatized group. The discrimination examined here refers to the consistent
downgrading of equally qualified applicants with violent felonies are consistently
compared to those with non-violent misdemeanors. This is assumption aligns with prior
research showing that employers often perceive criminal histories as a generalized
indicator of threat to employability, even when the relevance of the offense is not
applicable (Baur et al., 2018; Derous et al., 2016). Recent research suggests that
employer concerns pertaining to CBs are driven by perceived risk rather than guaranteed
future actions of criminal activity (Anazodo et al., 2026).

The goal of the current study is to highlight the nuance involved in evaluating
criminal histories during the hiring process. In fact, surveying completed by SHRM
shows 81% of business leaders rate employees with CBs as “better” employees or “as
well as” employees without a CB (SHRM, 2012; SHRM, 2021). I seek to extend the
extant literature by examining how age and gender moderate the relationship between
CBs and perceived applicant suitability for hire, as the current research primarily focuses

on one side of the spectrum, namely, young male applicants. Grounded in the theory of



planned behavior and stigma theory, the study aims to examine the factors that influence
judgements of relative suitability among applicants with differing criminal histories.

This study examines how participants evaluate applicants with CB by analyzing
the ranking of Pre-Employment Criminal Background Check Summary’s (PECBCS).
Participants will rank 16 PECBCS’s, each varying by criminal history type
(misdemeanors vs. felonies; nonviolent vs. violent offenses) to access perceived
suitability for hire. Each PECBCS will also include the applicant’s gender (name) and age
(date of birth), allowing for analysis of how these characteristics moderate the
relationship between criminal history and hiring decisions. The design of this study
allows for a more in-depth analysis, not only examining the perceptions of one’s CB but
also how demographics can shape that perception.

To accomplish this, the next chapter will review literature pertaining to general
discrimination, CB checks, and BTB, the stigma associated with a CB, and the hiring
challenges faced by an individual with a CB. Chapter II also highlights the significant
gap in management and hiring literature regarding the impact of a CB on actual hiring
decisions. Additionally, Chapter II describes the theoretical model and offers hypotheses.
Chapter III provides an overview of the methods used to test the hypotheses along with
the results of the hypotheses testing, and Chapter IV discusses the significance of the

finding and limitations of the dissertation.



CHAPTER II: LITERATURE REVIEW

The literature review is organized into four sections and begins with general
research on stigma and discrimination in hiring and then narrows to examine key research
on the stigma and biases encountered by individuals with a CB seeking gainful
employment. Research on general discrimination in the workplace can be found in the
fields of economics, management, human resources, and organizational behavior; while
much of the foundational research for CBs and employment originates from the fields of
criminal justice, criminology, and economics, this review extends the conversation into
the domains of research completed in management, human resources, and some
organizational behavior. In addition to examining broad patterns of workplace
discrimination, the literature search focuses on studies that explore the intersection of
CBs with employment related outcomes, organizational beliefs of individuals with a CB,
policies and procedures, and the structural and perceptual barriers to gainful employment.

The first section reviews general discrimination and stigma in employment, with
emphasis on hiring decisions, including research on race, gender, and age biases. It also
examines concealable stigmas in the recruitment and hiring process. The second section
examines CBs and BTB policies in the United States, establishing a foundation based on
research conducted over the past 20 to 30 years. The third section explores how CBs are
classified — specifically, by type (misdemeanor vs. felony) and severity (nonviolent vs.
violent) — and how these variables may interact with applicant characteristics such as age
and gender. The final section introduces my theoretical model and hypotheses, illustrating

how age and gender moderate the perceived hireablilty ranking of individuals with a CB.



Discrimination

Discrimination in the workplace is multifaceted and affects numerous classes of
workers across the entire employment lifecycle; from recruitment and hiring, to training,
promotion, pay, and eventual exit (Amis et al., 2018; Becker & Smidt, 2016; Bertrand &
Mullainathan, 2004; Neumark, 2024; Neumark et al., 1996; Neumark et al., 2019; Rosen
& Jerclec, 1976; Schaerer et al., 2023). Women, for example, face bias not only on the
basis of sex but also intersecting characteristics such as race, education, sexual identity,
disability, and family status (Adegbembo, 2019; Correll et al., 2007; Koch et al., 2015;
Lahey, 2008; Merluzzi & Burt, 2021; Muchinsky & Harris, 1977; Neumark, 2024;
Neumark et al., 1996; Neumark et al., 2019). These forms of bias can operate as
concealable stigmas, including sexual identity, behavioral health conditions, invisible
disabilities, or a CB. Even when applicants attempt impression management strategies,
such as ingratiation or self-promotion, these tactics can influence interview rating but
rarely offset the disadvantages of stigmatized identities (Barrick et al., 2009; Beatty &
Kirby, 2006; Bohnet et al., 2016; Clair et al., 2005; Foster & Talley, 2023; Jones, 1997;
Jones & King, 2013).

While men are less frequently penalized solely due to their sex, they may
experience discrimination when race, sexual orientation, or other stigmatized attributes
intersect with gender (Bertrand & Mullainathan, 2004; Derous et al., 2016; Derous, 2015;
Oreopoulos, 2011). In a double-blind experimental study women were rated as less
competent than identically qualified men for a laboratory manager position (Moss-
Racusin et al., 2012). Similarly, a meta-analysis conducted by Koch et al. (2015) found

that, while there is no overall preference for women in female-dominated positions, there

10



was a consistent preference for men in male-dominated roles, aligning with role
congruity. Evidence of gender discrimination has been documented for decades; for
instance, Rosen and Jerdee (1974) found a young female who was promotion worthy was
selected only 56% of the time for conferences, compared to an unpromotable older male
chosen 76% of the time. Collectively, this body of research highlights the enduring and
systemic nature of gender=based discrimination in employment, reflecting long-standing
social norms that position men as more suited for leadership and business roles.

Discrimination also influences job-seeking behavior and applicants’ willingness to
pursue certain employers, often based on perceptions of fairness in wages, treatment, and
hiring practices (Bender et al., 2016; Fuller et al., 2021; Hill et al., 2014; Holzer et al.,
2003; Kwon et al., 2024; Lageson & Maruna, 2017; Levashina et al., 2017; Levashina,
2009; Wang & Schwarz, 2010). For organizations, bias may occur even when hiring
managers are unaware of the stereotypes they apply (Backman, 2011; Bennington, 2006;
Crandall & Eshleman, 2003; Derous et al., 2016; Goldin & Rouse, 2000; Hardy et al.,
2021; Koch et al., 2015; Major & O'Brien, 2005; Paetzold, 2008). Stigma theory helps
explain how applicants become discredited based upon a single identity marker
(Goffman, 1963; Link & Phelan, 2001), while the theory of planned behavior clarifies
how hiring managers’ attitudes, perceived norms, and intentions translate in
discriminatory practices and decisions (Ajzen, 1991; Khasni et al., 2022)

A substantial body of research confirms that discrimination is pervasive across
labor markets, but it has also shown mixed effects on firm performance. Meta-analyses
demonstrate that hiring bias consistently disadvantages applicants across race, gender,

and age (Koch et al., 2015; Posthuma & Campion, 2007; Quillian et al., 2017; Riach &
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Rich, 2002). Further work highlights the role of sexual identity and gender in limiting
both hiring and promotion opportunities (Hill et al., 2014; Lim et al., 2018; Lynch &
Rodell, 2018; Riach & Rich, 2002; Rosen & Jerdee, 1974; Velez & Moradi, 2012). 30
years of field experiments were analyzed and found statistically significant discrimination
against minorities (Riach & Rich, 2002). Audit studies provide compelling evidence.
Bertrand and Mullainathan (2004) showed how applicants with distinctively Black-
sounding names received significantly fewer callbacks, while similar field experiments
documented bias against immigrants and ethnic minorities (Derous, 2015; Oreopoulos,
2011; Riach & Rich, 2002). Richard (2000) found no direct relationship between racial
diversity and firm performance; although, when business strategy was considered as a
moderator, the relationship was significant. Follow-up research further demonstrated that
a strong diversity orientation positively influences firm performance (Richard & Brown
Johnson, 2001). These findings highlight how neglecting diversity, across multiple
stigmas, such as gender and ethnicity, can intersect to create compounded disadvantage.
Studies have also examined how the lack of desirable attributes and less visible
attributes affect employment outcomes. In 1975 (Dipboye), studied attractiveness and
later applicant’s obesity was linked to biased hiring decisions (Agerstrom & Rooth, 2011;
Marlowe, 1996). Other studies highlight how assumptions about disability and education
interact with gender to influence evaluations of competence (Dipboye, 1975; Fuller et al.,
2021; Jones, 1997; Moss-Racusin et al., 2012; Muchinsky & Harris, 1977; Stone &
Colella, 1996). Importantly, research underscores how concealable stigmas, such as
mental health conditions or a CB, become of consequence when disclosure is involuntary,

for instance through social media or a background checks (Ali et al., 2017; Clair et al.,
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2005; Copenhaver et al., 2007; Derous et al., 2016; Derous, 2015; Gardner et al., 2023;
Hebl & Kleck, 2006; Kwon et al., 2024; Lynch & Rodell, 2018; Starks, 2018; Van Laar et
al., 2019). Whether disclosed voluntarily or uncovered by employers, such stigmas often
restrict opportunities for hire, promotion, or advancement (Velez & Moradi, 2012).

Whereas discrimination and bias are less likely to arise when organizations
emphasize spirituality or beliefs that support diversity. Cui et al., (2013) found that
organizations located in more religious regions of America tend to demonstrate stronger
commitments to workforce diversity. Similarly, Gotsis and Grimani (2017) showed that
spiritual leadership can reduce workplace discrimination. A meta-analysis of 94 studies
further revealed that prioritizing inclusion within organizations leads to greater workforce
diversity (Holmes et al., 2020). Jayne and Dipboye (2004) and Kiradoo (2022) provided
practical examples of how organizations can promote diversity through hiring by setting
clear, non-quota goals that encourage both potential and current employees to identify
within the organization’s mission. In such contexts, stigma theory becomes less salient, as
workplaces that cultivate belonging shift hiring practices towards affirming diversity and
capability rather than reinforcing exclusionary beliefs, while the theory of planned
behavior remains relevant by illustrating how leaders’ and organizations’ attitudes, norms,
and intentions shape actual hiring decisions (Ajzen, 1991; Alder & Gilbert, 2006; Beatty
& Kirby, 2006; Goffman, 1963; Jayne & Dipboye, 2004; Khasni et al., 2022; Kiradoo,
2022; Triana et al., 2021; Turi et al., 2022).

Taken together, the literature largely establishes that workplace discrimination is
both systemic and multifaceted, operating across visible and concealable identities. CB

status represents a particularly salient form of concealable stigma, one that applicants are
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often compelled to reveal through mandatory background checks. In the United States,
nearly one in three adults hold a criminal record (Criminal Records and Reentry Toolkit,
2025), and 94% of employers conduct CB checks as part of their hiring and onboarding
processes (SHRM, 2012). Audit studies consistently demonstrate the disadvantages
applicants with CBs face, with felony convictions receiving significantly fewer callback
rates compared to applicants without a CB (Agan & Starr, 2018; Pager, 2003; Uggen et
al., 2014). Employers frequently use a subjective interpretation of criminal offenses,
particularly in relation to potential harm or threat, when making hiring decisions (Derous
et al., 2016; Hebl & Kleck, 2006; Jones Young & Powell, 2015). Beyond employment
barriers, individuals with CBs also encounter restricted housing access, education
assistance, and social services, contributing to reduced lifetime earnings and higher risks
of homelessness (Albright & Dengq, 1996; Ali et al., 2017; Amir et al., 2014; Chintakrindi
et al., 2015; Cullen et al., 2023; De La Haye et al., 2023; Derous et al., 2016; Lam &
Harcourt, 2003; Levashina et al., 2017; Levashina, 2009; Lynch & Rodell, 2018; Minor et
al., 2018; Paetzold, 2008). Despite the emergence of BTB laws and second-chance hiring
initiatives, stigma continues to shape employment outcomes for applicants with CBs
(Agan & Starr, 2017, 2018; Krell, 2012; SHRM & Institute, 2021).
Ban The Box

Organizations routinely conduct CB checks to vet applicants’ criminal, driving,
and credit histories (Agan & Starr, 2018; Doleac & Hansen, 2017; Kuhn, 2015, 2019;
Lageson, Denver, et al., 2018; Levashina et al., 2017; Rose, 2021; Shoag & Veuger, 2021;
Sugie et al., 2019). Despite this use, including CB checks in the interview process can

disadvantage applicants, undermining their chances of employment (Denver, 2020; Kuhn,
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2015; Shoag & Veuger, 2021; Sugie et al., 2019). The absence of standardized policies or
laws regarding disqualifying criteria further compounds uncertainties for individuals with
CB (Derous et al., 2016; Kuhn, 2015, 2019; Pager & Quillian, 2005; Sugie et al., 2019).
Moreover, the lack of clarity surrounding disqualifying criteria can lead to
inconsistencies in employment practices and perpetuate discrimination against those with
criminal records, even within multiple departments of the same organization (De La Haye
et al., 2023; Kuhn, 2015, 2019; Pager, 2003; Pager & Quillian, 2005).

BTB campaigns began in 1998, Hawaii was the first state to enact BTB policies,
in 2014 research by the State of Hawaii showed that, “by mollifying the social stigma
attached to a criminal record during the hiring process, Hawaii’s ‘ban the box’ law proved
to be extremely successful in attenuating repeat felony offending”. An additional 26 states
and the District of Columbia have passed BTB policies. Although, each state has their
own unique policy, and there is not a uniform federal bill creating a policy/procedure that
must be followed by all organizations in the U.S. (Criminal Records and Reentry Toolkit,
2025). The Fair Chance Act of 2021 requires federal agencies to wait to ask for CB
information once a conditional job offer is extended.

The purpose of these initiatives is to promote fairer employment opportunities;
Second Chance Laws, tax incentives, fidelity bonds (court-issued rehabilitation
certificates), and BTB policies have been enacted to encourage the employment of
individuals with a CB (Agan & Starr, 2018; Baur et al., 2018; Kuhn, 2015, 2019, 2020;
Levashina, 2009; Rose, 2021; Shoag & Veuger, 2021; Sugie et al., 2019). These
initiatives aim to delay the disclosure of criminal histories until after conditional

employment offers, allowing organizations to evaluate candidates based on merit before
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considering their past (Agan & Starr, 2017, 2018; Cullen et al., 2023; Denver, 2020;
Hickox & Roehling, 2013; Levashina et al., 2017; Levashina, 2009; Rose, 2021; Shoag &
Veuger, 2021; Sugie et al., 2019). Despite increasing stated support for BTB policies,
empirical evidence suggests that hiring decisions remain inconsistent, as subjective
assessments, reputational concerns, and unclear organizational policies often override the
intended benefits of these practices (Anderson, 2024; Beatty & Kirby, 2006; Decker et
al., 2015; Derous et al., 2016; Kuhn, 2020; Lynch & Rodell, 2018; Pager & Quillian,
2005; Uggen et al., 2014; Van Laar et al., 2019). These laws and policies are considered a
step in the right direction enacted by politicians and organizations for a more just
employment field, fostering inclusivity and offering individuals with a CB a fair chance
to reintegrate into society and contribute positively to the workforce (Apel & Powell,
2019; Bender et al., 2016; Doleac & Hansen, 2017; Grogger, 1995; Lam & Harcourt,
2003; Petersen, 2016).

In BTB studies examining race, the positive effects of these polices are mixed.
Shoag and Veuger (2021) examined the effects of BTB regulations pertaining to residents
who live in high-crime areas. They used nationwide Census tract data and labor market
outcomes, they found that BTB policies led to an around 4% increase in low-wage job
placement in these neighborhoods. Their study is notable as it is one of the firsts to show
a positive effect of BTB policies on legal employment outcomes, even if the gains were
concentrated in lower-wage positions (Shoag & Veuger, 2021). They also argued that if
employers were using race as a proxy for a CB, then the study should have shown
decreased employment rates instead of increased. Craigie (2019) focused her study on

employment opportunities in the public-sector instead of the private sector. Using a triple
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differential model to isolate racial effects, she similarly found an average 30% increase in
public-sector employment for Black and Hispanic men.

In contrast, several studies report negative employment effects when race is
incorporated into BTB studies. Agan and Starr (2017, 2018) and Doleac and Hansen
(2016, 2017; 2020) found that BTB policies were associated with reduced employment
opportunities for minority men in the regions they examined. In 2018, Agan and Starr
completed field research on BTB policies in New York City and New Jersey. This
research compared outcomes of the before and after of policy implementation in these
regions (Agan & Starr, 2017, 2018; Doleac, 2018). They submitted randomized
applications that varied by CB status (none or a nonviolent felony) and by racially
identifiable names (typical white or black). Prior to implementation, individuals with a
CB were called back at lower rates. After the policies were implemented, callback rates
for black applicants declined significantly. This outcome indicated the increase in racial
discrimination (Agan & Starr, 2017, 2018; Doleac, 2018).

Doleac and Hansen conducted research in 2016 focused on black and Hispanic
men. They tested the timing of passage of BTB policies on employment outcomes for
black and Hispanic men. They found that BTB policies reduced overall employment by
5% for black men and 3% for Hispanic men (Doleac, 2018; Doleac & Hansen, 2016).
This offset any employment gains for men within these groups who possessed a CB
(Doleac, 2018). These studies are in direct contradiction to the studies completed and
assert that not only have these policies failed their intended goals, but the research
suggests they hurt specific subsections of the population through biased hiring practices,

particularly young Black and Hispanic men without a CB, an argument made by
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DiTomaso’s (2021) argument that organizational definitions of difference sustain
inequality.

Two studies, one conducted on the east coast (Massachusetts) and one on the west
coast (Seattle), demonstrate that BTB policies have not increased employment
opportunities for individuals with CBs. Jackson and Zhao (2017) examined
Massachusetts BTB policies. Using Criminal Offender Record Information (CORI)
records and wage records for unemployment insurance. By linking individuals’ Social
Security numbers, they examined if those with CB held gainful employment. They found
that the policies passed to help individuals with CB actually reduced their employment
opportunities, contrary to the policies intended purpose (Doleac, 2018; Jackson & Zhao,
2017).

Research in Seattle used unemployment insurance data and criminal court case
records. Rose (2021) completed three separate experiments the first examined
employment shares and the mean earnings, the second examined BTB policies and labor
markets in Seattle or elsewhere, and lastly, he examined probation sentences and
employment earnings (Rose, 2021). Across all three analyses, Rose found that BTB
polices made no significant impact on employment opportunities for individuals with a
CB (Doleac, 2018; Rose, 2021).

Uggen (2014) examined the effects of an arrest without conviction versus a
misdemeanor arrest on applications. His study showed a 4% lower callback rate for
individuals with a misdemeanor arrest compared to those with only an arrest and no
conviction. While modest, this finding suggests a need for clearer guidance on what

information appears on a CB check during the hiring process. These results also reinforce
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Hozer’s (2003) findings that only 40% of employers are willing to hire an ex-offender.
Employer reluctance was highest for violent offenses (Holzer et al., 2003). Together,
these show that even with BTB policies in place, ex-offenders still face an uphill battle in
securing legal employment.

While Shoag & Veuger (2021) found a positive outcome associated with BTB,
their research focused specifically on neighborhoods with high-crime statistics and low-
wage employment opportunities and analyzed aggregate outcomes rather than individual
effects. Craigie also found positive outcomes for employment opportunities when
focused on public-sector employment and removing other potential biases that factor in
the decision of hiring an applicant with a CB. In contrast, a body of seminal BTB
research has found that these policies are largely ineffective or counterproductive (Agan
& Starr, 2017, 2018; Doleac, 2018; Doleac & Hansen, 2016; Holzer et al., 2003; Jackson
& Zhao, 2017; Petersen, 2016; Rose, 2021; Uggen et al., 2014).The varied results on
BTB policies raise an important question: why would a policy intended to improve
employment opportunities for individuals with a CB decrease those opportunities? This
dissertation will provide further research to explore how these specific variables — such as
type of crime (misdemeanor or felony), severity of the crime (nonviolent or violent), and
demographic characteristics of the applicant (gender and age) — influence hiring
decisions.

The Theory of Planned Behavior

The theory of planned behavior is a psychology framework, that is often used in

organizational behavior research, to explain why individual makes certain decisions.

Developed by Icek Ajzen (1991), the theory argues that behaviors are not formed in

19



isolation but are influenced by multiple variables. These variables include past
experiences, perceived social norms, and one’s personal interpretation of a situation. This
theory emphasizes the importance of perceived behavioral control, the belief that one can
carry out a chosen behavior, due to their individual agency and power (Ajzen, 1988,
1991). This helps individuals feel their decisions are intentional and rational, even if the
situation is complex. The theory of planned behavior provides a useful lens for
understanding how people justify and navigate their choices, especially since those
choices are shaped by social norms and personal belief systems (Ajzen, 1991; Swann,
1987).

Ajzen’s theory is particularly relevant when examining why an employer chooses
to hire or not hire an individual with a CB. Understanding what shapes an employer’s
intention helps identify the underlying barriers faced by individuals with a CB (Ajzen,
1988, 1991). If an employer perceives individuals with a CB as inherently risky, their
intention to hire such applicants is likely to be low (Ajzen, 1988, 1991; Khasni et al.,
2022; Swann, 1987). These perceptions are further reinforced by the behavior and
attitudes of other employers, when hiring practices reflect stigma or exclusion, such as,
hiring someone with a CB is unacceptable (Harris & Keller, 2005; Khasni et al., 2022). In
this way, stigma and subjective norms interact to suppress hiring intentions, regardless of
an applicant’s actual qualifications (Ajzen, 1988, 1991; Khasni et al., 2022; Mobasseri,
2019; Pager & Quillian, 2005).

Beyond intentions, past behavior can also shape future hiring decisions. Ouellette
and Wood (1998) demonstrate that repeated actions often become habitual, suggesting

that employers who consistently avoid hiring individuals with a CB may eventually
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develop a patterned practice of exclusion. A relevant comparison comes from research on
individuals with disabilities: although employers often express positive hiring intentions,
actual behavior does not follow (Araten-Bergman, 2016). This gap illustrates how
intentions and behaviors become blurred by social norms and perceived control to make
potentially controversial hiring decisions (Araten-Bergman, 2016). Additionally,
employer’s decisions are swayed by interview impressions, not just intentions, one’s view
of the interview can be swayed if they have a negative perception of the applicant (Ali et
al., 2017; Barrick et al., 2009; Gardner et al., 2023; Hebl & Kleck, 2006; Higgins &
Judge, 2004). Similarly, if a potential employer holds a negative attitude toward
individuals with a CB, they are unlikely to hire them, regardless of the individual’s
qualifications (Pager & Quillian, 2005). Within the framework of the theory of planned
behavior, this gap reflects the influence of organizational culture, social norms, and
ambiguous diversity policies, which blur the line between intention and behavior in
making potentially controversial hiring decisions (Derous et al., 2016; Fuller et al., 2021;
Ouellette & Wood, 1998).

When employers review applicants, a CB check typically reveals whether an
individual has a CB. This record often includes both the type of crime (e.g., misdemeanor
or felony) and the severity (e.g., nonviolent, or violent). Applying the theory of planned
behavior, employers may choose not to hire an applicant based on personal attitudes
toward certain types of crime, or due to a perceived risk that the applicant poses (Ajzen,
1991; Khasni et al., 2022). In addition, social norms surrounding gender and age may
influence decisions, leading employers to view certain groups more negatively or less

favorably, even if the qualifications are comparable (Ajzen, 1991; Bertrand &
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Mullainathan, 2004; Lahey, 2008). These perceptions, shaped by biases and cultural
expectations, may reduce the intention to hire individuals with a CB, particularly when
other stigmatized identities are also present (Bertrand & Mullainathan, 2004; Khasni et
al., 2022; Lahey, 2008). The theory of planned behavior is applied in this research to help
explain how employers express internal beliefs and societal pressures into hiring
decisions.
Stigma Theory

Stigma theory was developed by Erving Goffman (1963). It is a psychological
theory that is often used in organizational behavior and human resource research to
explain why individuals can be seen negatively in society and in business. As Goffman
explained stigma, society seeks to categorize individuals allowing for a natural order to
emerge that shows how society interacts with others. A stigma gives explanation to why
an individual could be treated in a negative light compared to others. Goffman states that
there are three areas that a stigma could be categorized into: physical, character, this is
where an individual with a CB will be found, and tribal. Along with a stigma, the hiring
managers can become biased in their views towards those with CBs and possibly choose
to not examine the reason for stigma out of the habit of holding the stigma (Fuller et al.,
2021; Mobasseri, 2019; Ouellette & Wood, 1998). Even if an applicant is trying to
manage their stigma, employers often still make hiring decisions or promotions
pertaining to one’s stigma rather than one’s ability (Ali et al., 2017; Araten-Bergman,
2016; Barrick et al., 2009; Gardner et al., 2023; Hebl & Kleck, 2006; Higgins & Judge,

2004; Van Laar et al., 2019). Due to an individual falling into one of these categories a
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reason is then given for discriminatory behavior toward that individual that rationalizes
mistreatment of said stigma.

Goffman’s theory explains the treatment of individuals with a CB, as they often
state that there is a stigma attached even though they have eftectively paid their due to
society (Ali et al., 2017; Holzer et al., 2006; Krylova, 2018). Individuals with CB also
will choose not to apply to jobs that they know will require an in-depth CB check as they
know that they will not be considered for the position (Copenhaver et al., 2007; Lynch &
Rodell, 2018). Employers will often choose to hire an individual without a CB even if
their credentials for the position are less suited than the potential applicant who holds a
CB (Jones Young & Powell, 2015; Uggen et al., 2014). An example of stigma theory in
use is individuals with disabilities; to be hired for a position and even once hired they
continue to face stigma that even with their qualifications they cannot perform a job as
well as those without a disability (Jones, 1997). This research shows that the stigma of a
disability follows them throughout their career. The same holds true for individuals with a
CB even if they have an education, have been approved for work-release, have
certification or bonded insurance that they are not a risk to hire, employers still see the
CB as a negative and due to the stigma they hold will choose to not employ these
individuals (Atkinson et al., 1976; Goffman, 1963; Griffith et al., 2019).

There are additional nuances that factor into an employer’s view of individuals
with a CB. Type of crime (misdemeanor vs. felony) and the severity (nonviolent vs.
violent) are also factors that apply to how society sees an individual with a CB. Felonies
and violent convictions are more likely to be a cause for concern in life and in potential

employment. Gender is another layer that must be examined, as a female will now fall
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into two categories for potential stigma due to how society expects a female to act
(Bertrand & Mullainathan, 2004; Chesney-Lind & Pasko, 2012; Decker et al., 2015;
Derous et al., 2016; Derous, 2015; Dipboye, 1975; Lynch & Rodell, 2018; Marlowe,
1996; Muchinsky & Harris, 1977). Age can lead to additional stigma as young or old with
a CB, one could make an argument for why the individual is unqualified (Agan & Starr,
2017, 2018; Albert et al., 2011; Lahey, 2008). This study will use stigma theory to help
explain how these identities intersect and shape hiring outcomes.
Type of Crime

In the evaluation of CB for hiring decisions, a foundational aspect of the process
involves examining the legal classification of the offense, referred to as type of Crime
throughout this dissertation, which is distinguished on the background check as either a
misdemeanor or a felony. In an organization’s recruitment efforts, organizations seek
employees who align with their long-term vision and exhibit a strong work ethic
(Bumiller, 2014; Cullen et al., 2023; Paetzold, 2008). Unfortunately, individuals with a
CB are often pigeonholed into low-wage roles, perpetuating the belief that they are only
suitable for menial labor (Bumiller, 2014; Denver, 2016; Krylova, 2018; Petersen, 2016;
Schnepel, 2018; Seim, 2020). These bias limits their consideration for higher-level roles,
reinforcing discriminatory employment and promotion practices and the lack of upward
mobility opportunities for this subgroup of individuals (Albright & Denq, 1996; Apel &
Powell, 2019; DiTomaso, 2021; Grogger, 1995; Kuhn, 2019; Levashina et al., 2017;
Sugie et al., 2019). In 2024 the U.S. Chamber of Commerce found the unemployment

rate for individuals with a CB to be at 30% (Ferguson Melhorn et al., 2024).
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The North Carolina General Statutes provide the legal framework for classifying
crimes as either misdemeanors or felonies. These statutes encompass a wide range of
offenses, including non-person crimes (e.g., parking violations), person crimes (e.g.,
assault), and property crimes (e.g., trespassing) (Chapter 14 - Criminal Law). In addition,
the statutes also outline sentencing guidelines based on the severity and frequency of
offenses, including considerations for multiple convictions or concurrent charges
(Chapter 15 - Criminal Procedure). Once an individual is convicted, the offense becomes
a part of their permanent criminal record, which can influence hiring decisions for
potential career opportunities (SHRM, 2012). Different organizations have different
policies regarding the type of background check conducted and the specific convictions
deemed disqualifying (Jackson & Zhao, 2017; Johnson, 2013; Krylova, 2018; Lam &
Harcourt, 2003; Seim & Harding, 2020; Uggen et al., 2014).

Under NC General Statues, Chapter 14:

A felony is a crime which:

(1) Was a felony at common law,

(2) Is or may be punishable by death,

(3) Is or may be punishable by imprisonment in the State's prison, or
(4) Is denominated as a felony by statute.

Any other crime is a misdemeanor. (1891, c. 205, s. 1; Rev, s. 3291; C.S.,
s. 4171; 1967, c. 1251, s. 1.) (§ 14-1) (Chapter 14 - Criminal Law).

A felony at common law refers to an offense historically considered a felony
under English common law, and is reasonable to be punished by death, such as murder.
This does not mean that the death penalty must be legal in the state, only that the offense
is of a severity historically associated with capital punishment. For example, trespassing
would not meet this threshold. Felonies also include crimes punishable by imprisonment

in a state prison.
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Some offenses did not exist in the same form under common law and are
therefore explicitly designated as felonies by statue. For example, under Chapter 14-
113.20A of the NC General Statutes, trafficking in stolen identities is specifically
denominated a felony and is punishable as provided in G.S. 14-113.20. denominated a
felony. For example, stealing one’s identity and trafficking it is considered a felony:

§ 14-113.20A. Trafficking in stolen identities. (b) A violation of this section is a

felony punishable as provided in G.S. 14-113.22(al). (2002-175, s. 5, 2005-414,

s. 7(2).) (Chapter 14 - Criminal Law).

This statutory designation is one way the legislature classifies modern crimes that did not
exist in earlier legal systems (Chapter 14 - Criminal Law). If an offense does not meet
any of the above criteria, it is classified as a misdemeanor, see Table 1 for the decision

Process.

Table 1: North Carolina Criminal Classification Process

Step | Decision Question Yes — No —

1 Is the crime punishable by | Felony (Class A) — Step 2
death? Conviction Record

2 Is the crime punishable by | Felony (Class B-1*) — | Step 3
imprisonment in a state Conviction Record
prison?

3 Was it a felony at common | Felony — Step 4
law? Conviction Record

4 Is it expressly labeled a Felony — Misdemeanor
felony in the statues? Conviction Record (Class 1-3**) —

Conviction Record

*Under the NC General Statues, assault inflicting serious bodily injury is
classified as a Class F Felony, and shoplifting over 81,000 is a Class H Felony.
**Simple assault is classified as a Class 2 misdemeanor, and shoplifting under
81,000 is a Class 1 misdemeanor.

Due to an individual commonly holding their CB for the rest of their adult life,
expungement of a criminal conviction is costly and cumbersome, these individuals must
find how to navigate obtaining gainful employment with a CB (Ali et al., 2017; Crandall

& Eshleman, 2003; Krylova, 2018). BTB laws and policies have created natural
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experiments that researchers have taken advantage of in some of the more recent
literature. Agan and Starr (2017, 2018) have performed one of the most seminal natural
experiments on how BTB has affected employment opportunities for individuals with a
CB. Using White and Black Males who had felonies as the type of crime on their record
applying for positions before and after BTB. They found that not only did BTB not make
a large difference in callback rate in NY and NIJ after passed for individuals with CB, but
it also actually decreased the number of Black applicants who received callbacks (Agan
& Starr, 2017, 2018). Only white applicants with a CB had their callback rates increase
after BTB was implemented.

In 2021, Evan Rose, performed research in Seattle by using the Washington State
Unemployment Insurance System. He compared individual earnings before and after an
individual’s first criminal conviction (Rose, 2021). For both misdemeanors and felonies,
he found that their quarterly earnings decline 3 years after conviction compared to 3 years
before the conviction. He also found that when an individual was charged and not
convicted that there was no similar decline (Rose, 2021). It has also been found that
individuals in Florida with felonies are less likely to have opportunities to adjudicate their
conviction (Bontrager et al., 2005; Chiricos et al., 2007). In 2015 arrests were compared
to Unemployment Income earnings and found that unlike a CB, an arrest was a short-
term decrease in income the opposite of being convicted of a misdemeanor of felony
(Grogger, 1995).

Not all criminal convictions are viewed equally; research shows that hiring biases
vary depending on the type of crime committed (Agan et al., 2024; Jones Young &

Powell, 2015; Paetzold, 2008; Zweig & Yahner, 2011). An individual with a CB will face
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different challenges when their type of crime is considered white-collar compared to
blue-collar. Examples of white-collar crime are credit card fraud and blue-collar crime is
assault (Jones Young & Powell, 2015), the difference in conviction can also be seen in the
NC General Statutes as assault will more likely lead to a felony due to the extent of
bodily harm quicker than the dollar amount of fraud will lead to a felony (Bumiller, 2014;
Chapter 14 - Criminal Law; Chapter 15 - Criminal Procedure).

Agan, Doleac, and Harvey (2021) found that a misdemeanor that was not
prosecuted by the District Attorney in Suffolk County Massachusetts created a 53%
reduction in future recidivism, allowing individuals the opportunity to advance in a life
without a CB which allows for better employment opportunities. In California
Proposition 47 reduced sentences that were felonies to misdemeanors (Agan et al., 2024).
A study of individuals who requested the reduction compared to the individuals who were
unaware of the reduction was completed by examining data from San Joaquin’s District
Attorney criminal records and IRS data. The individuals who had requested a reduction in
their conviction, changing the type of crime from a felony to a misdemeanor were shown
to have a positive effect on employment opportunities (Agan et al., 2024). Additionally,
increasing minimum wage could have a positive impact on individuals with felonies
recidivism rates (Agan & Makowsky, 2023; Schnepel, 2018; Seim, 2020).

When employers have been surveyed on their willingness to hire individuals with
CB the type of crime effects the potential employer’s willingness. Albright and Denq
(1996) surveyed employers’ attitudes pertaining to hiring an individual with a CB. They
surveyed 83 potential employers in Houston and Dallas due to Texas (at the time of their

publication) having more individuals incarcerated than elsewhere in the U.S., excluding
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Washington D.C. (Albright & Denq, 1996). 21 surveys indicated that they would hire an
individual with a CB based on the type of crime, many indicated that they would consider
the individual on a case-by-case basis (Albright & Denq, 1996).

This research shows that the type of crime an individual has been convicted of
makes a difference in their future employment opportunities (Agan & Starr, 2017, 2018;
Rose, 2021). Agan & Starr (2017, 2018) found that felonies reduced callback rates while
Rose (2021) found that a felony or a misdemeanor will decrease wages after conviction,
but increased wages for those convicted of a felony could reduce recidivism (Agan &
Makowsky, 2023; Schnepel, 2018). A felony in Floridia is less likely to be expunged
(Bontrager et al., 2005; Chiricos et al., 2007). Based on this research it is reasonable to
conclude that a felony will cause more harm to an individual’s future opportunities than a
misdemeanor will. This research though, only examines half of the equation of a criminal
conviction, a misdemeanor or felony charge has more nuance that just those. There are
nonviolent and violent misdemeanors and the same holds true for felonies too (Chapter
14 - Criminal Law; Chapter 15 - Criminal Procedure). The severity of the crime also
should be examined in conjunction with the misdemeanor or felony type of crime rather
than one or the other as a standalone binary variable.

When looking at stigma theory a felony is more likely to trigger a strong response
from potential employers than a misdemeanor (Albright & Denq, 1996; Atkinson et al.,
1976; Henson, 2020; Lageson & Maruna, 2017; Mobasseri, 2019; Starks, 2018; Young &
Keech, 2022). Goftman (1963) states that society will judge an individual on their

character, and a criminal conviction is a negative experience pertaining to an individual’s
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character. This stigma creates a difficulty that must be overcome by the individual (Al et
al., 2017; Gardner et al., 2023; Hebl & Kleck, 2006; Krylova, 2018; Pinel, 1999).

The theory of planned behavior provides a lens for understanding attitudes
employers hold toward applicants with a CB and how those attitudes influence hiring
decisions (Ajzen, 1988, 1991; Khasni et al., 2022). Individuals with a CB often anticipate
these negative perceptions and may adopt reparative tactics, such as apologizing,
emphasizing rehabilitation, accountability, or reliability, to soothe potential concerns
during the hiring process (Ali et al., 2017; Bumiller, 2014; Gardner et al., 2023; Hebl &
Kleck, 2006; Khasni et al., 2022; Krylova, 2018; Seim, 2020). While some organizations
bypass the decision altogether by excluding applicants with a CB outright, they often
relying on policies and legal restrictions to justify their decision (Ajzen, 1988, 1991;
Harris & Keller, 2005; Siwach, 2017). Ultimately, the theory of planned behavior helps
explain how employer attitudes, shaped by social norms and perceived risks, can create
systemic barriers for individuals with a CB attempting to reenter the workforce (Ajzen,
1988, 1991).

Severity of Crime

The North Carolina General Statutes provide the framework for classifying crimes
as nonviolent or violent. Chapters 14 and 15 outline provisions that help determine the
severity of an offense, including definitions of specific crimes, sentencing guidelines,
expungement eligibility, and victim rights. In general, nonviolent crimes include offenses
such as drug possession or fraud, while violent crimes involve acts such as kidnapping,
assault with a deadly weapon, or sexual assault (Chapter 14 - Criminal Law; Chapter 15 -

Criminal Procedure). While the statues list many additional offenses and sentencing
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guidelines, for the purposes of this dissertation, only a general understanding of the
distinction between violent and nonviolent crimes is necessary.

Research shows that organizations and hiring managers tend to view nonviolent
crimes as more acceptable compared to violent crimes (Atkin & Armstrong, 2011; Baur
et al., 2018; Kuhn, 2019; Pager, 2003). Applicants with nonviolent crimes on their CB
are more likely to receive callbacks than those with a violent crime (Doleac, 2018; Holzer
et al., 2003; Smith, 2021). In contrast, individuals with violent offenses are typically
perceived as higher risk, with employers frequently citing potential workplace safety
concerns and lawsuits as reasons for not hiring such applicants (Baur et al., 2018;
Fitzgerald et al., 2009; Frank et al., 2014; Holzer et al., 2003).

When Agan & Starr (Agan & Starr, 2017, 2018) completed their BTB research
they used a nonviolent crime on the CB to assess whether such a record would impact an
applicant’s chance of receiving a job callback. Because their study was conducted during
the implementation of BTB laws in New York and New Jersey, they were able to examine
the policy’s real-time effects. Their findings revealed that applicants with a nonviolent
CB were still significantly less likely to receive a callback compared to those with no
criminal record at all, highlighting the persistent stigma associated with any criminal
history (Agan & Starr, 2017, 2018).

Pager and colleagues conducted a series of field experiments examining the
impact of nonviolent felony convictions on employment outcomes (Pager, 2003; Pager &
Bonikowski, 2009; Pager & Quillian, 2005; Pager, Western, et al., 2009). In these studies,
applicants signaled their CB by listing a parole officer as a reference on their job

applications. Interestingly, the results revealed that very few employers checked the
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references, suggesting that the presence of a criminal record was enough to reduce the
applicant’s likelihood of being considered for the job (Pager, 2003; Pager & Bonikowski,
2009; Pager & Quillian, 2005; Pager, Western, et al., 2009).

In 2015, Decker et al., completed a study using both in-person and online job
applications to examine the effects of a nonviolent CB on employment outcomes. The
study included feedback from in-person applicants about their experiences during the job
search process. One participant described the stigma they encountered, stating:

The interview was only 5 minutes long. [The manager] asked about my

experience at [a restaurant]| and then about the maintenance position at Arizona

State Prison Complex — Winslow. It seemed like he started at the top of my resume

and when he got to the Maintenance position at Winslow he stopped reading.

White Male Ex-Prisoner. (Decker et al., 2015).

This feedback illustrates how, even with a nonviolent offense, applicants may face
immediate stigma and rejection during in-person interactions. They found that applicants
with a CB who applied in person were overwhelmingly disqualified compared to those
without a CB. While those who applied online were still disqualified, the relationship was
not as strong, suggesting that personal disclosure may amplify the impact of stigma
during the hiring process. (Decker et al., 2015).

In dissertation research conducted by Kemol Anderson (2024), findings revealed
that even a nonviolent CB was sufficient to disqualify an individual from employment,
but employers were less averse to a nonviolent background than a violent CB. Agan and
Doleac (2023), found that individuals charged with a nonviolent crime that were
ultimately not prosecuted by the District Attorney’s office were less likely to reoffend.

Similarly, Bhuller et. al., (2020) reported that in Norway, access to job training and

education during incarceration, regardless of whether the offense was nonviolent or
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violent, increased their opportunity for employment after incarceration. In contrast, Khun
(2019), found that some employers deemed nonviolent crimes, even if several years
removed, as disqualifying in the hiring process.

Atkin and Armstrong (2011) examined the attitudes of employers in Texas whose
business was in zip codes with a high density of released offenders. They found that these
employers were more likely to hire an individual with a nonviolent conviction, likely due
to the large population of CBs in the area. These businesses also tended to hold more
favorable attitudes towards those with a CB (Atkin & Armstrong, 2011) overall. Notably,
they were more willing to hire an individual who was convicted for domestic violence
than any other violent offense. 79% were unwilling to hire an individual convicted for
aggravated assault (Atkin & Armstrong, 2011).

This study underscores the nuanced differences in hiring prospects based on the
type and severity of the offense. Beyond the nuances of offense type and employer
perception concerns arise in how laws are interpreted and applied when evaluating a CB.
Kurlychek et al. (2019) found that while some organizations have explicit policies and
guidelines, others do not, leading individuals with a CB in a precarious situation, as they
now must determine if they will be considered or not for a position. This ambiguity
forces applicants to navigate an inconsistent hiring landscape (Kurlychek et al., 2019;
Lageson, Vuolo, et al., 2018). As some research points out, when background checks
include arrests that did not lead to convictions, it raises the question: if everyone has
access to this information, how can individuals with a CB ever have a fair opportunity to
secure meaningful employment (Lageson, Denver, et al., 2018; Petersen, 2016). Recent

research using surveys and interviews with hiring professionals in Canada indicate that
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hiring decisions are frequently influenced by subjective assessments of risk and the
inconsistent application of evaluation criteria (Anazodo et al., 2026). Collectively, these
findings suggest that current practices for evaluating applicants with a CB may perpetuate
stigma within the hiring process, even when organizations aim to identify the most
qualified candidate.

A qualitative study of employers in Sweden found that hiring decisions involving
individuals with a CB extend beyond simple risk aversion (Backman, 2011). Employers
often consider whether the offense was relevant to the job. For example, if an individual
had been convicted of theft, a nonviolent offense, employers expressed concern about
hiring them for positions involving access to valuable items (Backman, 2011). In another
instance, when asked about hiring someone with an assault conviction for a truck driving
position, one interviewee stated:

Interviewer: Because you are thinking that it might be a risk — that this person is
— could become violent with customers and so on?

Interviewee: Yes, that in some way he might have difficulty controlling his temper.
1 might want to give it a second thought. (Backman, 2011).

Individuals with a violent CB may face situations like this throughout the
application process as employers evaluate both the severity and perceived relevance of
the offense in determining hiring ranking preference (Agan & Starr, 2017, 2018; Atkin &
Armstrong, 2011; Backman, 2011; Bender et al., 2016; Bumiller, 2014; DiTomaso, 2021;
Holzer et al., 2006; Pager, 2003; Pager & Bonikowski, 2009; Pager & Quillian, 2005;
Pager, Western, et al., 2009).

Agan and Makowsky (2023) found that raising minimum wage in the U.S. does

not significantly reduce the incidence of violent crimes; but it is significantly associated
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with a reduction in nonviolent crimes. In a separate study (Weiss & Reid, 2005),
examined the relationship between urban population size and criminal behavior among
individuals with violent CBs. They categorized urban populations into four population
sizes: less than 500,000, less than 1 million, less than 2 million, and over 2 million. Their
findings indicated that larger urban areas experienced higher rates of both violent and
property crimes (Weiss & Reid, 2005).

These studies demonstrate that important nuance exists beyond the basic
distinction of misdemeanor versus felony. The severity of the crime, whether it is
nonviolent or violent, also significantly influences how a CB affects an individual’s
prospects for gainful employment. However, most research shows a direct causal link
between incarceration and employment outcomes, without accounting for the multiple
dimensions of a CB or other influential factors such as age and gender. Pager (2003)
developed a model that reflects the prevailing approach in CB research, presented in
Figure 1, which serves as a baseline against which more nuanced frameworks can be

developed.

Employment
outcomes

Incarceration — -

Figure 1: Model of direct causation. Source: (Pager, 2003)
Employers are unlikely to consider the type of crime or severity of a crime in
isolation; rather, these dimensions are examined concurrently, with the relative weight
placed on each likely varying from employer to employer. While prior research has made

important contributions, most studies have examined the type of crime and severity of
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crime independently. This dissertation addresses that gap by simultaneously examining
both variables and how they jointly influence ranking of hireability. There are additional
variables that also factor into a hireability ranking decision. The demographic
characteristics of applicants, such as age and gender, may also factor into beliefs held
about a CB. These moderators are examined next.

Similarly, when applying stigma theory, a violent crime is more likely to elicit a
strong negative reaction than a nonviolent crime (Agan et al., 2023; Atkin & Armstrong,
2011; Backman, 2011; Decker et al., 2015; Mobasseri, 2019; Pager, 2003; Pager,
Bonikowski, et al., 2009; Pager & Quillian, 2005; Pager, Western, et al., 2009; Weiss &
Reid, 2005). As Goffman (1963) argues, stigma arises when individuals are judged based
on perceived character flaws; then a violent conviction can serve as a marker of deeply
flawed or dangerous character. This association reinforces the association of the
individual as a permanent risk. Thus, making it more difficult for individuals with violent
convictions to secure employment (Ali et al., 2017; Krylova, 2018; Pinel, 1999).

Applying the lens of the theory of planned behavior will show how stigmas
surrounding violent crime influences attitudes held by employers during the hiring
process (Ajzen, 1988, 1991; Decker et al., 2015; Derous et al., 2016). Individuals with
violent convictions often anticipate rejection due to these negative perceptions, such as
being automatically disqualified from consideration (Ali et al., 2017; Baur et al., 2018;
Bucknor & Barbe, 2016; Decker et al., 2015; Gardner et al., 2023; Hebl & Kleck, 2006;
Siwach, 2017). This theory underscores how employer attitudes, shaped by social norms
and perceived risks, contribute to significant barriers for those seeking employment

(Ajzen, 1988, 1991).
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Age is a critical but underexplored variable that affects how employers evaluate
applicants with a CB. Age discrimination has been widely documented throughout
business research (Albert et al., 2011; Bertrand & Mullainathan, 2004; Lahey, 2008;
Neumark, 2024; Neumark et al., 2019; Rosen & Jerclec, 1976). To date, few studies have
in-depth examined how age of an applicant intersects with a CB to influence hiring
ranking. Employers may interpret age as a proxy for maturity, rehabilitation potential, or
recidivism risk, which leads to potential differential judgments between younger and
older applicants with comparable criminal histories (Agan et al., 2023; Apel & Powell,
2019; Buck et al., 2022; Schnepel, 2018; Siwach, 2017; Swann, 1987; Yang, 2017). This
section reviews existing literature on age-related biases in hiring, how age may moderate
the impact of a CB on employment outcomes, and finally, how the theory of planned
behavior and stigma theory can be used to explain these effects.

Neumark, Burn, and Button (2019) found that there is stronger evidence of age
discrimination for those who were nearer to retirement ages, 64 years and up. They
further demonstrated that evidence of age discrimination was robust for women even
after correcting for potential selection bias, but not for men, suggesting gender-specific
patterns (Neumark et al., 2019). Lastly, they found that older applicants who had
experience comparable to younger applicants, there was little evidence of age
discrimination (Neumark et al., 2019). These findings underscore the need for applicant

profiles that align age with plausible work histories and caution against interpreting age
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effects without considering possible interactions with gender and resume design
(Neumark et al., 2019).

In 2024 Neumark extended his research on age discrimination by analyzing non-
experimental data from a national restaurant chain’s lawsuit to examine how age
discrimination may shift a hiring manger’s position once they become aware of an
applicant’s age. In the first hiring procedure (paper applications), age was introduced at
the same time as all other applicant information. In the second procedure (electronic
applications), age was revealed only after detailed information online (Neumark, 2024).
Neumark found that age discrimination was prevalent in both procedures for older
applicants, who consistently received fewer job offers than younger applicants (Neumark,
2024). These findings suggest that hiring managers must recognize and address the
implicit biases and stigmas that influence their decisions when choosing what applicant
should be offered a position.

Using high school graduation dates as a proxy for age, Lahey (2008) conducted a
field experiment in which 3,996 paired resumes, identical except for graduation year,
were sent to employers in Boston, MA and St. Petersburg, FL. Lahey (2008) found that
younger applicants were 42% more likely to receive interview offers in MA and 46%
more likely in FL. These findings indicate that older workers face significant hiring
disadvantages, suggesting that older individuals with a CB may experience compounded
barriers compared to younger counterparts.

In Madrid, Albert et al. (2011) conducted a field experiment by sending 1,062 job
applications in male-female pairs for six occupations: administrative assistant, executive

secretary, sales representative, marketing technicians, accountant’s assistant, and
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accountant. Applicants were assigned one of three ages (24, 28, 38) to correspond with
their experience for their age (Albert et al., 2011). When younger and older candidates
were considered for the same position, callback rates were higher for younger applicants;
age 38 received callbacks 6.12% of the time, compared to 10.85% for those age 28.
Similarly, a Swedish field experiment by Carlsson and Eriksson (2019), which sent 6,000
resumes with ages ranging from 35 to 70, found steep declines in callback rates for older
workers, citing concerns about adaptability and skill acquisition. For older applicants
with a CB, these age-related disadvantages may be compounded by concerns about
limited recent work experience due to incarceration. While these studies document broad
patters of age discrimination, little is known about how age intersects with a CB in
shaping ranking for hire.

Current research focuses on young males or applicants of all ages, leaving
unanswered questions about how young women are affected. Agan and Starr (2017,
2018) found that young male applicants with a CB receive fewer callbacks than similarly
aged applicants without a CB. Pager, Western, and Sugie (2009) likewise demonstrate
that among young men (ages 22-26), having a CB significantly reduces employment
prospects, primarily because it limits opportunities to interview. These findings suggest
that age frames preconceived expectations about applicants’ backgrounds, and that the
interaction between age and CB in hiring extends beyond resumes and into underlying
stigmas and biases (Pager, Western, et al., 2009). Interestingly, Agan et al. (2023) found
that in case of no prosecution for misdemeanor charges, younger defendants are more

likely to reoffend than older defendants, which could suggest that older individuals with a
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CB might, in some contexts, have more favorable employment prospects than younger
counterparts.

Apel and Powell (2019), using data from the NLSY97, found that the wages of
young people who have been incarcerated are less adversely affected than commonly
assumed. In contrast, Doleac and Hansen (2018; 2016, 2017) found that BTB policies
have harmed the employment opportunities of young men of color, limiting wage growth
compared to those without a CB (Holzer et al., 2006). Additionally, Kerley and Copes
(2024) found that young individuals with multiple arrests or incarcerations before the age
of 24, regardless of severity, face persistent obstacles to securing stable employment,
which can contribute to continued recidivism over their lifetime (Kerley & Copes, 2004;
Schnepel, 2018; Western & Pettit, 2005).

The theory of planned behavior provides a framework for understanding how age
discrimination in employer attitudes can lead to hiring discrepancies, as young applicants
with a CB are often perceived as less employable (Agan et al., 2024; Agan & Starr, 2017,
2018; Agan & Makowsky, 2023; Ajzen, 1991; Derous et al., 2016; Jones, 1997; Khasni et
al., 2022; Pager, Western, et al., 2009; Uggen, 2000). Age discrimination can also create
inherent stigmas, with employers viewing older candidates as unable to adapt or learn
new skills and younger candidates as unwilling to follow direction (Derous et al., 2016).
When age-based stigma is compounded by stigma toward individuals with a CB,
applicants face additional barriers, as they must overcome two interrelated forms of bias
(Ali et al., 2017; Derous et al., 2016; Goffman, 1963; Uggen et al., 2014).

While age discrimination has been well studied, far less is known about how it

intersects for individuals with a CB. The double stigma of age and CB can make securing

40



employment more difficult than for individuals without a CB. Few studies have examined
both CB status and age in the context of hiring decisions, beyond BTB, and even fewer
have compared younger and older applicants to assess and how age can moderate the
relationship between CB and hireability ranking. Taken together, the literature provides
clear evidence that age influences hiring outcomes, yet the intersection between age and
CB remains underexplored, particularly for female applicants. This gap underscores the
need to examine age and gender together, as this dissertation will do.
Gender

Gender bias in hiring is well-documented, yet there is less known about how
gender intersects with other applicant characteristics, including type of crime, severity,
age. In 2004 the Office of Juvenile Justice and Delinquency Prevention reported that the
rise in girls arrested for violent offenses, up to 30%, could not be fully explained due to
the predominance of research focusing on boys (In Focus - Girls Delinquency, 2010). A
2015 meta-analysis emphasized the need to study women in the criminal justice system,
particularly regarding incarceration and post incarceration outcomes (Decker et al.,
2015). Gender stereotypes influence perceptions of trustworthiness, leadership,
multitasking ability, and organizational fit, biases that may be when a CB is also
considered (Baur et al., 2018; Decker et al., 2015; Derous et al., 2016; Goffman, 1963;
Major & O'Brien, 2005; Pinel, 1999; Uggen et al., 2014). This section will review gender
bias in hiring, gendered responses to CBs, and theoretical perspectives that can explain
these effects.

Goldin and Rouse (2000) examined the effect of blind auditions in orchestras and

found that the proportion of female musicians increased after screens were implemented

41



to conceal applicants’ identities (Goldin & Rouse, 2000). Correll et al. (2007)
demonstrated that women who choose to have children face a competence penalty,
whereas men do not (Correll et al., 2007). In Philadelphia, Neumark et al. (1996) found
that women applying for server positions in high-priced restaurants had a 3.5% lower
probability of receiving an interview and a 4% lower probability of receiving a job offer
compared to men. Collectively, these show that women face a consistent penalty in the
labor market, one that may be further compounded when a CB also exists.

Some studies have signaled gender using names, revealing biases faced by women
in hiring. Field experiments using resume audits have relied on standard gendered names
identified from birth records or other public sources. In Madrid, Albert et al. (2011) used
commonly known Spanish male and female names, drawn from a phone book and not
associated with minority groups, to examine gender discrimination. In the Netherlands,
Derous (2015) used well known Dutch and Arabic names for men and women to assess
how gender, in combination with other applicant characteristics, influenced hiring
decisions. Bertrand and Mullainathan (2004) conducted a resume field experiment in the
U.S. using Massachusetts birth records to select common male and female names and
examined the intersection between gender and race in hireability. Similarly, Lahey (2008)
aligned names from the Social Security Administration with the year of high school
graduation on resumes to study gender effects in hiring. He and Kang (2021) used
popular gendered baby names from 1999 and language in cover letters to identify the
applicant as male or female. Each of these studies demonstrates biases toward female
applicants, biases that are likely to be compounded by the stigma of a CB when women

seek employment.
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A meta-analysis of hiring experiments examining gender and qualifications found
that even small amounts of bias can significantly affect hiring outcomes for subgroups
(Hardy et al., 2021). Across these studies, women were found to face disadvantages
ranging from reduced hiring likelihood to lower perceptions of competence. When gender
intersects with a CB, the nuances of bias become even more complex, particularly given
that much of the CB focused hiring research has relied on male applicants.

Agan and Starr (2017, 2018) conducted a resume field experiment using young
male applicants to examine how the passage of BTB laws affected the hiring of
individuals with CB. Pager’s body of work, conducted over multiple studies, likewise
focused on men’s hireability in relation to a CB, the employers frequently failed to follow
through, resulting in persistent employment disadvantages (Pager, 2003; Pager &
Bonikowski, 2009; Pager & Quillian, 2005; Pager, Western, et al., 2009). Doleac and
Hansen (2016, 2017, 2020) similarly found that men, particularly minority men, are
negatively affected by BTB policies. Henson (2020) examined Black men and found that
limited opportunities for gainful employment led some to “hustle” for their families
(Henson, 2020). Western and Pettit (2005) documented wage inequality between white
and Black young men, showing that incarceration disproportionately decreases wages for
Black men. Collectively, this research illustrates how gender intersects with criminality in
shaping employment opportunities, as individuals with a CB must navigate barriers
imposed by the enduring stigma of their past convictions.

There has been research examining gender differences among individuals with
CBs. Agan and Makowsky (2023) studied the impact of earned income tax credits offered

to organizations employing individuals with CBs and found that only women benefited
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from the tax credit. In Florida, Chiricos et al. (2007) examined individuals permitted to
adjudicate their felony convictions and found that women were more likely to recidivate
than men when not afforded this option. They hypothesized that this may because the
label of a CB carries a stronger stigma for women, as society is generally more
accustomed to men having a CB (Chiricos et al., 2007). In contrast, Denver (2017) found
that recidivism rates declined for women approved to work in NY’s health sector, though
the effect was nearly null due to the older women in the data. Schnepel (2018) similarly
found that women were less likely than men to have been employed prior to incarceration
and less likely to seek employment opportunities after release.

The most comprehensive research on women and criminality is presented in
Chesney-Lind and Pasko’s (2012) work, which documents how girls and women are
frequently excluded from discourse across the criminal justice continuum, from arrest, to
conviction, detention, incarceration, and rehabilitation. This indicates that some research
has examined women with CBs, particularly in relation to recidivism, far less work has
focused exclusively on women and the intersection of gender and criminality. This lack
of research underscores a significant gap in understanding the biases and stigmas unique
to women with CBs. Stigma theory helps explain the double stigma they face, both
gender based and CB based, while the theory of planned behavior can illuminate why
women with CBs may sometimes be perceived more favorable than men with CBs, as
they are often seen as less violent.

The literature pertaining to individuals with a CB demonstrates consistent
evidence of the negative impact on an individual’s hireability. Age and gender have also

been shown to shape an employer’s hiring decisions and intersect with one’s CB in the
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hiring decisions; younger males have been shown to be disproportionally affected in the
extant research. Ranking of applicants can offer a structured way to observe the nuances
of the variables and how they interact in hiring decisions, but prior research has relied on
callback rates in field experiments or surveys of employers to determine if an individual
with a CB will be hired.

Stima theory explains how known characteristics of an applicant can trigger a
negative response (Mobasseri, 2019); in the instance of this dissertation a CB stereotypes
the individual applying as not a worthwhile hire. The theory of planned behavior explains
employer’s attitudes towards individuals with a CB due to personal attitudes, norms held
by society, and one seeking to hold control (Khasni et al., 2022), thus allowing employers
the opportunity to view applicants with a CB as not hirable. Both theories show the
effects of how an employer would rank them.

Previous studies have relied heavily on field experiments or audits, often focusing
on nonviolent felonies, seminal research has largely overlooked misdemeanor crimes and
violent crimes. Much of this work examines male applicants, considers age only
sporadically, and focuses primarily on callback rates. As shown in Table 2, these
approaches leave substantial gaps in the literature. In particular, the division of the hiring
process has prevented the examination of individuals who are provisionally hired and
then subject to a PEBC. This design cannot fully replicate a real-world scenario in which
applicants with and without a CB apply simultaneously, it extends existing research into a
context that has received little scholarly attention. This dissertation addresses these gaps

by examining the moderating roles of age and gender in how employers rank applicants
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CB, including the classification of crime, the type and severity of the crime, as illustrated

in Table 2.
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Table 2: Field Experiment Research on Criminal Background Checks

Study Misdemeanor | Felony | Nonviolent | Violent | Age | Gender | Key Findings

(Agan & X X X X BTB increased racial

Starr, 2017) disparities

(Agan & X X X X BTB increased racial

Starr, 2018) disparities

(Decker et X X X Race and prison sentences

al., 2015) effect employment
opportunities

(Pager, X X X Felony records reduced

2003) callbacks, effect of race was
significant

(Pager & X X X Employer actions differ from

Quillian, perceptions, racial bias

2005) present in actions

(Pager & X X X Presence of felony affects

Bonikowski, opportunities, racial bias

2009) present

(Pager, X X X X Negative effect of CB

Western, et primarily based on race

al., 2009)
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Hypotheses

As previously discussed, the goal of this dissertation is to highlight the nuance
involved in evaluating criminal histories during the hiring process by applying stigma
theory and the theory of planned behavior to explain the psychological and normative
mechanisms underlying the evaluations. Most prior studies have focused on the early
stages of hiring, such as callbacks or interview offers, rather than examining how
employers make decisions once a PECBC is reviewed. For example, meta-analyses
shows that applicants with felony convictions receive fewer callbacks; additionally, little
is known about if these patterns persist once employers review PECBCs (Decker et al.,
2015; Pager, 2003). While age and gender discrimination are well documented in hiring
research, less is known how these demographic factors interact with CB status to share
perceptions of applicant suitability for hire.

By modeling how hiring managers rank applicants with CBs, this study provides
more granular evidence of the bias and discrimination that occur during a realistic
evaluation process. The following sections develop the hypotheses derived from these
theoretical and empirical foundations. First, building on studies that have focused on
callback rates and employer surveys, a model will be developed to examine how a
PECBC influences how applicants with a CB are ranked relative to other applicants.
Second, drawing on stigma theory and the theory of planned behavior, this research
extends prior work by moving beyond application and callback outcomes to the next
stage of the hiring process, when employers evaluate applicants once they are

provisionally hired and subject to a PECBC. Finally, the study will test how age and

48



gender moderate these ranking decisions, offering a deeper understanding of how
multiple sources of stigma intersect with the hiring context.

The hypotheses are organized into three sections. The first section addresses the
legal classification of crime; felony vs. misdemeanor and offense severity (H1, Hla, H1b,
Hlc, H1d). The second section examines the moderating role of age (H2, H2a, H2b, H2c,
H2d). Lastly, the third section examines the moderating role of gender (H3, H3a, H3b,
H3c, H3d). The proposed theoretical model is presented in Figure 2.

Crime Classifications

Previous research has consistently demonstrated the challenges individuals with
CBs face throughout their work lives. The literature confirms that stigma, manifested
through selection bias, represents a significant barrier faced by applicants with CBs (De
La Haye et al., 2023; Derous et al., 2016; Goffman, 1963). The theory of planned
behavior further contextualizes this stigma by linking it to the perceived norms and
attitudes embedded within organizations and society (Ajzen, 1991; Khasni et al., 2022).

Prior studies have primarily examined the negative effects of CBs on hiring
decisions by focusing on either the type of crime or the severity of crime in isolation,
examining these two dimensions as distinct predictors provides a more comprehensive
and underexplored perspective. Research on crime type typically distinguishes between
felonies or misdemeanors, finding that applicants with felony convictions face more
stigma when seeking employment compared to those with misdemeanor convictions
(Agan & Starr, 2017; Decker et al., 2015; Pager, 2003). Similarly, research focused on the

offense severity show that violent crimes elicit stronger negative perceptions from

49



employers due to heightened concerns about threat and workplace safety (Backman,

2011; Baur et al., 2018; Denver et al., 2017; Kurlychek et al., 2019; Weiss & Reid, 2005).

Type of

Crime

Age

Gender

H1 (H1la-H1d)

H2 (H2a-H2d)

H3 (H3a-H3d)

Hiring

Ranking

Preference

Figure 2: Theoretical Model of Proposed Hypothesis

Despite this, little work has examined how employers evaluate both the legal

classification (felony vs. misdemeanor) and the legal seriousness (violent vs. nonviolent)

simultaneously when making hiring decisions. In this study, legal classification (felony

vs. misdemeanor) and offense seriousness (violent vs. nonviolent) are modeled as distinct

dimensions of criminal history. Integrating these dimensions provides a more realistic

depiction of how employers assess CBs, since real-world background checks often

present both pieces of information together. Drawing on stigma theory and the theory of

planned behavior offers a theoretical basis for understanding how employers assign

stigma and perceive risk when evaluating applicants with CBs. Accordingly, this

dissertation proposes that both the type and severity of the crime significantly influence
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how applicants with CBs are ranked in the hiring process, forming the basis for the
hypotheses below.

Numerous studies show that a CB can deter employers from hiring an individual.
Although, when the type of conviction is considered, employers demonstrate a clear
preference for applicants with misdemeanors over those with a felony offense (Agan et
al., 2024; Anderson, 2024; Decker et al., 2015; Holzer et al., 2003; Pager, 2003; Rose,
2021). Prior research consistently finds that individuals with felony convictions
experience significantly greater difficulty obtaining employment due to heightened
organization liability concerns and the norms embedded in organizational hiring practices
(Agan & Starr, 2017, 2018; Ahmed, 2017; Anderson, 2024; Decker et al., 2015; Holzer et
al., 2006; Pager, 2003; Pager & Bonikowski, 2009; Pager & Quillian, 2005; Pager,
Western, et al., 2009; Rose, 2021). This pattern suggests that employers differentiate
between types of CBs, favoring those perceived as less severe or stigmatized (Anderson,
2024; Decker et al., 2015; Holzer et al., 2003; Pager, 2003; Pager, Bonikowski, et al.,
2009; Pager & Quillian, 2005; Pager, Western, et al., 2009; Rose, 2021).

Stigma theory (Goffman, 1963) provides a useful framework for explaining this
distinction. In this model, stigma theory explains how CBs function as a negative social
signal that activates stereotypes, moral judgements, and perceptions of deviance. Felony
convictions carry stronger social disapproval and moral judgement, signaling greater
deviance from societal norms. As a result, applicants with felony convictions are
perceived as less trustworthy and more deviant (Ali et al., 2017; Decker et al., 2015;

Goffman, 1963; Kwon et al., 2024; Link & Phelan, 2001; Major & O'Brien, 2005). Due
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to both types of convictions carrying stigma, the severity of a felony amplifies
perceptions of risk and organizational liability (Derous et al., 2016; Goffman, 1963).
The theory of planned behavior (Ajzen, 1991) further explains how these
perceptions shape hiring behavior. Whereas stigma theory accounts for the formation of
negative social meaning, the theory of planned behavior explains how those perceptions
shape hiring intentions by influencing attitudes, perceived norms, and evaluations of
organizational risk. A felony conviction prompts employers to pause not only because of
moral considerations held by the hiring manager, but also due to established
organizational hiring norms. Hiring managers’ attitudes, perceived social norms, and
beliefs about organizational risk shape their intentions and decisions. When faced with
applicants with CBs, they are more likely to avoid hiring those associated with higher
perceived liability risk, such as felonies, and instead favor those with less severe records
(Ajzen, 1988, 1991; Khasni et al., 2022). Consistent with prior findings and guided by
stigma theory and the theory of planned behavior, the following hypotheses are proposed:

Hypothesis 1: The classification of crime will be related to the applicant hiring
ranking preference.

Hypothesis la: There will be a negative relationship between felony status and
hiring ranking preference. Applicants with a felony conviction will be ranked
lower for hireability.

Given its lower severity, a misdemeanor is interpreted differently by hiring
managers and organizations, signaling of a less serious offense (Anderson, 2024; Denver
et al., 2017). Additionally, the stigma associated with a misdemeanor conviction,
compared to a felony, is less severe, allowing applicants with misdemeanors a higher

likelihood of being hired than applicants with felony convictions (Agan et al., 2024; Agan
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& Makowsky, 2023; Chintakrindi et al., 2015; Kuhn, 2020; Starks, 2018; Uggen, 2000;
Uggen et al., 2014). Individuals with misdemeanor convictions are perceived as less
likely to reoffend, increasing their hireability ranking due to a lower perceived risk of
turnover stemming from future offenses (Chintakrindi et al., 2015; Jones Young &
Powell, 2015; Lageson, Vuolo, et al., 2018; Uggen, 2000; Young & Ryan, 2019). Taken
together, this research suggests that hiring managers and organizations prefer applicants
with misdemenanor convictions over those with felony convictions, aligning with both
stigma theory and the theory of planned behavior. Consistent with this theoretical
framework, the following hypothesis is proposed:

Hypothesis 1b: There will be a positive relationship between misdemeanor

status and hiring ranking preference. Applicants with a misdemeanor

conviction will be ranked higher for hireability.
Severity of Crime

The severity of an individual’s crime carries significant weight in shaping
employment opportunities. Prior research consistently finds that violent crimes elicit
greater perceptions of risk and threat than nonviolent offenses at both the felony and
misdemeanor level (Baert, 2018; Decker et al., 2015; Denver, 2016, 2020; Denver et al.,
2017; Kurlychek et al., 2019). Employers often view applicants with violent records as
too high a risk to interview or hire (Backman, 2011; Decker et al., 2015), believing that a
violent background may signal future instability or danger in the workplace to both other
employees and customers (Buck et al., 2022; Starks, 2018; Weiss & Reid, 2005; Wright
& Cullen, 2006; Young & Keech, 2022; Zweig & Yahner, 2011).
Stigma theory (Goffman, 1963) provides a lens for understanding these

perceptions. Violent offenses represent a more severe deviation from social and moral
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norms, leading to heightened stigmatization compared to nonviolent crimes (Derous et
al., 2016; Goffman, 1963; Link & Phelan, 2001; Major & O'Brien, 2005; Mobasseri,
2019; Pinel, 1999; Uggen et al., 2014). Because violent crimes are associated with moral
contamination and danger, employers are less likely to consider such applicants suitable
for employment (Derous et al., 2016; Mobasseri, 2019).

The theory of planned behavior (Ajzen, 1991) further explains how these attitudes
shape one’s decision making. In line with this framework, employers’ attitudes and
perceived social expectations regarding violent criminal histories shape their hiring
intentions, resulting in lower rankings for applicants perceived as posing greater risk. As
a result, employers will have a greater preference for applicants with nonviolent criminal
histories, whom they perceive as posing less risk (Buck et al., 2022; Cook et al., 2014;
Kerley & Copes, 2004; Kuhn, 2019; Schnepel, 2018; Sugie et al., 2019; Uggen et al.,
2014). Consistent with prior findings and guided by stigma theory and the theory of
planned behavior, the following hypothesis is proposed:

Hypothesis 1c: There will be a negative relationship between violent
criminal history and hiring ranking preference. Applicants with a violent
criminal history will be ranked lower for hireability.

Nonviolent convictions do not carry the same level of stigma or perceived threat
as violent offenses, even when classified at the felony level, as convictions are nonviolent
in nature (e.g., shoplifting above a statutory threshold) (Ajzen, 1991; Baur et al., 2018;
Chapter 14 - Criminal Law; Chapter 15 - Criminal Procedure; Copenhaver et al., 2007;
Derous et al., 2016). From the perspective of the theory of planned behavior, heightened
perceptions of risk associated with violent offenses inform hiring intentions, thereby

decreasing the likelihood that such applicants receive favorable rankings (Ahmed, 2017,
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Bucknor & Barbe, 2016; Bumiller, 2014; Bushway, 2024; Fuller et al., 2021; Minor et al.,
2018; Schnepel, 2018; Zweig & Yahner, 2011). Because nonviolent offenses are viewed
as posing lower interpersonal and workplace safety risks, hiring managers may be more
inclined to favor applicants with nonviolent criminal histories over those with violent
records. Accordingly, the following hypothesis is proposed:

Hypothesis 1d: There will be a positive relationship between nonviolent

criminal history and hiring ranking preference. Applicants with a

nonviolent criminal history will be ranked higher for hireability.
Age as a Moderator

Age discrimination produces disparities in hiring outcomes for both older
applicants and younger applicants (Albert et al., 2011; Bertrand & Mullainathan, 2004;
Lahey, 2008; Neumark, 2024; Neumark et al., 2019; Rosen & Jerclec, 1976). Extensive
research shows that older workers, particularly those close to retirement, experience
significant disadvantages when seeking new employment opportunities (Lahey, 2008;
Neumark, 2024; Neumark et al., 2019). These applicants are often perceived as less
adaptable and less technologically capable (Derous et al., 2016). At the same time,
younger applicants are sometimes viewed as immature, unreliable, or more likely to
reoffend (Apel & Powell, 2019; Schnepel, 2018; Siwach, 2017; Yang, 2017). Convictions
during early adulthood have also been found to hinder employment opportunities (Kerley
& Copes, 2004; Schnepel, 2018; Western & Pettit, 2005).
Despite this evidence, most research on CB discrimination has disproportionately

focused on younger applicants (Agan & Starr, 2017, 2018; Bernburg & Krohn, 2003;
Bernburg et al., 2006; Pager, Western, et al., 2009; Shoag & Veuger, 2021). Consequently,

little is known about how age interacts with the stigma of a criminal record to shape
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employer perceptions. This gap limits understanding of how age and CB status may
compound to affect one’s hireability ranking.

Stigma theory (Goffman, 1963) provides insight into why age may intensify the
stigma associated with a CB. Older applicants already face stereotypes suggesting they
may lack competence in the workforce (Derous et al., 2016; Neumark et al., 2019). When
combined with a CB, these negative perceptions can amplify the overall stigma,
reinforcing the belief that such applicants are risky or not worth the investment (Agan et
al., 2023; Agan & Makowsky, 2023; Buck et al., 2022). Rather than mitigating bias, age
compounds it, as older individuals with CBs can be perceived as less likely to change or
reenter the workforce successfully.

The theory of planned behavior (Ajzen, 1991) further explains how these attitudes
translate into the decisions of employers. Employers’ intentions are influenced by their
beliefs and perceived social norms regarding both age and criminality. When an applicant
is older and has a CB, employers’ negative attitudes toward each variable interact,
strengthening their perception of hiring risk. Consequently, they are more likely to avoid
older applicants with a CB, especially those with more severe offenses (Ajzen, 1991;
Apel & Powell, 2019; Pager, Western, et al., 2009). Together, these theories suggest that
age moderates the strength of the relationship between CB and hireability rankings, such
that stigma is amplified among older applicants. Building on this reasoning, the following
hypothesis is proposed:

Hypothesis 2: Age will moderate the relationship between crime and hiring
ranking preference.

When felony convictions are paired with older age, the offense may be interpreted

as reflective of entrenched patterns of behavior rather than a developmentally limited

56



lapse (Ahmed, 2017; Albert et al., 2011; Amir et al., 2014; Apel & Powell, 2019; Bucknor
& Barbe, 2016; Bushway, 2024; Carlsson & Eriksson, 2019; Jones Young & Powell,
2015; Management, 2024; Neumark, 2024; Posthuma & Campion, 2007). Because older
individuals are often perceived as more stable and less likely to change, a felony
conviction may be viewed as indicative of enduring deviance rather than temporary
misconduct (Ahmed, 2017; Pager, Western, et al., 2009). In contrast, a younger applicant
with a felony conviction may be afforded greater latitude for growth and reform,
particularly if the offense is perceived as occurring during a more youthful age (Decker et
al., 2015). These differences in perceived stability and rehab potential are likely to
influence evaluations of organizational risk, resulting in a more negative hiring
assessment for older applicants relative to younger applicants with comparable felony
histories. Consistent with prior findings and guided by stigma theory and the theory of
planned behavior, the following hypothesis is proposed:

Hypothesis 2a: Age will moderate the positive relationship between felony
offense type and a less desirable (i.e., higher ranking) such that higher
age will strengthen this relationship.

Misdemeanor convictions signal less severe legal and moral violation, introducing
greater possibilities for multiple interpretations for how an offense is construed. When
such offenses occur in younger applicants, the choice may be viewed as temporary
mistakes rather than evidence of stable character flaws (Albert et al., 2011; Carlsson &
Eriksson, 2019; Lahey, 2008; Neumark, 2024). Younger age may buffer the negative
implications of a misdemeanor conviction by signaling immaturity allowing them to be
viewed as more capable of reform (Apel & Powell, 2019; Schnepel, 2018; Siwach, 2017;

Yang, 2017). Older applicants with similar convictions, however, may be interpreted as
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exhibiting patterns that are less likely to change (Shoag & Veuger, 2021; Uggen et al.,
2014; Wright & Cullen, 2006). These differences in perceived growth are expected to
influence hiring evaluations, resulting in comparatively more favorable rankings for
younger applicants that for older applicants with misdemeanor records. Accordingly, the
following hypothesis is proposed:

Hypothesis 2b: Age will moderate the negative relationship between
misdemeanor offense type and a more desirable (i.e., lower ranking) such
that lower age will strengthen this relationship.

Nonviolent offenses convey low risk, which may increase reliance on age-based
norms when evaluating applicant risk. Younger applicants with nonviolent convictions
may be perceived as posing minimal risk, particularly if the offense is considered
situational (Agan & Starr, 2017, 2018; Bernburg & Krohn, 2003; Bernburg et al., 2006;
Pager, Western, et al., 2009; Shoag & Veuger, 2021; Wright & Cullen, 2006). Older
applicants may be viewed as more entrenched in certain behaviors even if the offense is
not violent (Kuhn, 2019; Schnepel, 2018; Wright & Cullen, 2006). Due to this, the lower
ranking for nonviolent offenses will be stronger for younger applicants than for older
applicants. These considerations lead to the following hypothesis:

Hypothesis 2c: Age will moderate the negative relationship between
nonviolent offense severity and a more desirable (i.e., lower ranking) such
that lower age will strengthen this relationship.

Violent offenses raise heightened concerns about workplace safety and
interpersonal harm. When such offenses are associated with older applicants, they may be
perceived as a continuous pattern of behavior, rather than impulsive or immature (Ajzen,

1991; Goffman, 1963). Younger applicants with violent convictions may be afforded

greater consideration of change or development, although still subject to the stigma
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attached to a violent CB. The asymmetry in perceived stability and risk is likely to shape
hiring managers decisions, leading to a more desirable ranking for a younger applicant
than an older applicant with comparable violent histories. Building on this reasoning, the
following hypothesis is proposed:
Hypothesis 2d: Age will moderate the positive relationship between violent
offense severity and a less desirable (i.e., higher ranking) such that higher
age will strengthen this relationship.
Gender as a Moderator

Gender has long been central to research on workplace discrimination,
consistently showing the disadvantages women face in hiring and career advancement.
Women are often interviewed less and hired less frequently than men, though structural
interventions, such as blind auditions, have reduced these gaps (Correll et al., 2007;
Goldin & Rouse, 2000). Although women frequently face structural disadvantages in
employment contexts, including bias in competence evaluations and salary expectations,
the relationship between gender and criminal history introduces a more complex dynamic
(Albert et al., 2011; Bertrand & Mullainathan, 2004; Correll et al., 2007; He & Kang,
2021; Lahey, 2008; Moss-Racusin et al., 2012). Criminal behavior is culturally coded as
masculine, and this associate may shape how hiring managers interpret identical offenses
when committed by men vs. women.

In research on hiring practices involving applicants with CBs, the focus has
overwhelmingly been on men. Pager’s field experiments repeatedly show that the
intersection of CB and male create significant barriers to employment (Pager, 2003;
Pager & Bonikowski, 2009; Pager & Quillian, 2005; Pager, Western, et al., 2009).

Similarly, audit studies by Agan and Starr (2017, 2018) and Doleac and Henson (2018;
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2016, 2017; 2020) reveal that BTB has disproportionately harmed men. Men with CBs
experience reduced wages and must exert greater effort to secure stable employment
Western and Pettit (2005). These studies demonstrate substantial penalties for men with
criminal histories.

In contrast, relatively few studies have examined how CB stigma affects women
(Decker et al., 2015; In Focus - Girls Delinquency, 2010). Limited research suggests that
women’s pathway into crime and reentry differ from men’s with employment serving as a
protective factor against recidivism (Decker et al., 2015; Denver et al., 2017; Schnepel,
2018). In some cases, female offenders may be perceived as less threating or less
representative of enduring deviance (Schnepel, 2018). Yet, overall, the literature remains
limited in understanding how gender moderate’s employer perceptions of applicants with
CB.

Gender may not simply compound criminal stigma; it may alter how that stigma
is interpreted. When criminality aligns with culturally embedded expectations about
masculinity and aggression, offenses may be viewed as confirming stable character traits
(Agan et al., 2023; Agan et al., 2024; Agan & Starr, 2017, 2018; Agan & Makowsky,
2023; Doleac, 2018; Doleac & Hansen, 2016, 2017; Doleac & Hansen, 2020; Goffman,
1963; Pager, 2003; Pager & Bonikowski, 2009; Pager & Quillian, 2005; Pager, Western,
et al., 2009). When the same offenses are committed by women, they may be perceived
as unorthodox or situational. These differences in interpretation are likely to influence
perceived organizational risk and subsequent hiring decisions. The following hypotheses
examine whether gender moderates the relationship between crime classification, offense

severity, and hireability rankings
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Hypothesis 3: Gender will moderate the relationship between crime type
and severity and hire ranking preference.

Prior research consistently shows that individuals with felony convictions are
interpreted as indicators of serious legal and moral deviance (Hlavka et al., 2016; Pager,
Western, et al., 2009; Schnepel, 2018). Because criminal behavior is stereotypically
associated with masculinity, male applicants with felony convictions may be perceived as
confirming gender-consistent deviance. This stereotype consistency can intensify stigma,
leading hiring managers to attribute the offense to stable and enduring traits (Ali et al.,
2017; Goffman, 1963). In contrast, female applicants with felony convictions may be
viewed as atypical offenders, resulting in comparatively attenuated stigma (Albert et al.,
2011; Alder & Gilbert, 2006; Chesney-Lind & Pasko, 2012; Jones Young et al., 2019).
Under stigma theory, stereotype-confirming deviance intensifies negative evaluations
relative to stereotype-inconsistent cases, and under the theory of planned behavior, these
amplified perceptions of risk are expected to translate into higher hireability rankings
particularly for male applicants who are perceived as less likely to be hired. In line with
this, the following hypothesis is proposed:

Hypothesis 3a: Gender will moderate the positive relationship between
felony offense type and a less desirable (i.e., higher ranking) such that the
positive relationship will be stronger for male applicants than for female
applicants.

Misdemeanor convictions represent less severe legal violations and signal lower
levels of moral deviance relative to felony offenses. Because the severity cue is weaker,
gender-based stereotypes may become more influential in shaping employer evaluations

(Bertrand & Mullainathan, 2004; Hardy et al., 2021). Women are stereotypically

perceived as less aggressive and less criminally prone, and thus female applicants with
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misdemeanor convictions may be viewed as exhibiting situational or transient misconduct
rather than stable deviance (Denver et al., 2017; Hlavka et al., 2016). In contrast, male
applicants may continue to be associated with broader stereotypes linking masculinity
and criminality, even when the offense is minor (Bushway, 2016, 2024). Because
misdemeanor offenses provide a weaker signal of deviance, hiring managers may rely
more heavily on gender-based expectations when interpreting applicant risk. Female
applicants may therefore be perceived as engaging in situational misconduct rather than
stable deviance, whereas male applicants may continue to be associated with broader
assumptions linking masculinity and criminality. There assumptions are likely to shape
perceived organizational risk and subsequent hiring evaluations. Based on this logic, the
following hypothesis is being proposed:
Hypothesis 3b: Gender will moderate the negative relationship between
misdemeanor offense type and a more desirable (i.e., higher ranking) such
that the negative relationship will be stronger for female applicants than
for male applicants.

Violent offenses trigger concerns about workplace safety and interpersonal harm.
Because aggression and physical threat are culturally associated with masculinity, a
violent conviction may be interpreted differently depending on the applicant’s gender
(Bender et al., 2016; Buck et al., 2022; Frank et al., 2014; Henson, 2020). When a male
applicant has a violent offense, the conviction may be viewed as consistent broader
expectations about male aggression, increasing the likelihood that hiring managers
interpret the behavior as a standing character trait rather than a situational lapse
(Goffman, 1963; Lageson, Denver, et al., 2018; Sampson & Laub, 1990). In contrast,
violent convictions by female applicants may be more attributed to situational or

contextual factors (Goffman, 1963). These different views are likely to influence
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perceived organizational risk, resulting in less desirable rankings for male applicants
compared to female applicants with similar violent histories. From this perspective, the
following hypothesis is proposed:
Hypothesis 3c: Gender will moderate the positive relationship between
violent offense severity and a less desirable (i.e., higher ranking) such that
status as male will strengthen this relationship.
Nonviolent offenses signal lower levels of interpersonal or organizational harm.
In the absence of strong threats, hiring managers may rely more heavily on gender-based
expectations when evaluating applicant risk (Bertrand & Mullainathan, 2004). Female
applicants, who are generally viewed as less physically aggressive, may be interpreted as
posing lower interpersonal risk when their conviction is nonviolent. Male applicants,
however, may continue to be associated with broader assumptions linking masculinity
and aggression, even when the conviction is nonviolent (Hlavka et al., 2016; Jones Young
et al., 2019). As a result, nonviolent convictions may be interpreted more favorably for
female applicants than for male applicants, leading to comparative lower rankings (i.e.,
more likely to hire) for women. Accordingly, the following hypothesis is proposed:
Hypothesis 3d: Gender will moderate the negative relationship between
nonviolent offense severity and a more desirable (i.e., lower ranking) such
that the negative relationship will be stronger for female applicants than
for male applicants.

Below is Table 3 listing a summary of the hypotheses that will be tested through this

dissertation.
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Table 3: Summary of Hypotheses

Number

Hypothesis

1

The classification of crime will be related to the applicant hiring ranking
preference.

la

There will be a positive relationship between felony status and hiring
ranking preference. Applicants with a felony conviction will be ranked less
desirable (i.e., higher ranking) for hireability.

1b

There will be a negative relationship between misdemeanor status and
hiring ranking preference. Applicants with a misdemeanor conviction will
be ranked more desirable (i.e., lower ranking) for hireability.

lc

There will be a positive relationship between violent criminal history and
hiring ranking preference. Applicants with a violent criminal history will be
ranked less desirable (i.e., higher ranking) lower for hireability.

1d

There will be a negative relationship between nonviolent criminal history
and hiring ranking preference. Applicants with a nonviolent criminal history
will be ranked more desirable (i.e., lower ranking) for hireability.

Age will moderate the relationship between crime and hiring ranking
preference.

2a

Age will moderate the positive relationship between felony offense type and
a less desirable (i.e., higher ranking) such that higher age will strengthen
this relationship.

2b

Age will moderate the negative relationship between misdemeanor offense
type and a more desirable (i.e., lower ranking) such that lower age will
strengthen this relationship.

2c

Age will moderate the negative relationship between nonviolent offense
severity and a more desirable (i.e., lower ranking) such that lower age will
strengthen this relationship.

2d

Age will moderate the positive relationship between violent offense severity
and a less desirable (i.e., higher ranking) such that higher age will
strengthen this relationship.

Gender will moderate the relationship between crime type and severity and
hire ranking preference.

3a

Gender will moderate the positive relationship between felony offense type
and a less desirable (i.e., higher ranking) such that the positive relationship
will be stronger for male applicants than for female applicants.

3b

Gender will moderate the negative relationship between misdemeanor
offense type and a more desirable (i.e., lower ranking) such that the
negative relationship will be stronger for female applicants than for male
applicants.

3c

Gender will moderate the positive relationship between violent offense
severity and a less desirable (i.e., higher ranking) such that status as male
will strengthen this relationship.

3d

Gender will moderate the negative relationship between nonviolent offense
severity and a more desirable (i.e., lower ranking) such that the negative
relationship will be stronger for female applicants than for male applicants.
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CHAPTER III: METHODS

This chapter describes the sample, data collection process, and measures to test
the proposed hypotheses previously stated in Chapter 2. It also explains the analytic
approach applied to assess how a PECBCS influences applicant rankings. The goal is to
provide a deeper understanding of the nuances a CB may play in hiring decisions.
Descriptive statistics, including means, standard deviations, and reliabilities, are
presented in subsequent sections.
Sample and procedures

The sample size for this dissertation was determined based on methodological and
empirical precedents in business, management, and I/O psychology research. Prior
literature suggests that the most appropriate sample size for studies involving moderation
interaction falls between 300 and 500 participants. McClelland and Judd (1993) were
among the first to address that moderation tests often relied sample sizes which were
inadequate, leading to underpowered reporting on interaction effects. Building on this
Aguinis (1995) showed that multiple regression models with moderators require larger
sample sizes, 300 or more, to reliably estimate interaction effects. A subsequent review
by Aguinis et al (2005) reviewed 30 years of moderation literature and confirmed that
published moderation sample sizes often were 150 to 200, which were insufficient to
achieve the statistical power needed for accurate reporting. Dawson (2013) emphasized
that models with moderation should target larger sample sizes (300+) to detect interaction
effects with adequate power.

In addition to methodological recommendations, prior empirical studies provide

guidance on sample size. For example, Green, et al (2009) used ordinal logistic
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regression with 346 units to examine how institutions affect social action, demonstrating
the later sample sizes recommended for models involving moderation. Similarly, Moore
et al (2017) conducted multiple experiments in the hiring context with a combined
sample size of 1,240 participants. Bernerth and Aguinis (2015) also reported that studies
in top management journals typically used sample sizes around 300, often alongside three
to four control variables. Drawing on these methodological recommendations and
empirical precedents, the sample size for this dissertation is 300 to ensure adequate power
for detecting moderation effects.

Eligible participants included individuals with at least three years of professional
hiring experience or individuals currently pursuing a Master’s or Doctoral degree in a
business-related field. All participants were required to be at least 18 years of age.
Recruitment was limited to the United States because criminal laws and classifications
vary across countries and could influence how respondents interpret the CB information
presented in the survey. Participants were recruited through my personal and professional
networks, with additional participants recruited through Prolific, an online research
platform commonly used for academic studies.

To expand the sample size, the survey was also hosted on Prolific, allowing
individuals who met the inclusion criteria to participate. Participants recruited through
Prolific followed the same standardized procedure as those recruited through my personal
and professional networks. To complete the survey, participants were required to be at
least 18 years old; and eligibility criteria further restricted the sample to individuals with

either three years of professional hiring experience or current enrollment in a graduate
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program. As a result, no participants under the age of 22 were included in the final
sample. The average participant age was 43 years.

To compile the sample, potential participants were first identified through existing
personal and professional networks. Respondents were contacted by email, phone, or text
using a predetermined recruitment script (see Appendix A for the email example) with an
informed consent form (see Appendix B) before receiving access to the electronic survey
(See Appendix C). Once participants were identified through my personal and
professional networks or through Prolific, they were provided with a link to the survey
hosted on Qualtrics. Upon accessing the survey, participants first reviewed and provided
consent through an electronic consent form before receiving instructions for completing
the survey. Participants were instructed to rank 16 applicants using Pre-Employment
Criminal Background Check Summaries (PECBCS) from 1 (Most Likely to Hire) to 16
(Least Likely to Hire). Each PECBCS included the applicant’s name, age (presented both
in numeric and calendar format), the type and severity of the conviction (Misdemeanor
vs. Felony and Nonviolent vs. Violent), and sentencing information. For this study, this
conviction in the summary represented the applicant’s only criminal conviction within the
last five years. Participants were then provided with a job description and informed that
all applicants possessed relevant work experience, had earned an Associate’s Degree, and
had been conditionally hired pending the results of a CB check.

Data was collected through online surveys administered via Qualtrics.
Institutional Review Board approval and data storage authorization for this research was

approved by the UNC Charlotte IRB (Study #:26-0029) on 11/03/2025. A total of 356
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surveys were collected. Approximately 42 surveys were removed due to incomplete
responses, resulting in a final sample size of 314 useable surveys.

The demographic breakdown of the participants was as follows. Of the
respondents, 47.1% were female, which resulted in a relatively balanced sample with
respect to gender. Only 1.6% responded as Non-binary/Third Gender or selected Prefer
not to say. The full range of respondents ages spanned from 22 to 73 years old. The most
common level of education was a Master’s Degree. Additionally, respondents were
eligible to participate in the survey if they had three or more years of hiring experience or
were currently pursuing a Master’s or Doctoral degree. A total of 297 respondents
reported having hiring experience. This represented 94.6% of the sample.

The ethnic composition of the sample was 64.6% White, 16.6% Black or African
American, 6.4% Hispanic or Latino, 8.9% Asian, .6% Native American and 2.5% Other.
Overall, the demographic characteristics were relatively diverse, indicating that
participation was not concentrated within a single demographic category. Figures 3 to 7

illustrate the demographic distributions.

Gender

\

= Female Male = Non-binary/Third gender = Prefer not to say

Figure 3: Sample Gender Distribution
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Figure 4: Sample Age Distribution

Education

Doctorate I
Master's I

Bachelor's EE—

Associate's

Some College
High School/GED

0 50 100 150 200 250

H Education

Figure 5: Sample Education Level Distribution
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Figure 7: Sample Ethnicity Distribution
Data Collection

Data was collected to reach the maximum sample size of 300 over a three-month
period. Prior to completing the survey, each respondent was provided with an informed
consent form (Appendix B), which outlined the purpose of the study, participant rights,
and my contact information along with the contact information for my Dissertation Chair.
Survey data was collected through Qualtrics, which electronically recorded participant
responses. Recruitment targeted individuals who had three or more years of hiring
experience or were currently pursuing a Master’s or Doctoral degree. Participants were
recruited through personal and professional contacts as well as Prolific. The survey was
concluded with the collection of demographic information, which can be found in
Appendix D.
Analytical Procedures

The data for this dissertation was analyzed with IBM SPSS Statistics, version 28,
to obtain descriptive statistics including means, standard deviations, and correlations.
Reliability of the data was verified with the descriptive statistics showing that each CB

was differentiated a maximum of 16 times among each of the 314 valid responses (Table

70



5). Because the DV is a categorical variable, ordinal logistic regression was conducted.
This allowed me to analyze the odds ratios showing the likelihood of the applicant being
ranked from first to sixteenth. To further assess support for the moderating hypotheses,
the interaction effects were plotted and interpreted to determine the nature and direction
of the moderation.

The first steps in the data analysis involved running descriptive statistics and
bivariate correlations. Followed by a normality test was used to examine the skewness
and kurtosis of the independent and dependent variable. Ordinal logistic regression was
then conducted to examine the overall fit of the model.

Measures

Participants completed a ranking task in which they were evaluated 16 PECBCS
and ranked applicants from 1 (most likely to hire) to 16 (least likely to hire), with this
ranking serving as the dependent variable capturing hiring preference. The PECBCS were
adapted from Anderson (2024) and prior audit-based hiring studies, particularly the
seminal work of Agan and Starr (2017, 2018). This ensured consistency with established
experimental approaches examining the effects of criminal background information on
employment decisions.

Each applicant profile systematically varied across four variables-crime type
(misdemeanor vs. felony), crime severity (nonviolent vs. violent), applicant age (27 vs.
52), and applicant gender (male vs. female), all other qualifications were held constant to
isolate the effects of these variables. The profiles were presented simultaneously and
randomized to minimize ordering effects. Each PECBCS included the applicant’s name,

age, conviction details, and sentencing information, and the format was reviewed by a
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law enforcement professional to enhance realism and validity. Participants were
instructed to assume that all applicants were equally qualified, had completed the
interview process, and were conditionally hired pending the results of a background
check, ensuring that rankings reflected evaluations of criminal background characteristics
rather than differences in applicant qualifications.

Independent Variable

Type of Crime. Type of crime was operationalized using the legal classification of
crime type following the NC General Statues (Chapter 14 - Criminal Law; Chapter 15 -
Criminal Procedure). Two misdemeanor and two felony offenses were included in the
applicant profiles (Agan & Starr, 2017, 2018; Anderson, 2024). The misdemeanor
offenses consisted of Shoplifting, Less Than $1,000 - 1st Offense and Simple Assault -
1st Offense, each offense was assigned a sentence of 12 months of probation. The felony
offenses consisted of Shoplifting, More Than $1,000 - 1st Offense (Felony threshold met
by dollar amount) and Assault Inflicting Serious Bodily Injury - 1st Offense, each offense
was assigned a sentence of 12 months in jail. For statistical analysis, the variable is
dummy coded, where misdemeanor = 0; felony = 1.

Severity of crime was operationalized as nonviolent vs. violent, also following
classifications reflected in the NC General Statues (Chapter 14 - Criminal Law; Chapter
15 - Criminal Procedure). Within the PECBCS, two offenses were categorized as
nonviolent and two as violent crimes (Agan & Starr, 2017, 2018; Jones Young & Powell,
2015). The nonviolent offenses included, Shoplifting, Less Than $1,000 - 1st Offense and
Shoplifting, More Than $1,000 - 1st Offense (Felony threshold met by dollar amount).

The violent offenses included, Simple Assault - 1st Offense and Assault Inflicting Serious
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Bodily Injury - 1st Offense. For statistical analysis, the variable is dummy coded, where
nonviolent = 0; violent = 1.

The selection of these offenses was informed by prior research examining the
employment consequences of criminal records. Scholars have emphasized the importance
of expanding beyond the limited set of offenses commonly studied in earlier audit
experiments (Agan & Starr, 2017, 2018; Decker et al., 2015; Pager, Bonikowski, et al.,
2009; Pager & Quillian, 2005; Uggen et al., 2014). Anderson (2024) selected offenses
based on the federal conviction data reported from the Federal Bureau of Prisons. The
present study selected offenses based on commonly charged crimes in North Carolina
(Smith, 2020). Within each PECBCS profile, the offense type, severity classification,
sentencing information, and demographic information were presented in a format
consistent with standard CB reports. The accuracy and realism of the format were
reviewed by a VA law enforcement official for accuracy. Presenting the information in
this manner allowed respondents to evaluate the applicant summaries in a format similar
to what employers may encounter during real hiring processes (Anderson, 2024;
Dipboye, 1975; Gutfleisch et al., 2020; Hunter & Hunter, 1984; Marlowe, 1996). Recent
research emphasizes the role of perceived risk and evaluation biases in hiring decisions
involving offense type (misdemeanor vs. felony) and offense severity (nonviolent vs.
violent), providing additional support for the inclusion of both type and severity in the
ranking of the PECBCS (Anazodo et al., 2026). Separating legal classification
(misdemeanor vs. felony) from crime severity (nonviolent vs. violent) allowed each

characteristic to be examined independently in relation to applicant hiring rankings.

73



Dependent Variable

Hiring Ranking Preference. Each respondent ranked the 16 PECBCS from 1
(most likely to hire) to 16 (least likely to hire). The ordered ranking of the applicants
serves as the dependent variable. The use of ranking as the analytic approach is grounded
in longstanding research on personnel selection. Brogden (1949) developed a formula to
predict applicant performance and showed that hiring based on ordered test scores, rather
than binary hire/don’t hire decisions, maximized organizational outcomes. Building on
this foundation, Hunter and Hunter (1984) conducted a meta-analysis of hiring tools and
found that ability tests, particularly for entry-level jobs, had an average validity of .53,
demonstrating that hiring in order of merit improves workforce quality compared to one-
off binary hiring decisions. The logic of this approach suggests that applicants with
stronger qualifications are consistently favored over those with weaker qualifications, a
framework that also applies when applicants carry stigmatized characteristics such as a
CB.

Derous et al. (2015) continued to extend this logic by applying dual-process
theory to explain how stigmatizing characteristics influence employer decision-making
across multiple stages of evaluation, not only at the final hire/don’t hire decision. Their
work suggests that biases may operate early in the process, shaping impressions before
final evaluations are made. In this study, respondents were required to force rank all
applicants, meaning that each applicant received a unique rank and no ties were
permitted. By requiring respondents to evaluate and rank all applicant profiles, the design

intentionally moves beyond a single binary decision point, where stigma may weigh most
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heavily, and instead aims to capture comparative hiring preferences across a full applicant
pool.

The Plackett-Luce rank-order model uses the comparative rankings to estimate the
weight given to each applicant attribute (Luce, 1959; Plackett, 1975), aligning with prior
evidence that ranking can reduce the role of bias and stigma (Ajzen, 1991; Bohnet et al.,
2016; Goffman, 1963; Hoffman et al., 2018; Hunter & Hunter, 1984). This model treated
the full ranking as 16 sequential choice decisions, allowing for a more precise assessment
of how applicant characteristics influence hireability rankings (Luce, 1959; Plackett,
1975). Prior research suggests that structured ranking-based approaches may reduce the
influence of bias and stigma in personnel selection (Ajzen, 1991; Bohnet et al., 2016;
Goffman, 1963; Hoffman et al., 2018; Hunter & Hunter, 1984). The full experimental
design is presented in Table 8.

Moderators

Two moderators are included in the survey: age and gender of the applicant being
considered for hire.

Age. Applicant age was represented by date of birth and written age, either 1998
(age 27) or 1973 (age 52), consistent with how age information is typically displayed on a
CB check. Much of the existing research on applicants with CBs has focused on
adolescent and young adulthood (Agan & Starr, 2017, 2018; Pager, Western, et al., 2009).
However, several studies have shown that age discrimination in hiring can begin as early
as the 30s particularly for applicants with a CB (Emmert, 2019; Grogger, 1995; Lahey,
2008). Additional research has documented age discrimination in hiring for applicants

over age 38 in Spain (Albert et al., 2011), over 40 in the United States (Neumark, 2024)
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and severe discrimination for applicants approaching retirement age (Neumark et al.,
2019).

Based on this prior research, the inclusion of ages 27 and 52 extends existing
literature by examining hiring evaluations beyond young adulthood and into a later career
stage approaching retirement. Including age as a moderator allows for testing whether the
age of the applicant with a criminal conviction affects hiring rank from first to sixteenth.
Each PECBCS included a unique date of birth to ensure realism across profiles, and age
varied, all applicants possessed identical qualifications, ensuring that age differences
were isolated from other applicant characteristics. Age was dummy coded for analysis (0
=1998; 1 =1973).

Gender. Applicant gender was signaled using first names and gendered pronouns
within the PECBCS. Applicant first and last names appeared at the beginning of each
PECBCS profile. First names were selected as generic male and female names based on
those used in prior hiring studies (Anderson, 2024; Bertrand & Mullainathan, 2004).
Gendered pronouns (she/her and he/his) were included withing the sentencing and
criminal history summaries, consistent with methods used in prior gender research (He &
Kang, 2021).

To minimize potential name-based bias, all names were consistent with a single
ethnicity, and last names were chosen so they did not signal gender. Using names and
gendered pronouns allows gender to be communicated indirectly, which mirrors how
gender cues typically appear in hiring materials without explicating stating the applicant’s
gender. Gender was evenly distributed across the applicant profiles, with eight male and

eight female PECBCS included in the ranking task. Prior research has demonstrated that
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gender stereotypes influence hiring decisions, including biases such as the motherhood
penalty and occupational role stereotyping (Amis et al., 2018; Correll et al., 2007;
Derous, 2015). Including gender as a moderator allows testing whether the gender of the
applicant with a criminal conviction affects hiring rankings from first to sixteenth with all
other qualifications held constant. Dummy coding was used for statistical analysis with 0
= female; 1 = male.
Control Variables

Each participant ranked the 16 PECBCS individually, serving as their own control
since each ranking represented a sequential choice across all background checks,
therefore additional participant control variables were not included. Prior reviews note
that there is an average of three to four control variables, though there may not be clear
theoretical justification for their inclusion (Bernerth & Aguinis, 2015; Bernerth et al.,
2017). Spector and Brannick (2010) cautioned against the indiscriminate use of control
variables, as they can reduce statistical power. In line with these recommendations, no
rater-level controls are included. Instead, analyses focused on the experimental

manipulations embedded in the PECBCS design.
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Table 4: Model Measurements

Measure Variable Reference

Hiring Rank Dependent  Luce, R. D. (1959). Individual choice behavior (Vol. 4). Wiley.
Variable Plackett, R. L. (1975). The Analysis of Permutations. Journal
of the Royal Statistical Society Series C: Applied Statistics, 24,
9

Type of Crime Independen Chapter 14 - Criminal Law. North Carolina General Assembly.
(Misdemeanor t Variable Retrieved May 2025 from

, Felony, https://www.ncleg.gov/Laws/GeneralStatuteSections/Chapter1
Nonviolent, 4,
Violent) Chapter 15 - Criminal Procedure. North Carolina General

Assembly. Retrieved May 2025 from
https://www.ncleg.gov/Laws/GeneralStatuteSections/Chapter1
5

Age Moderator  Lahey, J. N. (2008). Age, Women, and Hiring. Journal of
Human Resources, 43(1), 30-56.
https://doi.org/10.3368/jhr.43.1.30

Gender Moderator  Anderson, K. J. (2024). Identifying and Evaluating Factors
That Enhance Former Offenders- Hiring-Related Outcomes
[Dissertation, Colorado State University]. Lahey, J. N. (2008).
Age, Women, and Hiring. Journal of Human Resources, 43(1),
30-56. https://doi.org/10.3368/jhr.43.1.30

Test of the Research Model

Prior to testing the hypothesized model, several diagnostic procedures were
conducted to evaluate data quality. Descriptive statistics and bivariate correlations for all
study variables are presented in Table 5. Because the independent variables were directly
derived from experimentally manipulated PECBCS profile characteristics, internal
consistency measures such as Cronbach’s alpha were not applicable. Additionally,
composite variables were not created, as each variable represented a distinct and
meaningful construct.

Before data analysis, each PECBCS was coded into 4 component variables. Each
profile was assigned values for age, gender, crime type, and severity based on the
characteristics presented in the PECBCS. All variables were dummy coded, with age

coded as 0 =27 and 1 = 52, gender coded as 0 = female and 1 = male, crime type coded
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as 0 = misdemeanor and 1 = felony, and severity coded as 0 = nonviolent and 1 = violent.
These variables were derived from the PECBCS profiles to allow for statistical analysis
of their independent and interactive effects on applicant ranking, for the full list see Table
8. Due to the ranking design, each participant evaluated 16 profiles, resulting in 5,024
total observations used in the analysis (314 participants x 16 profiles).

To test for moderation effects for age and gender, interaction terms were created
in SPSS using the Compute Variable function. Each interaction term was calculated as the
product of the independent variable and the moderator variable. Specifically, Crime Type
was multiplied by Age and Gender and Crime Severity was multiplied by Age and
Gender, this created four interaction terms. TypeCrim_Age, TypeCrim_Gender,
SeverCrim_Age and SeverCrim_Gender. These interaction terms were included in the
ordinal logistic regression model alongside the main effects to assess moderation.

Data screening procedures were descriptive statistics and bivariate correlations,
and diagnostics appropriate for ordinal logistic regression. Since normality is not an
assumption of ordinal logistic regression, skewness and kurtosis were evaluated. All
variables fell withing acceptable ranges. Multicollinearity was assessed using variance
inflation factor (VIF) and tolerance values. All VIF values were below 10 and tolerance
values exceeded .10, indicating that multicollinearity was not a concern (Hair, 2011).

Spearman’s rho correlations were used due to the ordinal nature of the dependent
variable, as this method does not assume normality or equal intervals in measurement and
is appropriate for ranked data. Hire ranking was positively associated with crime type (p
=.438, p <.001) and crime severity (p = .620, p <.001), indicating that applicants with

felony and more severe offenses received higher (less favorable) ranking scores. A small

79



but statistically significant relationship was observed between hire ranking and applicant
gender (p =.038, p =.007), the relationship between hire ranking and applicant age was
not statistically significant (p =.024, p =.084).

Table 5: Descriptive Statistics and Correlations

Mean | Std. Skew | Kurt 1 2 3 4 5
Dev.

Ranking 8.50 4.610 | .000 -1.209 | -

TypeCrim | .5000 | .50005 | .000 -2.001 | .438*** | -

SeverCrim | .5000 | .50005 | .000 -2.001 | .620*** | .000

Age 5000 | .50005 | .000 | -2.001 | .024 .000 | .000 | -

Gender 5000 | .50005 | .000 -2.001 | .038** |.000 | .000 | .000 |-

Note. N = 5024. Spearman s rho correlations are reported. *p < .05, **p < .01, ***p <
.001.

Test of the Hypotheses

For the first step, the results from the ordinal logistic regression analysis indicated
that the crime type and crime severity significantly predicted applicant ranking. The
model was statistically significant, > = 4653.917, p < .001, and explained 60.6% of the
variance in hire ranking (see Table 6). Crime type was a significant predictor at (B =
2.768, p <.001, Exp(B) = 15.93). For each unit increase in crime type (i.e., from
misdemeanor to felony), the odds of the dependent variable increasing in rank (from most
to least desirable) was 15.93. Crime severity was also a significant predictor of ranking at
(B=3.760, p <.001, Exp(B) = 42.95). For each unit increase in crime severity (i.e., from
nonviolent to violent), the odds of the dependent variable increasing in rank (from most
to least desirable) was 42.95. Based on these findings, Hypothesis 1, 1a, 1b, 1c, 1d were
supported.

Next in the second step, age and gender were examined as moderating factors on

crime type and crime severity. The full model was statistically significant, y~ = 4726.084,
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p <.001, and explained 61.2% of the variance in hire ranking (see Table 6). The increase
in chi-square and pseudo R? indicate the moderator variables improved model fit.

Age was the moderator examined first. The interaction between crime type and
age was statistically significant (B =-.235, p =.018, Exp(B) =.79). For each unit
increase in the interaction between crime type (i.e., from misdemeanor to felony), and
age, the odds of the dependent variable increasing in rank (from most to least desirable)
was .79. The interaction between crime severity (i.e., from nonviolent to violent) and age
was also statistically significant (B =-.419, p <.001, Exp(B) = .66). For each unit
increase in the interaction between crime severity (i.e., nonviolent to violent) and age, the
odds of the dependent variable increasing in rank (from most to least desirable) was .66.
These results indicate that the effect of both crime type and crime severity on applicant
ranking differed by age. Specifically, the negative effects of felony and violent offenses
were stronger for younger applicants and weaker for older applicants, indicating that
younger applicants were ranked as less favorable for hire.

Figure 8 shows the interaction of crime type on applicant ranking by age.
Moderation effects are often plotted at the mean and a +1 standard deviation; however,
age was operationalized as a categorical variable in this study using two fixed values (27
and 52) embedded within the experimental design. As a result, interaction effects are
presented at the specified age conditions rather than at calculated mean-based values. The
effect of crime type (misdemeanor and felony) on hiring rankings was stronger for
younger applicants (age 27) than for older applicants (age 52), as indicated by a steeper
slope for younger applicants when moving from misdemeanor to felony offenses. Both

groups experienced less favorable rankings for felony offenses with the magnitude of the
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effect being stronger for younger applicants, who experienced a stronger negative impact
of felony offenses compared to older applicants. In Figure 9, illustrates the interaction
between crime severity (nonviolent and violent) and age on hiring rankings. The effect of
the crime severity was more pronounced for younger applicants (age 27) than for older
applicants (age 52). Specifically, the increase from nonviolent to violent offenses resulted
in a steeper increase in less favorable rankings for younger applicants.

Overall, these findings indicate that age moderates the relationship between crime
type and hiring rankings (from most to least desirable), such that younger applicants
experience a stronger negative impact. Even though, moderation was supported, the
direction of the effect differed from the hypotheses, with weaker effects for older
applicants. Therefore, Hypothesis 2 — 2d were not supported.

Gender was also examined as a moderating factor. The interaction between crime
type and gender was not statistically significant (B =-.147, p=.137, Exp(B) = .86). For
each unit increase in the interaction between crime type (i.e., misdemeanor to felony) and
gender, the odds of the dependent variable increasing in rank (from most to least
desirable) was .86. The interaction between crime severity and gender was approaching
significance (B =-.194, p = .050, Exp(B) = .82). For each unit increase in the interaction
between crime severity (i.e., nonviolent to violent) and gender, the odds of the dependent
variable increasing in rank (from most to least desirable) was .82. These results indicate
that the effect of crime severity on applicant ranking differed slightly by gender.
Specifically, the negative effect of violent offenses was weaker for male applicants and

stronger for female applicants. Therefore, Hypothesis 3 - H3d were not supported. Table
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7 shows the summary of all hypotheses testing and Figure 10 shows the model with not

supported hypotheses noted.
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Table 6: Results of Ordinal Logistic Regression Analysis

B Exp(B) SE Wald p Model
Statistics

Step 1

TypeCrim 2.768***  15.93 061 2076.850 <.001

SeverCrim 3.760%**  42.95 069 2972.001 <.001

Chi Square 4653.917***

Nagelkerke R2 .606
Step 2

Age 499%** 1.65 .086 33.438 <.001

Gender 439%** 1.55 .086 25.909 <.001

TypeCrim 2.987%**  19.83 094 1016.924 <.001

SeverCrim 4.108***  60.82 100 1685.571 <.001

TypeCrim x Gender -.147 .86 099 2.210 137

TypeCrim x Age -.235* .79 099 5.624 018

SeverCrim x Gender -.194 .82 099 3.830 050

SeverCrim x Age -419*%** .66 099 17.925 <.001

Chi Square 4726.084***

Nagelkerke R? .612

Note. N = 5024. *p < .05, **p < .01, ***p < .001. The standard errors for interaction
terms are similar due to the fully balanced experimental design; all combinations of
moderation variables were evenly distributed across the PECBCS.
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Table 7: Summary of Hypothesis Tests

H1

Hla

H1b

Hlc

H1d

H2

H2a

H2b

H2c

H2d

H3

H3a

H3b

H3c

H3d

The classification of crime will be related to the applicant hiring ranking preference.

There will be a positive relationship between felony status and hiring ranking
preference. Applicants with a felony conviction will be ranked less desirable (i.e.,
higher ranking) for hireability.

There will be a negative relationship between misdemeanor status and hiring
ranking preference. Applicants with a misdemeanor conviction will be ranked more
desirable (i.e., lower ranking) for hireability.

There will be a positive relationship between violent criminal history and hiring
ranking preference. Applicants with a violent criminal history will be ranked less
desirable (i.e., higher ranking) lower for hireability.

There will be a negative relationship between nonviolent criminal history and hiring
ranking preference. Applicants with a nonviolent criminal history will be ranked
more desirable (i.e., lower ranking) for hireability.

Age will moderate the relationship between crime and hiring ranking preference.

Age will moderate the positive relationship between felony offense type and a less
desirable (i.e., higher ranking) such that higher age will strengthen this relationship.

Age will moderate the negative relationship between misdemeanor offense type and
a more desirable (i.e., lower ranking) such that lower age will strengthen this
relationship.

Age will moderate the negative relationship between nonviolent offense severity
and a more desirable (i.e., lower ranking) such that lower age will strengthen this
relationship.

Age will moderate the positive relationship between violent offense severity and a
less desirable (i.e., higher ranking) such that higher age will strengthen this
relationship.

Gender will moderate the relationship between crime type and severity and hire
ranking preference.

Gender will moderate the positive relationship between felony offense type and a
less desirable (i.e., higher ranking) such that the positive relationship will be
stronger for male applicants than for female applicants.

Gender will moderate the negative relationship between misdemeanor offense type
and a more desirable (i.e., lower ranking) such that the negative relationship will be
stronger for female applicants than for male applicants.

Gender will moderate the positive relationship between violent offense severity and
a less desirable (i.e., higher ranking) such that status as male will strengthen this
relationship.

Gender will moderate the negative relationship between nonviolent offense severity
and a more desirable (i.e., lower ranking) such that the negative relationship will be
stronger for female applicants than for male applicants.

SUPPORTED

SUPPORTED

SUPPORTED

SUPPORTED

SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED

NOT
SUPPORTED
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Hypotheses Supported

Hypotheses Not Supported

Type of

H1 (H1la-H1d)

Age Gender
""" L OH2 () L H3 ()
' H2a () ' H3a ()
' H2b (-) ' H3b (-)
| H2c () | H3c()
| H2d (-) | H3d ()

Crime

Hiring
Ranking

Preference

Figure 10: Summary Model of Hypothesis Test
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CHAPTER IV: DISCUSSION

In this chapter an overview of the study is presented along with a discussion of
the findings, contributions to the current literature, practical implications, research
limitations, and future research suggestions.

Overview

The purpose of this dissertation was to examine how hiring professionals evaluate
applicants with CBs and to determine whether differences in offenses type and severity
influence perceived suitability for hire. In addition, this study explored whether age and
gender moderate the relationship between CBs and hiring preference rankings. The
findings presented in the prior chapter provide insight into how hiring managers interpret
CB history when evaluating otherwise comparable applicants.

The goal of this study was to examine whether applicants with violent and/or
felony convictions are more stigmatized than those with Hypothesis 3, H3a, H3b, H3c
and H3d were not supported misdemeanor and/or nonviolent criminal histories, and
whether this stigmatization is further influenced by applicant gender and age. The
findings show that Hypothesis 1 (H1la-H1d) was supported, demonstrating that crime
classification significantly influenced applicant ranking. Specifically, there was a
negative relationship between offense type and severity and hiring preference, such that
applicants with felony or violent convictions received lower ranking scores, while
applicants with misdemeanor or nonviolent convictions received higher ranking scores,
indicating greater perceived hireability. The stronger effect of offense severity relative to
offense type suggests that violent offenses may carry greater weight in hiring decisions

than felony classification alone.
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With respect to moderation effects, H2, H2a, H2b, H2c and H2d were not
supported. Age was found to significantly moderate the relationship between CB and
hiring ranking preference, with the direction of the effect opposite from the stated
hypotheses. Specifically, the negative impact of crime type and severity on hiring
rankings was stronger for younger applicants and weaker for older applicants. Hypothesis
3, H3a, H3b, H3c and H3d were not supported, indicating that gender did not
significantly moderate the relationship between CB characteristics and hiring rankings.
These findings suggest that gender plays a limited role in hiring evaluations when CB
information is present.

Notably, the results for both age and gender moderation were unexpected. Prior
research on age discrimination has consistently shown that older applicants are evaluated
less favorably than younger applicants (Albert et al., 2011; Bertrand & Mullainathan,
2004; Lahey, 2008; Neumark, 2024; Neumark et al., 2019; Rosen & Jerclec, 1976); in
contrast to prior research, the opposite held true regarding applicants with CBs.
Specifically, younger applicants experienced stronger negative effects, suggesting that
age-related biases may operate differently when a CB is present.

Similarly, prior hiring literature has consistently demonstrated that women
experience discrimination in hiring contexts (Albert et al., 2011; He & Kang, 2021;
Muchinsky & Harris, 1977). The findings of this study suggest that gender may play a
diminished role when CB information is introduced, with offense type and severity
emerging as more salient factors in hiring decision-making. This finding is particularly

important, as it indicates that criminal stigma may override traditional gender-based
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biases in employment evaluations (Albert et al., 2011; Bertrand & Mullainathan, 2004;
He & Kang, 2021; Lahey, 2008; Muchinsky & Harris, 1977).

Overall, the findings demonstrate a clear hierarchy in the factors that influence
hiring evaluations. Crime severity emerged as the strongest predictor or hiring rankings,
followed by crime type, indicating that the nature and severity of the offense are the lead
factors in hiring decisions. In comparison, applicant age played a secondary role
influencing rankings based on the severity of the offense. Gender did not significantly
influence the rankings. Taken together, these results suggest that hiring decisions
involving applicants with CBs are driven predominantly by offense characteristics, with
applicant demographic factors playing a limited role. The implications of these findings
are discussed in more detail in the following section.

Findings
Type of Crime (Misdemeanor vs. Felony and Nonviolent vs. Violent)

Applicants with violent offenses were ranked significantly less desirable than
those with nonviolent offenses, indicating a negative relationship between offense
severity and hiring preference. Similarly, applicants with felony convictions were ranked
less desirable than those with misdemeanor convictions, further demonstrating that more
severe offense characteristics (particularly violent offenses) are associated with decreased
perceived employability. These findings are consistent with prior and recent research
demonstrating that hiring decisions involving individuals with criminal records are
strongly influenced by perceptions of risk, offense severity, and subjective assessments of
applicant abilities (Anazodo et al., 2026; Pager, 2003; Pager & Bonikowski, 2009; Pager

& Quillian, 2005; Pager, Western, et al., 2009).
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More specifically, the present findings support prior literature suggestion that
violent offenses carry a stronger stigma than nonviolent offenses in hiring contexts (Agan
et al., 2023; Albright & Dengq, 1996; Ali et al., 2017; Atkin & Armstrong, 2011;
Backman, 2011; Bender et al., 2016; Bhuller et al., 2020; Buck et al., 2022; Bumiller,
2014; Chiricos et al., 2007; Cook et al., 2014; Holzer et al., 2006; Incarceration to
Employment Strategy, 2022; Kerley & Copes, 2004; Schnepel, 2018; Shoag & Veuger,
2021; Smith, 2021; Starks, 2018; Weiss & Reid, 2005; Wright & Cullen, 2006).
Employers appear to differentiate not only between the presence of a CB, but also the
nature and perceived threat level of the offense, with violent crimes signaling greater
perceived risk, suggesting that severity outweighs legal classification and thus reduces
hiring preference, which aligns with stigma theory (Albright & Denq, 1996; Backman,
2011; Bender et al., 2016; Buck et al., 2022; Lageson, Denver, et al., 2018; Smith, 2021;
Starks, 2018; Weiss & Reid, 2005). This finding extends prior research by demonstrating
that these distinctions persist even when applicants are otherwise comparable, reinforcing
the salience of offense type and severity in structured evaluation contexts such as ranking
tasks.

Age as a Moderator

Applicant age moderated the relationship between CBs and hiring rankings,
although the direction of the effect differed from what was hypothesized. Specifically,
younger applicants received less favorable rankings when the PECBCS showed felonies
or violent convictions, indicating a stronger negative impact of age on perceived
hireability. This finding contrasts with prior research suggesting that older applicants are

typically disadvantaged in hiring decisions (Albert et al., 2011; Bertrand & Mullainathan,
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2004; Lahey, 2008; Neumark, 2024; Neumark et al., 2019; Rosen & Jerclec, 1976) and
instead suggests that, when CB information is present, younger applicants may be
perceived as higher risk (Agan et al., 2023; Apel & Powell, 2019; Buck et al., 2022;
Schnepel, 2018; Siwach, 2017; Swann, 1987; Yang, 2017).

From an interpretive standpoint, this suggests that employers may associate
younger applicants with greater uncertainty, impulsivity, or likelihood for future
misconduct when a CB is present (Agan et al., 2023; Apel & Powell, 2019; Buck et al.,
2022; Emmert, 2019; Lahey, 2008; Schnepel, 2018; Siwach, 2017; Swann, 1987; Yang,
2017). Research on criminal behavior consistently shows that offending is more
prevalent among younger individuals, which may lead employers to associate younger
applicants with a higher risk of recidivism (Apel & Powell, 2019; Bernburg & Krohn,
2003). Although the moderating effects of age were statistically significant, the increase
in explained variance was small, (DeltaR2 = .006, Table 6). This suggests that while age
does influence how CB information is evaluated, hiring decisions are primarily driven by
the type and severity of the offense. In this context, age may function as a signal that an
applicant has “aged out” of criminal behavior and explain why younger applicants are
viewed as more uncertain or risky. This shift in interpretation helps explain why younger
applicants with CBs were ranked less favorably which reversed traditional age-based
hiring discrimination observed in prior literature. The influence of age is more
pronounced for less severe offenses and diminishes as offense severity increases.
Gender as a Moderator

Contrary to expectations, gender did not moderate the relationship between CB

and hiring ranking. While gender was significant as a main effect, the interaction effects
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were non-significant. This indicates that hiring rankings were generally similar for male
and female applicants.

This finding diverges from prior research, which has consistently documented
gender-based disparities in hiring outcomes, particularly disadvantaging women in
certain contexts (Albert et al., 2011; He & Kang, 2021; Muchinsky & Harris, 1977). One
possible interpretation is that the presence of CBs may override traditional gender-based
biases, shifting evaluators’ focuses to offense type and severity rather than demographic
attributes. This suggests that criminal stigma may function as a dominant heuristic in
hiring decisions, reducing the relative influence of gender stigma.

Overall Findings

Overall, the findings demonstrate that CB characteristics play a substantial role in
shaping hiring preference. Both crime type and severity exhibited a negative relationship
with applicant rankings, with both felony (type) and violent (severity) offenses
consistently associated with lower perceived hireability. Age moderated these
relationships, indicating that demographic characteristic can influence how a CB is
interpreted, particularly for less severe offenses.

Taken together, these findings contribute to the broader literature on hiring
decision-making by illustrating how multiple applicant characteristics to interact to shape
evaluations of individuals with CBs. Importantly, this study extends existing research by
demonstrating that demographic factors such as age may influence hiring preferences,
offense severity emerged as the most influential factor, followed by offense type as the

most salient drivers of stigma in employment-related decisions.
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Theoretical Implications

The findings of this study provide more nuanced implications for understanding
stigma theory in the context of hiring individuals with CBs. Stigma was evident in the
rankings of applicants with felony or violent convictions, as these applicants were
consistently ranked lower for hire than those with misdemeanor or nonviolent convictions
(Derous et al., 2016; Goffman, 1963; Link & Phelan, 2001; Major & O'Brien, 2005;
Uggen et al., 2014). Notably, offense severity appeared to carry greater weight than legal
classification, as violent offenses were associated with lower rankings than felony status
alone. This suggests that stigma is more strongly driven by perceived level of harm or
threat associated with the offenses, rather than the formal legal label of the conviction
(Derous et al., 2016; Hebl & Kleck, 2006; Jones Young & Powell, 2015). From a stigma
theory perspective, hiring managers appear to rely more heavily on perceived risk,
particularly the potential for future harm, when evaluating applicants, reinforcing the idea
that stigma operates through socially constructed perceptions of danger rather than
objective legal distinctions (Derous et al., 2016; Goffman, 1963).

These findings also extend the theory of planned behavior by demonstrating that
hiring decisions are influenced by underlying beliefs related to risk and safety.
Specifically, attitudes toward applicants with CBs appear to be shaped by perceptions that
violent offenses pose a greater threat compared to nonviolent or less severe offenses
(Ajzen, 1991; Khasni et al., 2022). These attitudes likely influence hiring intentions, as
decision-makers evaluate the potential consequences of bringing an individual into the
organization (Khasni et al., 2022). In addition, subjective norms surrounding workplace

safety and responsibility to other employees and customers may further reinforce these
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perceptions. Finally, perceived behavioral control may be reflected in the degree of
confidence hiring managers feel in managing or mitigating potential risks associated with
hiring individuals with certain types of criminal histories (Ahmed, 2017). Together, these
finding suggest that stigma involving CBs is influenced by applicant age. Younger
applicants appear to experience greater variability in evaluations, indicating that
demographic characteristics can shape how stigma is interpreted in hiring decisions.
Limitations and Directions for Future Research

Several limitations of this study should be acknowledged and considered in future
research. First, survey responses were primarily collected through Prolific. Although
efforts were made to directly recruit qualified candidates, only 59 individuals who met
the study criteria were personally contacted. While Prolific provides access to diverse
respondents, some participants were eligible based on pursuing an advanced degree rather
than having direct hiring experience. Future research would benefit from a longer
recruitment period that allows for the development of professional relationships with
individuals who have substantial hiring experience, thereby strengthening the validity of
these findings. Additionally, no control variables were included as the design focused on
isolating the effects of CB characteristics and applicant demographics on hiring
evaluations, but this could limit other factors that affect hiring decisions (Agerstrom &
Rooth, 2011; Bertrand & Mullainathan, 2004).

This study focuses exclusively on individuals with CBs who are actively seeking
employment and does not account for alternative pathways, such as continued criminal
activity, self-employment, or non-participation in the workforce (Bhuller et al., 2020; De

La Haye et al., 2023; Emmert, 2019; Harper et al., 2021; Incarceration to Employment
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Strategy, 2022; Kerley & Copes, 2004; Maruschak & Snell, 2016; Visher et al., 2010;
Weiss & Reid, 2005). Also, the study examined a single low-level position that included
both front- and back-facing responsibilities, rather than positions that are exclusively
back-facing or those involving supervisory or leadership responsibilities (Ahmed, 2017;
Amir et al., 2014; Anazodo et al., 2026; Bucknor & Barbe, 2016; EEOC, 2021;
Mobasseri, 2019; Wright & Cullen, 2006). As a result, the findings are limited to hiring
evaluations within this specific context and may not generalize to other employment
pathways or job types.

A third limitation involves the limited variation in applicant characteristics
presented in the survey. All applicants were assigned traditionally “White sounding”
names. This decision was made to isolate the effects of variables being examined in the
current study: criminal history, age, and gender, however, it excludes the potential
intersection of race and CB in shaping hiring evaluations. Given the well documented
disparities in both criminal justice histories and employment discrimination, future
studies should incorporate racial cues to better examine compounded forms of stigma
(Albert et al., 2011; Bertrand & Mullainathan, 2004; Derous, 2015; Lahey, 2008).

Additionally, educational background was held constant across all applicants.
While this design choice helped to control for qualifications, it does not reflect the
variability typically encountered in real hiring contexts. Future research could manipulate
education level to assess whether stronger credentials mitigate the negative impact of
criminal history (Bozick et al., 2018; Copenhaver et al., 2007).

Recent research has further emphasized the importance of perceived risk and

contextual interpretation in hiring decisions involving individuals with CBs, suggesting
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that employer evaluations are shaped not only by offense characteristics but also by how
those characteristics are interpreted within organizational and social contexts (Anazodo et
al., 2026). This highlights a limitation of the current study. It did not incorporate broader
contextual or organization variables that may influence how much weight is given to
one’s criminal history.

Lastly, the study only included four conviction types to maintain a manageable
survey length: violent felony assault, nonviolent felony shoplifting, violent misdemeanor
simple assault, and nonviolent misdemeanor shoplifting. This design captured
distinctions in legal classification and offense seriousness, it does not represent the full
spectrum of criminal offenses encountered in practice. Additionally, while this study
examined the independent effects of offense type (misdemeanor vs. felony) and offense
severity (nonviolent vs. violent), it did not directly test pairwise comparisons between
specific profile combinations (nonviolent felony vs. violent misdemeanor). Although the
findings suggest that offense severity may carry greater weight than legal classification,
future research should utilize profile-level or post hoc comparison analyses to more
precisely examine how hiring professionals evaluate combined offense characteristics.
Future studies should consider expanding offense categories or varying contextual details
such as time since conviction, the number of convictions, or evidence of rehabilitation to
better reflect real-world complexity (Agan & Starr, 2017, 2018; Anderson, 2024; Chiricos
et al., 2007). The following section discusses several future research considerations that

extend beyond the boundaries of this study.
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Future Research Considerations

Stigma theory and the theory of planned behavior served as the theoretical
contributions of this study. The findings open several pathways for more research related
to both theories. For example, the intersection of an applicant’s race and CB may provide
further insight into both theories, particularly as unconscious bias may be held by hiring
managers or embedded within organizational hiring policies and procedures. Expanding
research to include the intersection of race, age, education, gender, job history, and CB
could provide a more robust understanding of the nuanced forms of stigma and bias faced
by those with a CB (Amis et al., 2018).

Future research should also seek to replicate the current study using samples
composed exclusively of individuals with direct hiring experience. While the present
study included participants who met eligibility criteria through advanced education,
replication with experienced hiring professionals would strengthen external validity and
provide a more accurate reflection of real-world hiring decisions. Extending this research
to large organizations or Fortune 500 companies would further enhance validity by
capturing how formal policies, risk tolerance, or culture shape the evaluation of
applicants with CBs, while prior field-based audit studies underscore the importance of
examining hiring decisions within real-world contexts to generate more meaningful
insight (Agan & Starr, 2017, 2018; Pager, 2003).

Future research should examine hiring decisions where a less qualified candidate
with no CB competes against a more experience candidate with a CB. Longitudinal
studies may also provide valuable insight into how a CB affects the applicants over time.

Much of the research has focused on young men at the beginning of their careers (Agan
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& Starr, 2017, 2018; Doleac & Hansen, 2016; Doleac & Hansen, 2020). Future work
should also examine how CB stigma influences employment outcomes across the life
course, including later career stages, educational advancement, parenthood, and
retirement (Bernburg & Krohn, 2003; Buck et al., 2022; Ouellette & Wood, 1998;
Sampson & Laub, 1990; Uggen, 2000; Wright & Cullen, 2006).

Additionally, future research should consider focusing on women or other
marginalized communities, such as those with physical disabilities or who identify as
LGBTQIA+, to better understand how CB stigma interacts with multiple forms of social
disadvantages intersect during hiring decisions (Chesney-Lind & Pasko, 2012; In Focus -
Girls Delinquency, 2010; Jones, 1997; Lim et al., 2018; Lynch & Rodell, 2018). Future
studies should also examine how hiring professionals interpret combinations of offense
type and severity within different organizational contexts (Anazodo et al., 2026).
Specifically, research should explore whether perceived threat (violent offenses)
consistently outweighs legal classification (felony status) across industries, job types, and
varying levels of organizational risk tolerance. Future research should adopt an
intersectional approach to examine how these factors interact with applicant’s
demographic characteristics (DiTomaso, 2021).

Finally, future research should move beyond traditional resume-based studies and
examine decision making at later stages of the hiring process, including the conditional
job offer stage and promotion opportunities for individuals with a CB (Anazodo et al.,
2026). Scholars may also examine whether hiring managers who personally have a CB
themselves make hiring decisions compared to those who do not, and how these lived

experiences may shape organizational hiring decisions and policies.
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Conclusion

This study examined how CB characteristics influence hiring preferences when
applicants are ranked during the hiring process. The results indicate that stigma is present
in hiring evaluations of applicants with CBs. Specifically, applicants with felony
convictions were ranked significantly lower than those with misdemeanor convictions,
and applicants with violent convictions were ranked significantly lower than those with
nonviolent offenses. These findings demonstrate that hiring managers differentiate
between offense type (misdemeanor vs. felony) and offense (nonviolent vs. violent) when
evaluating applicants for hire. Importantly, offense severity emerged as a stronger
predictor of hiring ranking preference than offense type, suggesting that perceived threat
may carry greater weight than legal classifications in hiring decisions.

The results also showed that age significantly moderated the relations between
CBs and hiring rankings. The effect of both crime type and severity differed depending
on if the applicant was younger or older. This suggests that employers may interpret
criminal history differently depending on the perceived life stage or maturity of an
applicant. In contrast, gender did not significantly moderate the relationship between CB
and hiring rankings.

An extensive literature review across HR, business and I/O psychology journals
along with criminal justice research informed the development of this study. Prior
research has largely focused on early hiring stages, such as resume screening or initial
interviews. This study contributes to the literature by examining hiring evaluations during
the ranking stage, which occurs later in the hiring process after applicants have already

progressed through earlier stages.
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Overall, the findings contribute to the growing body of research examining
employment discrimination against individuals with CBs. The results highlight how
specific characteristic of a criminal record, particularly offense type and severity,
influence hiring decisions even when applicants are presented as otherwise qualified.
Future research can build upon these findings to explore how applicants with CBs are
evaluated in different hiring contexts and to inform the development of fairer hiring

practices and organizational policies.
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Table 8: Layout of Pre-Employment Background Check Summary & Variable Coding

Profile Type of Crime | Severity Gender | Age Dummy: Dummy: Dummy: | Dummy:
Misdemeanor | Nonviolent | Male Age 52
1 Felony Violent Female | 27 1 1 0 0
2 Felony Violent Female | 52 1 1 0 1
3 Felony Violent Male 27 1 1 1 0
4 Felony Violent Male 52 1 1 1 1
5 Felony Non-violent Female | 27 1 0 0 0
6 Felony Non-violent Female | 52 1 0 0 1
7 Felony Non-violent Male 27 1 0 1 0
8 Felony Non-violent Male 52 1 0 1 1
9 Misdemeanor | Violent Female | 27 0 1 0 0
10 Misdemeanor | Violent Female | 52 0 1 0 1
11 Misdemeanor | Violent Male 27 0 1 1 0
12 Misdemeanor | Violent Male 52 0 1 1 1
13 Misdemeanor | Non-violent Female | 27 0 0 0 0
14 Misdemeanor | Non-violent Female | 52 0 0 0 1
15 Misdemeanor | Non-violent Male 27 0 0 1 0
16 Misdemeanor | Non-violent Male 52 0 0 1 1
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APPENDIX A: EMAIL TEMPLATE FOR RECRUITMENT

Subject: Participate in Doctoral Research on Hiring Decision

Dear ,

I am conducting a research study as part of my doctoral research at UNC Charlotte. With my
faculty advisor, Dr. Laura Stanley, we are studying how hiring professionals evaluate job
applicants with criminal backgrounds. Your responses to our survey will contribute to the
completion of my doctoral dissertation.

You may be eligible to participate if you:

- Have 3 or more years of professional hiring experience, or
- Are currently pursuing or have completed an MBA or graduate degree in a business-
related field
Participation involves reviewing pre-employment criminal background checks and ranking
applicants for a position. The survey is anonymous and hosted on Qualtrics.

Your insights will support evidence-based, inclusive hiring practices. Would you be willing to
spend 20 to 25 minutes participating in our research?

If you’re interested, reply to this email or click on this link:

Thank you for your time!

Tiffany Ehrenfried

Doctoral Candidate, Business Administration
University of North Carolina at Charlotte
tehrenfr(@charlotte.edu
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APPENDIX B: INFORMED CONSENT TO PARTICIPATE IN RESEARCH
RANKING THE CRIMINAL BACKGROUND CHECKS SURVEY

Principal Investigator: Tiffany Ehrenfried, tehrenfr@charlotte.edu
Advisor: Dr. Laura Stanley, Istantl11@charlotte.edu

University of North Carolina at Charlotte

tehrenfr(@charlotte.edu

You are invited to participate in a research study examining how employers perceive and
evaluate pre-employment criminal background checks during hiring decisions. Please read the
information below carefully. Participation is entirely voluntary, and you may stop at any time
without penalty.

The purpose of this study is to better understand how individuals with hiring experience evaluate
job applicants with different types and severity of criminal backgrounds.

If you agree to participate, you will complete a survey either online or on paper. You will be
shown sample pre-employment criminal background checks (PECBCs) and asked to rank them
in order of suitability for hire for one position.

You will be provided with:

- A job description for the Marketing & Engagement Associate position

- Basic information on applicants (all hold an Associate degree and have entry-level business
office experience)

- Criminal background summaries for 16 job applicants

The background checks will include details of an applicant’s criminal history. You will be asked
to provide general demographic information pertaining to yourself (e.g., age, gender,
race/ethnicity, education, work experience, industry, hiring experience) as well as reporting
whether you have a criminal record. The survey will take approximately 20—25 minutes to
complete.

You must meet one of the following criteria to participate:

- Have at least three years of professional experience making hiring decisions

- Currently pursuing or have completed an MBA or higher-level graduate degree in a business-
related field

There are no anticipated physical risks. However, you may feel mild discomfort when reviewing
materials related to criminal history or when asked demographic questions, particularly regarding
your personal background with a criminal background. You may skip any question you do not
wish to answer.

119


mailto:tehrenfr@charlotte.edu

There are no direct personal benefits to you. However, your participation may contribute to
research that improves understanding of hiring practices and perceptions of applicants with
criminal records.

Your survey responses will be anonymous No identifying information (such as your name, email,
or phone number) will be collected. Online participants will be assigned a Prolific ID number
only; paper surveys will be collected without identifiers. Paper responses will be stored securely
in a locked cabinet accessible only to the research team. Data will be reported in aggregate form
only, so no individual can be identified.

Your participation is voluntary. You may refuse to participate, skip any question, or withdraw
from the study at any time without penalty or loss of benefits.

If you have questions about this study, contact:
Tiffany Ehrenfried (Principal Investigator): tehrenfr@charlotte.edu
Dr. Laura Stanley (Faculty Advisor): Istantl11@charlotte.edu

If you have questions about your rights as a research participant or to discuss problems,
complaints, or concerns about the research, please contact the UNC Charlotte Office of Research
Protections and Integrity at 704-687-1871 or uncc-irb@charlotte.edu.

120


mailto:tehrenfr@charlotte.edu

APPENDIX C: ONLINE SURVEY - RANKING THE CRIMINAL BACKGROUND
CHECKS SURVEY

Directions

1. Assume the role of the hiring manager for the position of Marketing & Engagement
Associate.

2. You will receive two documents for this task:

e A job description outlining the responsibilities and qualifications for the
position.

e A set of pre-employment criminal background check summaries for 16
applicants.

3. All candidates hold an Associate’s degree in Business Admin and have only worked in
entry-level office roles. They have completed the interview process and are conditionally
hired, pending a criminal background check. No additional qualifications or experience
need to be considered. Use your best judgement to screen these applicants.

4. Your task is to rank the 16 applicants from 1 to 16, where:

e | =the person you would be most likely to hire for the position
e 16 = the person you would be least likely to hire
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Job Description

Job Title: Marketing & Engagement Associate
Job Type: Full-Time
Reports To: Marketing Manager

Job Summary:

The Marketing & Engagement Associate is responsible for supporting customer-facing outreach
efforts and internal marketing operations. The role is ideal for someone with strong
communication skills, attention to detail, and a willingness to learn.

Key Responsibilities:

» Serve as a point of contact at events, in-person engagements, or online customer
interactions.

e Gather and document feedback from clients or community partners.
e Represent the organization in a professional manner to the public.

o Assist with the development of marketing content including flyers, emails, and social
posts.

e Help maintain marketing calendars, contact lists, and campaign schedules.

o Coordinate tasks with departments such as operations, HR, or IT to ensure alignment.
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Pre-Employment Criminal Background Check Summary’s

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Heather Heath (DOB: 01/02/1998, Age: 27) was convicted of Assault Inflicting Serious Bodily
Injury, classified as a Violent Felony offense, once in January 2020.

She was sentenced to 12 months in jail, serving from June 25,2020 to June 25, 2022.

This is her first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Laurie Lyles (DOB 05/30/1973, Age 52) was convicted for Simple Assault, classified as a
Violent Misdemeanor offense, once in January 2020.

She was sentenced to 12 months of probation, served from June 25, 2020 to June 25, 2021.
This is her first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Meredith Moore (DOB 10/24/1998, Age:27) was convicted for Shoplifting, More Than $1,000
in merchandise, classified as a Nonviolent Felony offense, once in January 2020.

She was sentenced to 12 months in jail, serving from June 25, 2020 to June 25, 2021.

This is her first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Emily Evans (DOB 08/01/1973, Age: 52) was convicted for Shoplifting, Less Than $1,000 in
merchandise, classified as a Nonviolent Misdemeanor offense, once in January 2020.

She was sentenced to 12 months of probation, served from June 25, 2020 to June 25, 2021.
This is her first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Anne Austin (DOB 03/24/1973, Age: 52) was convicted for Assault Inflicting Serious Bodily
Injury, classified as a Violent Felony offense, once in January 2020.

She was sentenced to 12 months in jail, serving from June 25, 2020 to June 25, 2021.

This is her first and only known offense within the last five years.
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Rank Number:

CRIMINAL BACKGROUND SUMMARY

Catherine Clark (DOB 04/30/1998, Age: 27) was convicted for Simple Assault, classified as a
Violent Misdemeanor offense, once in January 2020.

She was sentenced to 12 months of probation, served from June 25, 2020 to June 25, 2021.
This is her first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Nancy Nelson (DOB 02/24/2022, Age: 52) was convicted for Shoplifting, More Than $1,000 in
merchandise, classified as a Nonviolent Felony offense, once in January 2020.

She was sentenced to 12 months in jail, serving from June 25, 2020 to June 25, 2021.

This is her first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Isabelle Isaacson (DOB 12/30/1998, Age: 27) was convicted for Shoplifting, Less Than $1,000
in merchandise, classified as a Nonviolent Misdemeanor offense, once in January 2020.

She was sentenced to 12 months of probation, served from June 25, 2020 to June 25, 2021.

This is her first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Greg Greene DOB 11/24/1998, Age: 27) was convicted for Assault Inflicting Serious Bodily
Injury, classified as a Violent Felony offense, once in January 2020.

He was sentenced to 12 months in jail, serving from June 25, 2020 to June 25, 2021.

This is his first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Brett Brentwood (01/09/1973, Age: 52) was convicted for Simple Assault, classified as a
Violent Misdemeanor offense, once in January 2020.

He was sentenced to 12 months of probation, served from June 25, 2020 to June 25, 2021.
This is his first and only known offense within the last five years.
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Rank Number:

CRIMINAL BACKGROUND SUMMARY

Andy Alexander (DOB 09/04/1998, Age: 27) was convicted for Shoplifting, More Than $1,000
in merchandise, classified as a Nonviolent Felony offense, once in January 2020.

He was sentenced to 12 months in jail, serving from June 25, 2020 to June 25, 2021.

This is his first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Jake Johnson (DOB 08/07/1973, Age: 52) was convicted for Shoplifting, Less Than $1,000 in
merchandise, classified as a Nonviolent Misdemeanor offense, once in January 2020.

He was sentenced to 12 months of probation, served from June 25, 2020 to June 25, 2021.

This is his first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Michael Morris (DOB 03/02/1973, Age: 52) was convicted for Assault Inflicting Serious
Bodily Injury, classified as a Violent Felony offense, once in January 2020.

He was sentenced to 12 months in jail, serving from June 25, 2020 to June 25, 2021.

This is his first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Luke Lambert (DOB 10/08/1998, Age: 27) was convicted for Simple Assault, classified as a
Violent Misdemeanor offense, once in January 2020.

He was sentenced to 12 months of probation, served from June 25, 2020 to June 25, 2021.
This is his first and only known offense within the last five years.

Rank Number:

CRIMINAL BACKGROUND SUMMARY

Peter Phillips (DOB 03/24/1973, Age: 52) was convicted for Shoplifting, More Than $1,000 in
merchandise, classified as a Nonviolent Felony offense, once in January 2020.

He was sentenced to 12 months in jail, serving from June 25, 2020 to June 25, 2021.

This is his first and only known offense within the last five years.

125



Rank Number:

CRIMINAL BACKGROUND SUMMARY

Timothy Towers (DOB 07/20/1998, Age: 27) was convicted for Shoplifting, Less Than $1,000
in merchandise, classified as a Nonviolent Misdemeanor offense, once in January 2020.

He was sentenced to 12 months of probation, served from June 25, 2020 to June 25, 2021.

This is his first and only known offense within the last five years.
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APPENDIX D: DEMOGRAPHIC QUESTIONS

1. Age: What is your age in years? Age: years (fill in the blank)

2. Gender: What is your gender? Male Female Non-binary/Third Gender
Prefer not to say

3. Race/Ethnicity: What is your ethnicity? White Black or African American
Hispanic or Latino Asian Native American Other

4. Highest Education Level: What is the highest education you finished? High school
diploma/GED Some college Associate Degree Bachelor’s Degree Master’s
Degree Doctorate or higher

5.Employment Status: What is your current occupational status? Employed full-time
Employed part-time Self-employed Unemployed Retired Student

6. Industry: Which industry do you work in? ~ Accommodation & Food Service ~ Admin &
Support, Waste Management, Remediation Services _ Arts, Entertainment, Recreation
___Construction, Manufacturing _ Professional, Scientific, Technical _ Real Estate, Rental,
Leasing _ Retail Trade, Transportation, Warehousing

7. Job Level/Position: What is your job level or position in the organization? Entry level or
non-manager Supervisor or Manager Senior Manager Executive
8. Organization Size: How many employees work at your organization?  employees — best

estimate (fill in the blank)

9. Prior Hiring Experience: Have you ever been involved in hiring decisions at work? Yes
No
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